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Chapter 1
INTRODUCTION

This thesis focuses on 4 topics:

1. Construction of a d-dimensional random walk X = (X!, ..., X“) conditioned to have its components
ordered forever, that is, conditioned on A = {X Jl <... < Xf for all j > 0}. Our hypotheses are
minimal, in particular, the components can be dependent, have drift, and no moment condition is
imposed. This is done conditioning X to stay ordered up to an geometric time, and seeing this
as a Doob h-transform. Then let the parameter of the geometric tend to infinity. The proof also
uses a generalization of the ladder height times of a random walk, allowing us to recover several
expressions of the (sub)-harmonic function /4 in the unidimensional case, that is, a random walk
conditioned to stay positive [Tan89, Ber93, CDO05].

2. Convergence of the rescaled profile process (giving the number of individuals in each generation) of
uniform trees with a given degree sequence (TGDS). By mixing, this model is a Bienamé-Galton-
Watson (GW) tree conditioned on its size. Hence, we generalize the results of Drmota and Gitten-
berger [DGY97] and Kersting [Ker11], about the convergence of the profile of GW trees conditioned
on its number of individuals (cGW). Our result relies on an encoding of the TGDS through the Ver-
vaat transformation (introduced in [Ver79]) of a discrete time exchangeable increments (EI) process.
Then, a time-change equation in the discrete case, relating the profile with such encoding, is proved
to hold in the limit. To prove that the profile converges, we need to prove that such continuous
time-change equation converges either to the zero function or the unique positive solution. This is
done introducing a novel path transformation, implying that in the limit, the tree is not thin near
the root. We also give a direct and simple proof of the convergence of the profile for a cGW tree
with offspring distribution in the domain of attraction of a stable law. This is based on a stochastic
bound of the cGW tree with Kesten’s tree, that is, a tree conditioned on non-extinction. We prove
that Kesten’s tree is not thin at the base, hence neither the cGW tree.

3. Construction and simulation of uniform multitype random forests with a given degree sequence
(MFGDS), and of multitype Galton-Watson forests conditioned by its number of individuals by type
(cMGW). Under an independence assumption, mixing this model results in a cMGW. To obtain
MFGDS, we define a multitype degree sequence, construct a multidimensional discrete time EI
process, and generalize the Vervaat transform (the latter using the results in [CL16]). The joint law
of the number of individuals by types in a cMGW is also obtained, generalizing the Otter-Dwass
formula [Ott49, Dwa69], which gives the law of the size of a GW tree. We obtain enumerations
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of forests with prescribed roots and individuals by types, having a combinatorial structure, namely,
plane, labeled and binary multitype forests. We also give an algorithm to simulate cMGW using
MEFGDS, generalizing Devroye’s algorithm [Dev12] for the unitype case.

4. For X a continuous time EI process of infinite variation and ¢ € [0,1) fixed, we prove that the
superior and inferior limits of (X;,, — X;)/h are +o0 and —oo, respectively, as i | 0. This extends
Rogozin’s result for Lévy processes [Rog68]. Our main tool is a change of measure of X, which
reduces to the Esscher transform in the Lévy process setting. The applications of this result are the
following:

(a) Both half-lines (0,c) and (—eo,0) are visited immediately (upward and downward regularity).

(b) X is continuous at its infimum iff its upward and downward regular, generalizing Millar’s
zero-one law [Mil77] for Lévy processes.

(c) Weak convergence of X conditioned to have its infimum above —& to the Vervaat transform of
X, as € goes to zero. This generalizes results of [DIM77, UB14, CUB15].

(d) Construction of the convex minorant of X, generalizing [PUB12] for Lévy processes. As
a consequence of this result, we also obtain for EI processes the formula E(info<,< X;) =
01 M dl (in the discrete case, this is Kac’s formula [Kac54]).
Each topic is presented as a chapter. Chapter 2 has been accepted for publication in the Volume of
the XIII Symposium on Probability and Stochastic Processes. We present first a brief discussion of each
chapter, along with our main results.

1.1 MULTIDIMENSIONAL RANDOM WALKS CONDITIONED
TO STAY ORDERED VIA GENERALIZED LADDER HEIGHT
FUNCTIONS

1.1.1 Preliminaries and motivation

In Chapter 2 we obtain a new construction of a d-dimensional random walk X = (X',...,X%), started at
x = (x1,...,Xq) with x; < - < x4, conditioned on the event

A:{X}<~-<X]‘-lf0rallj20}.

Such processes have an important relation with random matrix theory, Dyson’s Brownian motion being
the classical example [Dys62] (a process with the same law as d independent Brownian motions con-
ditioned to stay ordered forever). Another well-studied model is the case d = 2, which is equivalent to
condition a process to stay non-negative, see [Tan89, Ber93, CD05]. Non-intersecting paths are also used
to model some physical phenomena [Fis84]. It also has connections with Young diagrams and domino
tiling [Ko6n05].

It is well-known that whenever the components of X are independent and E(X;) = 0, then P(A) = 0.
Hence, one has to give a meaning to a random walk conditioned to have ordered components forever. We
achieve this by conditioning X to stay ordered up to a geometric time G, with parameter 1 — e~ ¢ and let
¢ J 0 (see Proposition 2.2 and Theorem 2.1). Under certain hypotheses, similar models of ordered random
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walks have been constructed: in [EK08] when X has i.i.d. components, satisfies a moment condition and a
local limit theorem; in [DW 15] for random walks in cones, assuming zero drift, zero covariance between
the components of X, and a moment condition on Xi; in [Durl4b] when the drift is not zero, under a
Cramér condition; in [Ign18] for substochastic transient random walks taking values on a countable semi-
group with transition probabilities satisfying a certain inequality. It is important to remark that our model
has minimal assumptions, namely, on some cases, we assume the existence of positive €1,...,&;_1 such
that

IP(X%—X}zsl,...,xf—xf—lzsd_1> >0, (1.1)

needed only to prove the finiteness of the (sub)harmonic function £ (see Subsection 2.3.2). In particular,
neither a moment condition nor a countable space has to be assumed, as in the cited papers. We prove
that our construction gives a Markovian chain (sub-Markovian) whenever the first time two components
are not ordered has infinite (finite) expectation (see Lemma 2.6). The proof of our theorem is based
on a generalization of the ladder height process of a random walk, giving us several generalizations of
formulas for the unidimensional case (see Section 2.4).

1.1.2 Statement of the results

For ease of notation, our results are stated for d = 3 and for a random walk having state space RY.
Let X = (X', X?,X?) be a 3-dimensional random walk on R3 U {{}, starting at Xy = 0, having lifetime
¢ =sup{n: X, # t}. Its increments are denoted by W = (W! W2 W3), and W has law P. We denote
by Y = (Y!,Y?) = (X?> — X', X? — X?) the size of the gap between components. The law of X killed
at time n € N, that is, on the event { = n, will be denoted by P". When killing X at an independent
geometric law N € {0,1,...,} with parameter 1 — e, its law will be P°. The c-algebra considered will
be %, =0(X1,...,Xn).

The notation that we use is component-wise, hence min{Y;,i € #} = (min{¥;!,i € .}, min{¥Y?,i €
J}), for any index set .# C Z,. We define for [n] = {1,2,...,n} and [n]o = {0, 1,...,n}, the processes
Y, =min{¥,,i € [n)o}, Y =min{Y;,i € [n]} and ¥, V (y1,)2) = (Y1 vy, Y2V y,), where yi,y, € R. We
also put (x1,...,x4) < (y1,--.,y4) whenever component-wise the strict inequality is satisfied.

For W = {(x1,...,x7) € R? : x; < --- < x4}, a positive regular function or harmonic function, with
respect to the transition kernel of X to W, is a function 4 : W such that

Ex (h(X1);7> 1) = h(x) xeW,

where
T:=min{n:X, ¢ W}.

A function & is subharmonic (superharmonic) if E, (h(X;);t > 1) < h(x) (Ex (h(X;);T > 1) > h(x)) for
every x € W.

To avoid trivial cases, we assume that ¥ has components taking positive and negative values with posi-
tive probability. Besides that, the construction works with no further hypothesis if either some component
of Y drifts to —oo, or every component of Y drifts to +-eo. When such conditions are not satisfied, we need
Hypothesis (1.1), needed only for the finiteness of the (sub)harmonic function 4. Our main result is the
following.
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Theorem 1.1. Let X be a d-dimensional random walk. Let N be a geometric time with parameter 1 —e™¢,

independent of X. Assume that

Ji—1
' (x) ::1+]E<Z 1Y,11—Yn<y> <o x=(x1,...,x5) EW,

n=1

withy = (xp —Xx1,...,Xg —X4_1) and J; = inf{n > 0 : Yﬁ—l <Yk ke[d—1]}. Then, for every x ¢ W,
every finite F,-stopping time T and A € Fr

1
lim P, (A, T <N|X(i) e W,i € [N)) =PL(A, T < §) := ——F2 (hT(XT)lA T<§> :
c—0t hT(x) ’
where IE% is the expectation under the law of X killed at the first exit time of W. The limit law is a Markov
chain with transition probabilities
1 (2)

pT(w, dz) = IZGWW])(W, dz) weW. (1.2)

Moreover, it is a probability measure if E(T) = oo, or a subprobability measure if E(T) < oo.

Indeed, this theorem comprises several of our results: in Lemma 2.5 we prove the existence of the
limit of the resulting (sub)harmonic function when conditioning to be ordered up to a geometric time, say
h' = lim, 10 hi; in Theorem 2.1 we prove the limit is a Markov chain and has as (sub)harmonic function
h'; in Lemma 2.6 we characterize when A' is harmonic or subharmonic; and the limits of the probability
laws conditioning up to a geometric time, is given in Lemma 2.8.

It has to be noted that when d = 1, the above formula for 4T coincides with Bertoin’s function £, see
[Ber93, p. 22].

We also give simple conditions to ensure /' is finite.

Lemma 1.1. Assume that either
1. some component of Y drifts to —oo,
2. every component of Y drifts to +o0 and P (T = o) > 0,
3. there exists € = (€1,...,€4_1) € RY™! such that

P(Yl > 8) > 0.

Then
Al (x) < oo VxeWw.

The following is an application of Theorem 1.1.

Example 1.1. Ford > 1, consider a multidimensional random walk with partial sums X, = (an, X!, ..., X< bn),
where a < b and a,b € R. Assume that ]P’(Xl1 —a> 81,X12 —Xl1 > 8&,... ,b—de > 8d+1) > 0 for some
g>0ie{l,...,d+1}, andIP’(Xl1 —a<0,X?-X! <o0,... ,b—de < 0) > 0. Then, the construction of
Theorem 1.1 provides us with a d-dimensional random walk conditioned to have ordered components and
staying inside the set {x e R :at <x < bt,Vt € R} }.
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Under some hypothesis concerning the drift of Y, we can reexpress the (sub)harmonic function / as
follows (see Lemma 2.9).

Lemma 1.2. Fix x € W. When some component of Y drifts to —oo, we have

E,(7)
E(z)

Al (x) =

When every component drifts to +oo and P(T = oo) is positive, then

Py(T =o0)

W)= Be=a

Another reexpression of 4 is the following. For k = 1,2 denote by ( l-k ,i € N) the strict descending
ladder times of Y*, so B = 0 and Bf = min{n: Y [;‘k <Y é‘k }. Let {p,...} be the ordered union of the
i—1 i—1

ladder times {ﬁil, ]2, i,j > 1}. Set Bp = 1. Then we have the following (see Proposition 2.4).

Proposition 1.1. Fix x € W. Then

A (x) =1+ ZIP’(—Z <y> .
n:l —Mn
We remark that the above formulas also extend the ones known in the unidimensional case, see [BD94,
p. 2155].

1.2 ON THE PROFILE OF TREES WITH A GIVEN DEGREE
SEQUENCE

1.2.1 Preliminaries and motivation

For a tree, we mean a rooted plane tree, that is, a connected graph with no cycles having a distinguished
vertex, together with a natural identification of each vertex by a finite sequence of non-negative integers
(indicating its location on the tree). The formal definition of rooted plane trees is stated in Section 3.1,
see also Figure 3.1 fon an example of such labeling. A branching tree T with offspring distribution v, is a
random tree, starting with a common ancestor and where each individual, independently of the others in
the same generation, has offspring according to v. This is also called Bienaymé-Galton-Watson (BGW)
tree, or simply GW tree.

Branching theory has its origin in the second half of the XIXth century, arising from a demographic
question about the probability of extinction of surnames in noble families. Galton formulated the question
as follows:

“A large nation, of whom we will only concern ourselves with adult males, N in number, and who each
bear separate surnames colonize a district. Their law of population is such that, in each generation, a
percent of the adult males have no male children who reach adult life; ay have one such male child; a;
have two,; and so on up to as who have five. Find (1) what proportion of their surnames will have
become extinct after r generations, and (2) how many instances there will be of the surname being held
by m persons. ”
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Bienaymé [Bie45] was the one to ensure (without mathematical justification), that the probability of
extinction of 7 is one if the mean of the reproduction law is smaller than one. It was until 1875, that Galton
and Watson [WG75] used a method involving generating functions. Unfortunately, their conclusion was
incorrect; it was until 1930 that Steffensen gave the correct solution [Ste30].

Undoubtedly, branching processes serve as the most simple model for genealogical evolutions and
the dynamic of populations of individuals living and giving birth independently of the others. It has
applications in different areas such as demography, genealogy, genetics, cell kinetics, epidemics, computer
communications networks, statistical physics, data storage algorithms, ecology, image processing, etc.
[Jag75, AJ97, Pak03, HIVO7, Alll1, ABD18].

Branching processes are also an important tool in pure mathematics. At the end of the past century,
there was a special interest in the asymptotic behavior of certain properties of random trees. Properties
such as the individual with maximum offspring, the number of individuals with a fixed degree, or the
profile of the tree. Among such large random trees studied, are random trees conditioned to be large.
The book of Drmota [Drm09] reviews several of such models. But in the 90’s, Aldous [Ald91a] studied
the convergence of the whole random tree to a new random object, the so-called Continuum Random
Tree (CRT). This is a universal limit in the sense that the normalized contour function of every GW
conditioned to have n vertices, with critical offspring distribution having finite variance converges as
n — oo, to the normalized Brownian excursion, see [Ald91b, Ald93]. The formalism was further developed
by [LGLJ98, DLGO02, EPW06], where the theory of R-trees (seeing such trees as abstract metric spaces)
was used to prove the convergence for more general offspring laws, such as laws belonging to the domain
of attraction of a stable law. This theory resulted in the introduction of Lévy trees.

The previous convergence to the CRT, links in a very nice way the branching processes theory with
combinatorics. Depending on the offspring distribution, one can obtain asymptotic features on certain
classes of combinatorial trees with a given number of vertices. For example, the law of a GW tree with
geometric offspring distribution conditioned to have n individuals, is the uniform law on the set of all
rooted plane trees with n vertices. Similarly, with a Poisson offspring distribution the conditioned GW
tree has the uniform law on the set of all rooted Cayley (labeled) trees with n vertices. As a last example,
a Bernoulli-type distribution gives rise to the uniform law over binary trees with n vertices. See [Pit98]
for references. Since we know the convergence of the random conditioned trees to the CRT, we can obtain
several features of fypical trees on such classes: height of the tree, number of vertices in the tree between
given generations, number of vertices in a generation that have descendants at a given generation, etc.
As a remark, not all the asymptotic properties of the tree can be obtained in this way. In particular, the
convergence of the whole tree does not imply the convergence of its profile (number of individuals at
each generation). Indeed, Broutin and Marckert [BM14b] proved the convergence of a certain class of
conditioned random trees, the so-called uniform trees with a given degree sequence, and we proved that
there is also convergence of the profile. Actually, we proved this result in a much more general setting
than in [BM 14b].

Uniform trees with a given degree sequence are constructed as follows: let S = (N;,i > 0) be a se-
quence of non-negative integers such that s := ) ; N; = 1 + ) ;iN;, and take a uniform tree from the set of
trees with degree sequence S. Let Pg be the distribution that samples uniformly at random a tree from
the set of trees with degree sequence S. Such trees are a particular case of uniform random graphs with
a given degree sequence, which are important models for real-world networks (see [BA99, CDS11]). In-
deed, it has been shown that many of the latter have special features such as a degree sequence having
power law tails. This feature is not present in the most well-known model of random graphs, namely, the
Erd6s-Rényi random graph [ER60].
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To understand the construction of random trees and scaling limits of its characteristics, it is easier to
code them with random paths and analyze the convergence of the latter.

1.2.2 Forests and excursions

A rooted plane forest F is a finite sequence of rooted plane trees, say (71, ...,T;). For any individual u in
atree T, denote by c(u) its number of children. We code and order the individuals of a plane forest 7' in
two different ways.

Depth-first order: Order the vertices the tree 77 according to the lexicographical order (e.g., & <
1 <21 < 22), and assign label i to the ith vertex in 77. Similarly, assign label |Ti|+ - - - |Tj_{| +i to the ith
vertex in Tj, with 2 < j < k.

Breadth-first order: To define this, assign label 1 to the root of 7. Suppose the first generation
(offspring of the root) of u; has size z;. Order the first generation in lexicographical order, and assign
label i to the ith vertex, for i € {2,...,1+2z;}. Do the same for each consecutive generation, and after
that, for each consecutive tree.

For any n € N let [n]g := {0,1,...,n}. We say that the path y : [n]op — Z is a downward skip-free
chain, if yj11 — yx € Z+ U{—1}. There exists two known bijections between plane forests and downward
skip-free chains.

Lemma 1.3 (Lemma 6.3 [Pit06] or Proposition 1.1 of [LGO05]). Given a plane forest F with n vertices
and k trees, let uy,...,uy, be the vertices of F labeled in the breadth-first (or depth-first) order. Then the
coding

T — (c(uy),...,c(up))
sets up a bijection between the set of plane forests with k trees and n individuals, and sequences of non-
negative integers (x1,...,x,) such that the downward skip-free chain, starting at zero and with steps x; — 1,
first reaches —k at time n.

The depth-first walk (DFW) of a tree will be the walk started at one, and with ith increment c(u;) — 1.
The breadth-first walk (BFW) of a tree will be the walk started at one, and with ith increment c(u;) — 1.
These codings are also called excursions. See Figures 3.1 and 3.2 for examples. For a minor technical
reason, when k > 2, we start the DFW and BFW of the forest at zero.

1.2.3 Uniform trees with a given degree sequence and discrete time EI processes

In the paper [BM14b], the authors give an algorithm to construct a tree with law Pg from a degree sequence
S, and which is easier to simulate. To introduce it, we need to define a discrete time EI process.

Definition 1.1. Let s € N. A discrete time process (W?(j), j € [s|o) with increments AW (i) = WP (i) —
Wb (i — 1) has exchangeable increments (EI) if for every deterministic permutation & on |s]

<AWb(1),...,AWb(s)> 4 <AWb(61),...,AWb(GS)>.

To transform W? to an excursion we use a cyclic permutation. For s € N, consider any application
y: [slo — Z with y(0) = 0. The s-cyclical permutations of y are the s applications 6, ,(y), for g € [s]o given
by

6,(y) — {y(j+q) —y(q) Jj<s—q

Yi+q—s)+y(s)—y(q) s—qg<j<s.
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This transformation can be described as cutting the original path at time g obtaining two paths and ex-
changing them, making the new path to start at zero. The next path transformation, introduced by Vervaat
in [Ver79], is used to code random trees from discrete time EI processes.

Definition 1.2. The discrete Vervaat transform of y : [s]o — Z, denoted by V (y), is the i*th cyclic shift of
y, where i* = min{i € [s] : y(i) = min e[y ()} is the first time y reaches its minimum.

See Figure 3.3 for an example in the continuous setting.
Now we construct a tree with law Pg. First, obtain the child sequence ¢(S) := ¢ = (cy,...,cs), a vector
with Ny zeros, Nj ones, and so on. Then, obtain the tree as follows:

1. Let w = (n(1),...,m(s)) be a uniform random permutation on [s] := {1,...,s}.
2. Define W2 (j) = YJ(com(j) —1) for j € [s], with W2(0) = 1.
3. Construct W := V (W?).

In [BM14b], the authors indicate that W codes the depth-first walk of a tree with law Pg.

1.2.4 Profile and Lamperti transform

For some degree sequence Sy, consider a tree 7, with law Pg . The number of individuals of 7, will be
denoted by s,. For any j > 0, let C;, (/) be the total number of vertices up to generation j of 7,. The
process Cs, is called the cumulative profile or cumulative population profile. If Z;, (j) denotes the total
number of vertices at generation j, then we call Z;, the population profile or simply the profile of 7,.

Label the tree using the breadth-first order. Then, the number of individuals up to generation j + 1
is the number of individuals up to generation j, plus all the children from the individuals in the jth
generation, that is

Co,(j+1) = Co, () +e(Co, (= 1)+ 1) +---+¢(Cy, (7).

This leads us to

Cou ()
Cs,(j+1)= Z

Note that if W, (j) = YJ_, (c(j) — 1), then

Csn(j)
k=1

First we rescale W, call this X", so that X" converges to some process X. Then we show that a.s., any
subsequential limit of (Cs,,n € N) converges to a process C which, if not the zero function, is positive on
(0,00), and a solution of

Z(t) =X oC(1), (1.4)

for t > 0, where C(t) = [§ Z(s)ds. We call the above process Z the Lamperti transform of X, and Zj, the
discrete Lamperti transform of W, (see [Lam67a]). To describe the limit of the profile in Equation (1.4)
we need to describe the limit X of the rescaled BFW’s.
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1.2.5 Continuous time EI processes

As in the unidimensional case, it turns out that the limit X can be described as the continuous Vervaat
transform of a continuous time process X? with exchangeable increments (EI process, or also known as
interchangeable increment process).

A continuous time cadlag R-valued stochastic process X has exchangeable increments if for every n,
the increments (X;/, — X(i_1)/n,1 € [n]) are exchangeable, in the sense of Definition 1.1. From Kallenberg’s
representation [Kal73], any EI on [0, 1] has the form

Xb(t):oct+ob(t)+iﬁj (1(U;<t)—1)  1€]0,1], (1.5)
1

where b is a Brownian bridge on [0, 1], (U;, j > 1) are independent of b and i.i.d. with uniform law on
[0,1], and with independent three parameters & € R, 6 > 0, and (f;, j > 1) satisfying B; > B, >--- >0
and ) ﬁjz < oo, We say that the process X” has canonical parameters (¢, o, 8). In our case, the EI process
will have deterministic canonical parameters (0,0, ).

The “excursion-type” process X, is obtained from X? as follows. Denote by {¢} the fractional part of
a real number 7. Let D[0, 1] be the space of real-valued cadlag functions w with domain [0, 1] starting at
zero (with an analogous definition for D[0,)). Let D' C DJ0, 1] be the subset of functions w such that
w(0) =w(1) =0, and w hits its infimum in a unique time and continuously. Define for every u € [0, 1] the

transformation 6, : D' — D’ by
6. (w)(t) = w({t +-u}) —w(u).

Definition 1.3. The continuous Vervaat transform of a cadlag function w € D' is defined as V (w) = 6p(w),
where p is the unique time w hits its infimum.

Figure 3.3 shows an example.

1.2.6 Statement of the results

Our main theorem is the following.

Theorem 1.2. Consider a sequence (sn,n > 1) of degree sequences s, = (N!',i > 0), satisfying
1. 5, — oo,

2. There exists a sequence of positive numbers (bs,,n > 1) going to infinity, and M € N U {+oo}, such

that
1 . L (1) &2 M
S Il G WL

Sn

for some By > By > --- > By >0, and By+j = 0 for every j, and such that 211”[312 < oo and
62 € [0,00), and where (&(i),i > 1) is the child sequence in decreasing order:

3. Either 6 >0or) fBj=co.

4. sp/bs, — oo.
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Define the rescaled processes

X" = (bLWsn (Lsar]) . €0, 1]) ’

Sn

= (o ([ rzo) ot 2= (52 ([52e]) +20)
Then, we have the convergence
x" 4 x,
under the Skorohod topology D(R,R ). The limit X is the Vervaat transform of an EI process with
parameters (0,0, ). Furthermore, if

L |
—ds <o  a.s., 1.6
/1/2 X (1.6)
then, we have the joint convergence
x",c",z" % (x,C,2) (1.7)

under the product Skorohod topology D(R, ,R ). The limit C has an inverse I given by

I(r) = /Ot ﬁds, t€10,1],
and is the unique solution to
C(t) = /O "X oC(s)ds, (1.8)
which is strictly increasing on [0,1(1)] if it is not the constant function. Finally Z = X oC.
As a corollary we obtain the convergence of the profile of TGDS with a finite variance condition.
Corollary 1.1. Consider a sequence (sy,n > 1) of degree sequences, such that
1. 5, — oo,

2. For

we have 62 — 62 for some 6% € (0,00).
3. The maximum degree satisfies
A, :=max{j:N"(j) >0} = o(s,ll/z).

1/

Define the rescaled processes X", C" and Z" as in the previous theorem, with bs, = sy,
the joint convergence

2
. Then, we have

(x",c",z") % (ce,C,2) (1.9)
in the space €([0,1],R3.), with C and Z defined as in the previous theorem, but driven by ce.
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We prove our main theorem in several steps. The convergence of the rescaled BFW’s is given in
Proposition 3.6. The correct rescaling of the profile and cumulative profile is given in 3.3.1. The conver-
gence of subsequential limits of the cummulative profile is given in Subsection 3.3.2, and of the profile in
Subsection 3.3.3.

To prove this theorem, the technical difficulty is to show that any subsequential limit of the cumulative
Lamperti transform in (1.3), if converges to the non-zero function, then converges to the unique solution
of (1.4) which is positive on (0,°0). When it converges to the non-zero function, this is equivalent to prove
that such subsequential limits are not zero on (0,A), for some A € (0,0|. This can be interpreted as trees
with law Pg_ not having a thin base. This is proved in Section 3.4. Kersting gave another interpretation
for those trees having few individuals at the base (see Lemma 1.4 below).

In the literature, there are related results on convergence of trees with law [Pg, (when rescaled in an
appropriate way). The paper [BM14b] proves the convergence of such trees to the CRT, when the degree
sequence satisfies some finite variance condition. Even that the whole tree converges, from such results it
cannot be proved the convergence of the profile. This is true since the profile is not a continuous functional
in the Skorohod space. Therefore, we expand the analysis on convergence for such models, as well as
validate that the profile of such trees satisfying the finite variance condition, converges to the Lamperti
transform of the Brownian excursion. Another very related model are the p-trees, whose continuum
versions are related also by EI processes with some restrictions of the parameters. The paper [AMP04]
proves the convergence of their profile. Here, we prove that the profile of random trees converges in a
more general setting than such papers. Recently, the result of [BM14b] was extended to forests in [Leil 7],
under a similar finite variance assumption. It is left as an open problem to prove the convergence of the
profile of uniform random forests with a given degree sequence.

1.2.7 Application to CGW trees

We prove that the law of a GW tree conditioned by its size, is a mixture of laws of TGDS (Lemma 3.10).
Hence, as a particular case of Theorem 1.2, we can prove a conjecture due to Aldous [Ald91b], about the
convergence of the profile for CGW trees with finite variance offspring. Indeed, our result also applies to
the case where the offspring distribution is in the domain of attraction of a stable law (in DA). Let us give
some definitions.

Galton-Watson Trees

We briefly describe the definition of a GW tree, as well as its law on the set of all rooted plane trees. The
formal statements can be found in [Nev86, LGO05], and we follow the definitions of [AP98].

Let T the set of (possibly infinite) plane trees. For any k € N, let Tk be the set of plane trees
with height (latest generation having individuals) at most k. Consider the restriction map ry : T) — T®),
where it is the subtree of ¢ € T(*), formed by all the vertices up to generation k. A tree t € T() is
identified by the sequence (rit,k > 0).

A random family tree T is a random element of T(), specified by the sequence (r;T,k > 0), where
each ;7 1s a random variable taking values on T®, and riT = ri(ri17) for every k.

Let u be a distribution on Z.. A GW tree T with offspring distribution u, satisfies

Pnt=t)= [] ulc) veeTW k>1,

verg_1t
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where the product is taken over all vertices v of ¢ up to generation k — 1, and ¢(v) is the number of children
of v.

Convergence of the profile of CGW trees with offspring distribution in the domain of attraction of
a stable law

Let u be a critical and aperiodic distribution on Z, that is, has mean one and the greatest common
divisor of all n such that u, > 0 is one. We exclude the case p(1) = 1. We are interested in the following
distributions.

Definition 1.4. Consider a sequence of i.i.d. random variables (&,,n € N). If for some positive numbers
b, = n'/®L(n), with L a positive function satisfying lim, ., L(tx) /L(x) = 1 for every positive t and o €
(1,2], we have

for some non-degenerate limit, then we say | belongs to the domain of attraction of a stable law. For
simplicity, we simply say 1L € DA(a.).

A well-known fact, is that the convergence of a rescaled sum of i.i.d. variables implies that the rescal-
ing (by,n € N) should be of the form mentioned above (see [BGT89]).

In the next proposition we work with a CGW (n) tree whose rescaled BFW, cumulative profile and
profile are denoted by X", C" and Z" respectively, and are defined as in Theorem 1.2, but replacing s, with
n and b, with b,,.

Proposition 1.2. Assume [ is a critical, aperiodic law in DA(&), for some . € (1,2). Then, fora CGW(n)
tree with offspring distribution L we have the joint convergence

x",c"z" % (X,C,2)

under the product Skorohod topology D(R+,R+)3, with C and Z defined as in Theorem 1.2, but driven by
the stable excursion X.

We prove this in Proposition 3.10. The proof of this result was given by Drmota and Gittenberger
[DGI97] in the finite variance case, and by Kersting [Ker11] in the stable case. Note that our main result,
Theorem 1.2, is more general since rather than trees constructed from independent individuals, we allow
dependencies between them.

1.2.8 Another proof for the convergence of the profile of CGW in DA

As stated before, the main difficulty to prove Theorem 1.2 is to prove that all subsequential limits of the
cumulative profile are not thin at the base. Kersting deals with this issue in the case of CGW trees.

Lemma 1.4 (Lemma 9 of [Kerl1]). Let C" be the rescaled cumulative Lamperti transform of a GW tree T
under P(- | |t| = n), having offspring distribution Q. If W is critical, aperiodic and in DA(&) for o € (1,2],
then for every A >0

limlimP(C"(1) < g||t| =n) = 0.
el0 n
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We give a different and simple proof of this Lemma in Section 3.6. The idea is based on a comparison
between the first generations of a CGW tree and the Q-process. Since the latter is not zero on the limit,
neither the former.

The Q-process is a Markov chain on N having transition probabilities

P (Zy = jlZo=1)=im™P(Zi= jlZo=1) ij>1,
l

where Z is a GW with offspring distribution g and mean m € (0, ). Define the size-biased distribution

fi(x) := xp (x).
We define the infinite size-biased tree, as the tree with profile the Q-process. Its construction is:

1. The root of the tree is marked, and has offspring distribution fi.
2. At generation n > 1, there is only one marked individual, which also has offspring law [i.

3. At generation n + 1, chose one children uniformly at random from the children of the marked
individual, and mark it. Every other individual has offspring distribution according to u.

The mentioned comparison to prove Lemma 1.4 is

mP(C"(4) < |t[ = n) < ceimP"(C"(A) <), (1.10)

for fixed € > 0, where c¢ is a positive constant bounded from above as € goes to zero (see Theorem 3.4
and page 96).

It will be proved that the Q-process has the same distribution as a GW process with immigration, GWI
for short (see Equation 3.35). This is a model like the GW but at each generation arrives i.i.d. immigrants
following some offspring law, independent of the actual population. More explicitly, the Q process has
the same law as the profile of the GWI

Zym+1)=14+WoCy(m)+W(m+1)  m>0,

where W is a skip-free random walk with increments having law (u(j+1),j > —1), and W is an inde-
pendent random walk having increments with law fi. Finally, using the results about the convergence of
GWI in [CPGUB13], we can prove that the rescaled Q-process converges to a positive function on (0, o)
(see Lemma 3.14). It follows that the right-hand side of Equation (1.10) converges to zero as € J. 0.

1.3 ON MULTITYPE RANDOM FORESTS WITH A GIVEN DE-
GREE SEQUENCE, THE TOTAL POPULATION OF BRANCH-
ING FORESTS AND ENUMERATIONS OF MULTITYPE FORESTS

In Chapter 3 we prove the convergence of the profile of uniform trees with a given degree sequence,
as explained in the previous section. The natural generalization of this model is the profile of uniform
multitype forests with a given degree sequence (MFGDS). Analogously as in the unitype case, MFGDS
are a more general model than conditioned multitype Galton-Watson (MGW) forests, since under an
independence assumption, by mixing the former we obtain a MGW conditioned with the number of
individuals by types. Because a construction of both random forests has not been developed, we first
define them, generalizing several well-known results of random forests to the multidimensional case. In
future work, we will analyze the convergence of the profile of MFGDS.
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1.3.1 Preliminaries and motivation

In Chapter 4 we construct two types of constrained multitype random forests:

1. Uniform multitype forest from the set of forests with a given degree sequence.

2. Multitype Galton-Watson forests conditioned with the number of individuals by types.

Multitype random forests serve to model the genealogical evolution of random populations, when-
ever there are different types of individuals coexisting. Those forests have plenty applications, like in
biology, demography, genetics, medicine, epidemics, and language theory (see [Har63, San71, Jag75,
GP75, CKB™, AJ97, All11]). Multitype random forests also give rise to nice probability theory, for ex-
ample in the field of continuum random forests. When the progeny distribution has a finite variance,
Miermont [MieO8] proved its convergence to Aldou’s CRT (see also [BO18]). This convergence unveils
natural questions, as well as poses open problems regarding the convergence of multitype Lévy forests and
generalizations of the Ray-Knight theorems, proved in the unitype case in [LGLJ98, DLGO02].

Conditioned MGW forests also provides us with a lot of theoretical applications. There are several
ways to condition such a forest leading to a generalization of the so-called Kesten’s infinite tree [Nak78],
as well as the Q-process. Pénisson [P16] proved that critical MGW forests conditioned on a special
proportion of its total progeny converges locally to a MGW forest under some moment condition. Minimal
assumptions of this result were found in [ADG18]. Another conditionings (differently to non-extinction
in the near future) were given in [P16], like the process reaching a positive threshold or a non-absorbing
state. Conditioning on a lineal combination of the population sizes by types was also proved in [Stel8],
to converge locally to the multitype Kesten’s tree, giving also applications on random maps.

Another way to condition a forest, which is also an active field of research, is to fix its degree sequence.
Several authors study conditioning a (unitype) forest to have a fixed degree sequence, as well as random
graphs with a given degree sequence [MR95, MR98, VLO5, CDS11, AB12, HM12, BM14b, Jos14, Leil7,
Marl9]. As explained previously in Subsection 1.2.1, random graphs with a given degree sequence are
important models for real-world networks. They can be used to model specific features such as graphs
having degree sequence with power law tails, a property not present in the Erd6s-Rényi random graph.
To our knowledge, there is no construction of multitype random forests with a given degree sequence,
so we present one, as well as a simulation algorithm (see Section 4.3 and Algorithm 7). Just as in the
unitype case, this is based on discrete time EI processes, and a generalization of the Vervaat transformation
[Ver79]. An important tool to generalize the latter is the result in [CL16], giving us the number of cyclical
permutations of the EI processes leading to paths coding multitype forests.

Using also the result in [CL16], we generalize the Otter-Dwass formula [Ott49, Dwa69], obtaining the
law of the total population by types in a MGW, under certain conditions. This is done in Section 4.5. The
unitype case of Otter and Dwass says that, if #7; is the size of a GW forest with k trees, having offspring
distribution p, then

k
]P)(#Tk = }’l) = —]P(Xn =n-—- k) ,
n

where X is a random walk with step law ut. In Subsection 1.2.1 we pointed out the relation between GW
forests with a given size and certain combinatorial classes (plane, labeled and binary forests with a given
size). We also exploit such connection for the same classes in the multitype case, using our generalization
of the Otter-Dwass formula (see Subsection 4.5.1).
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Finally, we extend Devroye’s algorithm about the simulation of CGW trees in Subsection 4.6.5. In-
deed, Devroye’s algorithm generates a CGW tree from a tree uniformly chosen from the set of trees with
a given degree sequence, this last one obtained from the offspring distribution. So, we use both of our
constructions to simulate a MGW forest conditioned by its total population by types.

1.3.2 Coding of multitype forests and the Multivariate Cyclic Lemma

Before stating our results, we need some definitions. Recall form Section 1.2.2 the coding of forests of
size n with k trees with downward skip-free chains, starting at zero and first reaching —k at time n. We
briefly recall such coding for the multitype case, introduced in [CL16].

Define [n] = {1,...,n} and [n]o = {0,1,...,n} for n € N. For a forest F, let cr : v(F) — [d] be
an application from the set of vertices of F to [d], such that the children of each vertex are ordered by
color, that is, if u;,u;1...,u;-; € v(F) have the same parent, then cr(u;) < cr(uiy1) < -+ < cp(Uiyj).
The couple (F,cr) is a d-multitype forest. A subtree of type i of (F,c), denoted by T(), is a maximal
connected subgraph of (F,cr) whose all vertices are of type i. Subtrees of type i are ranked according
to the order of their roots, and with this ordering, we define the subforest of type i of (F,cr) as F () =
{Tl(’), ey Tk(l), ...} For u € v(F), denote by p;(u) the number of children of type i of u. Let n; > 0 be the
number of vertices in the subforest F(©) of (F,cr). The coding of the forest is the d-dimensional chain
X0 = (x! ... x4) € Z4 with length n; € N, defined for 0 < n < n; — 1 by

Al i = pi) )1, i,j € [d]. (1.11)
We set xéi) = 0. The set (ug);n > 1) is the labeling of the subforest F () in its own breadth-first order.
To generalize the Vervaat transform, we define the type of cyclical permutations that we apply to our

chains. For n € N, consider any application y : [n]o +— Z¢ with y(0) = 0. The n-cyclical permutations of y
are the n applications 6,4 (), for ¢ € [n— 1]y given by

00 ):{y(j+q)—y(60 jsn—q
o Yit+g—n)+y(n)—ylqg) n—g<j<n

We say that the path y : N +— Z is a downward skip-free chain, if y;1 —yx € Z4 U{—1}. The possible
paths that a coding of multitype forest can take values are the following.

Definition 1.5. Fix any n = (ny,...,ny) € Z%, and define Sy as the set of [Z4)4-valued sequences x =
(x, .. x\DY such that for all i € [d], XD = (X x4) is a Z-valued sequence starting at zero of
length n;, and where x' = (x’ k € [n;]o) is non-decreasing when i # j, and a downward skip-free chain
when i = j.

The n-cyclical permutations of x € S, are given by
Ogn () := (84 (), .., 80y, (X)) Y@= (qi,...,qa) such that 0 < q <m— 1,

with 1; = (1,...,1) of length d. Each sequence 6q n(x) will be called a cyclical permutation of x.
For m,n € Zi, write m < n if m < n (the inequality understood component-wise) and if there exists

i such that m; < n;. Sequences x € S; will be denoted by x = (xj{"j .k € [nilo,i,j € [d]), and the vector
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n=(ny,...,ng) € Zi, is called the length of x. Fix any such x of length n, and r = (ry,...,ry) € Zi with
Y. r; > 0. We say that the system (r,x) admits a solution if there exists m < n such that

d
ri+ Y X (m)=0 vV je[d]. (1.12)
i=1

If there is no smaller solution m < n for the system (r,0qn(x)), then we call Oqn(x) a good cyclical
permutation. It is proved in [CL16] that only such good cyclical permutations code multitype forests, and
the next lemma tells us how many there are.

Lemma 1.5 (Multivariate Cyclic Lemma [CL16]). Let x € Sy with x"(n;) # 0 for every i € [d]. Con-
sider the system (r,x) with solution n as above. Then, the number of good cyclical permutations of x is

det((—xm(f’li))i,je[d} )

Since in most of the cases, we fix the number of roots or number of individuals of each type, we need
the following definition.

Definition 1.6 (Root-type and individuals-type). We say a multitype plane forest with d € N types has
root-type r = (r1,...,r4) € N% if it has r; roots of type i for i € [d], with v > 0. Also, it has individuals-
type n = (ny,...,ng) € N if it has n; individuals of type i, for i € [d].

1.3.3 Multitype Galton-Watson Forests

A multitype Galton-Watson forest in d-types, is a branching forest, where each individual has a type
i € [d], and has children independently of the other individuals of its generation or below, according to
alaw v; on Z4. The progeny distribution of the forest is v = (vy,...,V,). The formal definition is the
following.

Definition 1.7. A multitype Galton-Watson process is a Markov chain Z = <(Z,Sl), s ,Z,gd));n > O) on

Zjl_, with transition function

]P)<Zn+1 = (kl,. .. ,kd) |Z = (rl,. ..,I’d)) = Vikrl koeee *V;r‘l(kl,. ..,kd)7
where V is the progeny distribution, and vi*j is the jth iteration of the convolution product of Vv; by itself,
with vi*0 = &.

For r € Zi, the probability measure Py is the law P(-|Zy =r). As in Theorem 1.2 in [CL16], we
consider MGW trees satisfying the following. For i, j € [d], let m; j = ZzeZi Z;Vi(z) be the mean number

of children type j given by an individual type i, and set M = (m; ;); ; as the mean matrix of the MGW
tree. Whenever M is irreducible, by the Perron-Frobenius Theorem (see [ANO4, Chapter V.2]), it has a
unique eigenvalue which is simple, positive and with maximal modulus. We say in such case that the
MGW tree is irreducible. If the unique eigenvalue equals one (is less than one), then we say the tree is
critical (subcritical). The tree is non-degenerate if individuals have exactly one offspring with probability
different from one.
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1.3.4 Statement of the results

A multitype degree sequence S = (S; j,i,j € [d]) is a sequence of sequences of non-negative integers
Si.j = (N j(k);k € [m; j]o), where m; ; € N, satisfying:

1. nj =Y N, j(k) for every i € [d],
2. nj=rj+ Y kN j(k)+---+ X kNg j(k), for every j € [d],
3. det(—ki,j) > 0 with k,’J = ZkNi’j(k) — I’lili:j and k,g/,' < 0 for every i € [d]

The value N; (k) represents the number of individuals of type i with k children of type j, so n; repre-
sents the total number of type i individuals. Clearly, the total number of vertices is s :==n; +---+ng =
YiN1,j(k) 4+ YNy j(k) for j € [d]. The last condition is required to obtain the degree sequence of a
forest (see page 109). An example for d = 2 is given in Table 1.1.

S11={N11(0),...,Nii(my1))  Si2=(N12(0),...,Ni2(mi2)) | n1=XiNi j(k)
So1=(N21(0),...,N21(ma1)) S22 =(N22(0),...,N22(m22)) || no =Y, No j(k)
ni :r1+zkkN171(k)+kN271<k> n2:F2+ZkkN172(k)+kN272(k) ni+ny=s

Table 1.1: Relations on a 2-type degree sequence.

The canonical child sequence ¢ = (¢; j,i, j € [d]) is constructed from the degree sequence as follows:
let ¢; ; be a sequence whose first N; ;(0) entries are zeros, the next N; j(1) entries are ones, and so on. Let

o; j be any permutation on [n;], and construct w? = {w? 36, j € [d]}, where

k
Z cz;OGz] li:j), kE[l’li].
=1

Remark 1.1. Note that k; j = wf’ ]( n;) does not depend on the permutation, so it is deterministic. Also,
note that the system of equations (r,w’) admits n as a solution, since by definition

rj—i—Zw,] —rj—nJ+ZZkN7J =0 Vjeld.

From the Multivariate Cyclic Lemma 1.5, we know that det(k; ;) is the number of good cyclical per-
mutations of w”. From such set we define a Vervaat -type transformation of w”. Such transformation is
given by choosing uniformly at random a good-cyclical permutation from all the good-cyclical permuta-
tions. After that, the algorithm is similar to the unidimensional case.

Definition 1.8 (Multidimensional Vervaat Transform). For any w? as constructed above and any u €
[det(k; ;)], define V(wP,u) as follows: enumerate the det(k; ;) good cyclical permutations of wP, using the
lexicographic order on the set of q such that 8q7n(wb ) codes a forest; then, let V(wb ,u) be the u-th good
cyclical permutation.
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Define Fg, as the set of multitype plane forests with degree sequence S, having root-type r and
individuals-type n. Our construction of MFGDS is the following (the proof is given on page 109).

Theorem 1.3 (Uniform multitype forest with a given degree sequence). Fix the degree sequence S of a
multitype forest having root-type r and individuals-type n. Let W be the BFW coding a forest (see (1.11))
taken uniformly at random from Fs r. Let # = (7, j,i, j € [d]) be independent random permutations, where
m; ; takes values on [n;), and let U be an independent uniform variable on [det(k; ;)]. Define the processes
b _ b

W (WJ?lL]e[d]) as

k

Z CZJOTL',] li:j)a kE[ni],
where ¢ = (c; j,i, j € [d]) is the child sequence of S. Then

VWP U) L w.

From the proof, we obtain the number of multitype forests with a given degree sequence S:

_detnn b HH( )

| S,r

MGW forests conditioned by types

Before turning to the joint law of the number of individuals of type i € [d], of a MGW forest, we prove
that the latter model is a mixture of MFGDS in Section 4.4. This justifies the importance of the latter
model.

Let S*/ be a random walk with increments having law the jth marginal of v;. Our hypotheses are the
following:

H1 For every i € [d], the law V; has independent components with

v (ki HIP’ (Sh/ =k; ki,... kg € Np.

H2 For every i, j € [d], with i # j

(Sl’j ZSIJ—VZJ—V‘/>= (ZSl’lj:nj—rj>.
leld] leld]

Using those hypotheses, we obtain the following result (see page 112), which is a generalization of the
Otter-Dwass formula.

Theorem 1.4. Consider an irreducible, non-degenerate and (sub)critical MGW forest, and let n; > 0 for
every i. Suppose that H1 and H2 and are also satisfied. If O; is the number of type i individuals, then

i1 \uel)

wherer=ri+---+rgandn=ny+---+ny, and r; < n;.
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Remark 1.2. The assumption n; > 0 for every i makes the proof easier, but we think this hypothesis can
be dropped as in [CLI16].

Remark 1.3. After the proof of the theorem, we obtain the case when n; = r; for some i’s. Since Theorem
1.4 has a different formula on such case, the law of } ic(q) Oi (computed on Corolary 4.1) does not have a
nice expression.

For the next results denote by IFff,f"e, Flabeled and Fffﬁary , the set of d-type plane, labeled and binary
forests having root-type r and individuals-type n, with r; < n; for every i and r > 0. Our labeled multitype
forests have labels on [n], that is, for F € Flabeled each individual v has a unique label i € [n] and a type
cr(v) € [d]; also, F has fixed root set [r], that is, the r type 1 roots have labels on {1,...,r}, the r, type
2 roots have labels on {r; +1,...,r; +r2}, and so on. Using Theorem 1.4, we give in Subsection 4.5.1
three examples of distributions were the law of a MGW forest conditioned by the number of individuals
of each type can be computed. This generalizes the constructions given in [Pit98].

Proposition 1.3. For fixed p € (0,1), let %, be a d-type GW forest with root-type r, having geometric
offspring distribution with parameter p independently for each type, that is, v;(ki,...,kg) =I;p(1 — p)~
for ki > 0. Let #% ,, be the number of type i individuals in % ,. Then

1

plane
YT, n+n;i—ri—1 VF ¢ Fr’n ’
n HlG[d] ( n;i—r; )

thus, such conditioned forest is uniform on Fff,ﬁme

Proposition 1.4. For u € R", let P, be a d-type GW forest with root-type t, having Poisson offspring
distribution of parameter | independently for each type, that is, vi(ky,. .. kg) = [T;e *uki /k;! for k; > 0.
Let #; Py, be the number of type i individuals in Py . If Py is Py relabeled by d uniform random
permutations, one for each type, then

P(y:,p = F|#i<@r’p =n;,i € [d]) = VF € Fi?IIiEIed,

ron—
nl’l}"

n
thus, such conditioned forest is uniform on Fi‘fﬁezed .
Proposition 1.5. For 0 < p <1, let %y , be a d-type GW forest with root-type r, having Bernoulli offspring
distribution with parameter p, for each vertex independently of the type, that is, vi(ky,...,kq) =11 pk"(l —
p)' "k with k; € {0,1}. Assume n; — r; is an even number for every i € [d]. Since any vertex v has zero or
two children with probability p or 1 — p respectively, then vi(c1(v),...,cq(v)) = [1piM/2(1 = p)'—a)/2,
Let #; %y , be the number of type i individuals in By ,. Then

! i
P(Brp = FiBep =nisi € [d)) = g ¥F € PP,

%H ((n,:1r,)/2)

. o bi
thus, such conditioned forest is uniform on Frfﬁary.

As a simple consequence of our results, we obtain the following enumerations.
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Lemma 1.6. The number of d-type plane, labeled, and binary forest, with root-type r and individuals-type
n is given respectively by

N, e o, f )
=) ni—ri n n (ni—ri)/2

Finally, we give an algorithm to simulate MGW processes conditioned by its types. This is done using
the following proposition and the well-known Accept-Reject method (see Algorithm 8).

Proposition 1.6. Let W be the breadth-first walk of a MCGW(ny, ... ,ng) forest satisfying the Hypotheses
of Theorem 1.4, having offspring distribution v, and root-type r, with 0 < r; < n; for every i. Generate
independent multinomial vectors S; j = (N; j(0),Nj j(1),...) with parameters (n;,v; ;(0),v; ;(1),...), and
stop the first time that rj+Y,;Y 1 kN; j(k) = n; for every j. Denote by S the multitype degree sequence
obtained, and let V(Wb ,U) be the breadth-first walk generated by Theorem 1.3 using the degree sequence

S. Then,
1

st e
rTIni

for every multitype forest F with root-type r and individuals-type n, coded by w and with k; j =Y kn; j(k) —
nili:]’.

P(V(W,U) =w) = F=F[#;7 =n;,V j),

1.4 DINI DERIVATIVES FOR EXCHANGEABLE INCREMENT
PROCESSES AND APPLICATIONS

1.4.1 Preliminaries and motivation

In Theorem 1.2 we stated our result about the convergence of the profile of TGDS. One of our hypotheses
for the convergence, is that 6 > 0 or ) B; = co. As will be seen in Proposition 3.6, this hypothesis implies
that the rescaled BFW’s converge to the Vervaat transform of a continuous time EI process. Indeed, the
facts needed are that the EI process has a unique infimum and that it is continuous there. In our particular
case, that is, when the EI process has deterministic canonical parameters, the jumps are positive and o > 0
or Y. ; = oo, the proof of Lemma 6 of [Ber(1] tells us that the process has a unique infimum where it is
continuous.

Now, we review the known results of the previous facts, for Lévy processes. Recall that a Lévy process
X is a cadlag stochastic process, starting at zero and having stationary and independent increments. By
the celebrated Lévy-Khintchine formula, its characteristic function is of the form

E<eiex,> = VO  1>0,0eR,,

where {
v(0) = _ia9+50292+/ﬂ% (1 —eiex+i9x1|x|§1> II(dx),

for ¢ € R, 0 > 0 and II is a measure satisfying

({0}) =0 and /R (1 A)TI(dx) < oo.
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We say that a process starting at zero is upward regular (downward regular), if it hits (0,c0) immedi-
ately (respectively (—eo,0)). It is regular if it is both upward and downward regular. For Lévy processes
the whole picture is clear:

1. If it is of infinite variation, then it is regular (Rogozin [Rog68]).

2. If it hits is infimum in a unique place, then it is continuous there iff it is regular (this is Millar’s
zero-one law [Mil77]).

This was the motivation for Chapter 5: obtain a proof for the convergence of the profile independent of
Bertoin’s result [Ber(O1], and prove the above two points for the most general EI processes. It turns out,
that we were able to prove both for general EI processes: any infinite variation EI process is regular; and
any EI process hitting its infimum only once, is continuous at its infimum iff it is regular. As a matter of
fact, we were able to prove more.

1.4.2 Statement of the results
Our main result of Chapter 5 is the following.

Theorem 1.5. Let X be an EI process of infinite variation. Then, for any fixed t almost surely,

Xin—X Xin—X
limsup 222 — o and  liminf 22 = oo (1.13)
h—s O+ h h—0+ h

both from the left and from the right.

This theorem says that any typical path of such EI processes cannot be enclosed by two lines starting
at the origin. Note that X is of infinite variation iff 6 > 0 or }_ | B;| = ee.

The idea of the proof is to use a change of measure, depending on a parameter 8 € R. In the particular
case of Lévy processes, this change of measure is the Esscher transform, see Section 5.2. For general EI
processes, this change of measure adds a drift (which depends on 0) and takes away some of the original
jumps, thus X takes the form a:® Id +Y® under the new measure (this is proved in Proposition 5.3). Then,
we prove that & is not bounded on 6, under the infinite variation assumption, hence neither the Dini
derivative (in page 137 we give a very simple idea of the proof).

Theorem 1.5 was proved by Rogozin [Rog68] in the case of Lévy processes, approximating the latter
with compound Poisson processes and using an integro-differential equation (which is proved in [Wat71]).
Other proofs for Lévy processes based in fluctuation theory are given in [Sat99, Ch. 9§47] and [Vig02,
Theorem 5.3.2]. In the particular case that X is an EI process with non-negative jumps, the limsup was
proved infinite by [Ber02], using martingale arguments and a result from [Fri72]. Kallenberg uses cou-
plings with Lévy processes to obtain rates of growth for EI processes as in Theorem 1.5, but of the form
limsup,,_,oXp/ f(h) where f satisfies certain conditions. Proposition 3.5 of [CUB15] proves Theorem 1.5
when ¢ > 0 or under an additional hypothesis on f3; such proof uses the law of the iterated logarithm for
Brownian motion or Lévy couplings, respectively. We remark that from those results our theorem is not
obtainable.

Regularity of half-lines for a Lévy process has many applications: it helps in obtaining perfectness
of the zero set and in constructing a continuous (Markovian) local time (Theorem 6.6 of [Kyp14]); it im-
plies uniqueness for solutions of time-change equations used to construct multitype branching processes
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(Lemma 6 in [CPGUBI17]); regularity of (—e,0) has been used when pricing perpetual American put
options, as a condition for smooth pasting (see the discussion on Section 1.4.4 in [KLO05]).
Now, we state the applications of our theorem. The first is an easy consequence.

Corollary 1.2. Let X be an infinite variation EI process. Then X is regular.

An EI process is called extremal if its canonical parameters are deterministic. We use Knight’s result
[Kni96], about the necessary and sufficient conditions for X to admit a unique minimum:

UM either 6 # 0, or Y1529 = o, or ¥, 15,9 < o and ¥, §; # «.

The next result is an extension of Millar’s zero-one law for Lévy processes at its infimum (items a and b
of [Mil77, Thm. 3.1]); its proof is given in page 149. It characterizes the behavior of X at its infimum
with its regularity.

Theorem 1.6. Let X be an extremal EI process satisfying UM. Let X = infyc(o 1) X and let p be the
unique element of {t € [0,1] : X; AX;— =X}. Then X, > X, if and only if X is irregular upward and
Xp— > X, if and only if X is irregular downward. In particular, X is continuous at p if and only if X is
both upward and downward regular and this holds on the set where X has paths of infinite variation.

Next, we obtain the weak limit of an EI process X ending at zero, conditioned to remain above —¢&, as
€ — 0. The limit has the same law as the Vervaat transform V (X) of X, which was explained in Definition
1.3.

Theorem 1.7. Let X be a regular EI process with a = 0. Consider € > 0 and let X% have the law of X
conditionally on X| > —¢€. Then X® 4 V(X)ase—D0.

For Brownian bridges from O to 0, this was proved in [DIM77]. Our proof follows directly from
[CUB15], and is given in Subsection 5.4.2. Indeed, the missing part to obtain our result in such paper,
was only the zero-one law at the minimum of EI processes, which we already proved in Theorem 1.6.

Our final application, is to generalize the results in [PUB12] about the convex minorant of a Lévy
process, but for EI processes. Our hypothesis is:

NPL o >0or},;1g.9 = .

This is equivalent to work with EI processes not having piecewise linear trajectories. We introduce several
definitions.

Definition 1.9. The convex minorant of a cadlag function f : [0,1] — R is the greatest convex function ¢
that is bounded above by f. The excursion set is the open set

O=A{te[0,1]: f(t) >c(t)}.

Its maximal components, intervals of the form (g,d), are termed excursion intervals and they have an
associated length d — g, increment f(d) — f(g) , slope (f(d) — f(g))/(d — g) and excursion e(t) =
f(g+1)—c(g+1t) defined fort € [0,d — g|.
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Since the supremum of a set of convex functions bounded from above is a convex function, let C be
the convex minorant of X, where the latter satisfies NPL. We prove that its excursion set is open and
of Lebesgue measure 1. Thus, an independent i.i.d. sequence (U;,i € N) of uniform variables on [0, 1]
falls a.s. inside the excursion set. Let (g1,d}), (g2,d2).. .. be the distinct excursion intervals successively
discovered by (U;,i € N), and (e;,i € N) the corresponding excursions.

Now, consider another independent sequence (V;,i € N) of i.i.d. uniform variables on [0,1]. The
partition on [0, 1] given by the stick-breaking process (L;,i € N) constructed from (V;,i € N), is defined
by

So=0, Si1=8+L and L= (1 _Si)‘/i+1-

Definition 1.10. Consider an EI process Y starting at zero on the interval [0,t] for t € (0,1], satisfying
UM. We define the Knight bridge of Y as K; = Y; — (s/t)Y;. If p is the location of its infimum, define the
Knight transform of Y as

Ky =K (pt5ymod : —Kp NKp— fors € [0,1].

For any i, let K’ be the Knight transform of X — Xs,_, on [0,L;]. The next description of the convex
minorant of an EI process, generalizes the result in [PUB12]. As before, the proof is a simple consequence
of such paper, which lacked only the right hypotheses for the regularity of an EI process (see Subsection
5.4.3).

Theorem 1.8. Assume that the EI process X satisfies NPL. Then, its excursion set O is open and of
Lebesgue measure 1, also the following equality in law holds:

4
i>1

(di—gi,Xd,- _Xgnei) (Li7XSi _XSi—l’Ki)izl'

Using this theorem, we can obtain the following formula for NPL EI processes:

1
E( inf Xs) :/ wdl,
0

0<s<1 l

also known as Kac’s formula in the discrete case (see [Kac54]).



Chapter 2

MULTIDIMENSIONAL RANDOM WALKS
CONDITIONED TO STAY ORDERED VIA
GENERALIZED LADDER HEIGHT
FUNCTIONS

In this chapter, we define a d-dimensional random walk conditioned to have ordered components for-
ever, for any d € N. This is done defining the Doob A-transform of the random walk and the associated
(sub)harmonic functions. The construction is equivalent as the limit as ¢ | 0 of the random walk condi-
tioned to have ordered components up to a geometric time of parameter 1 — e ¢. Several reexpresions of
the (sub)harmonic function are given, reducing to well-known formulas for the one dimensional case.

2.1 Introduction

Let X!,...,X? be independent, simple, symmetric random walks on Z. Let PP; be the probability measure
of X = (X',...,X4) starting ati = (iy,...,iz). In [KOR02] and [EK08], the authors define X conditioned
to have ordered components. The interest on such processes is by their relation with random matrix theory,
for example, with Dyson’s Brownian motion [Dys62], which can be interpreted as d Brownian motions
conditioned to stay ordered at all times. As another important connection, conditioning a 2-dimensional
random walk to have ordered components, is equivalent to condition a random walk to stay non-negative,
a theory with a long history (see [Tan89, Kee92, Ber93, Cha94, BD94, Hir01, Tan04, CD0S5, CCO08, Par08,
GLP16]). The conditioning event can be written as

vl d :
A—{Xj < <X for all j > 0}.

Denoting by W = {x ¢ R? : x; < --- < x4} the Weyl chamber, the conditioning event A can be rewritten
as {X; € W,Vj > 0}. Note that, even in the case i} < --- < iy, we have

since X> — X! is an oscillating random walk. Therefore, a rigorous definition of the law of X condi-
tioned on A should be given. This is done in [KORO02] and [EKO08] (as a particular case of their results),

30
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introducing the event
Ap={X; <---<X]forall je[n]}  neN,

with [n] = {1,...,n}, and proving that for every k € N, the limit as n — o
P (X() =ip,....Xx = lk|An)

exists and is a probability measure. In fact, Karlin-McGregor’s formula (cf. [KMS59]) gives us an expres-
sion for Pj(A,) and implies

. . . A(iy)
lim P; (Xo =io, ..., Xk =ik|An) = E; (mlxo—io,...,xk—ik) ,

where, for x = (x,...,x7) € W

A0 = T] (xj—xi):det«x;—l),i,je [d]). 2.1)

1<i<j<d

is the Vandermonde’s determinant. Hence, the conditioning is made using Doob’s h-transform. Similar
transformations, also called h-transforms or h-process, appear in [Saw97]. We must emphasize that most
of the papers constructing ordered random walks are based on finding the limit as n goes to infinity of
Pi(A,)/P(A,). Such limit will be the associated h-function of the process.

The objective is to generalize known constructions to d-dimensional random walks conditioned to
have ordered components. In particular, the components of X could be dependent or have different distri-
butions. Some models in the literature are [EK08, Dur14b, DW15, GR16, Ign18]. A general construction
(when the drift is zero) is given in [DW15], for random walks in cones. The assumptions on the step
distribution are that each of its components has mean zero, variance one, and zero covariance between
components; also, a moment assumption is made on the step distribution. The case of non-zero drift was
solved in [Durl4b], using a Cramér condition. Also, the recent paper [Ign18] constructs ordered Markov
chains without moment conditions, but the state space must be countable.

Our result has minimal assumptions. Define Y = (X 2_x' x3—x?,... x1_xd-1 ). In order to avoid
trivial cases, we assume Y has components taking negative and positive values with positive probability;
besides that, the construction works with no further hypotheses when some component Y* drifts to —oo,
or every component Y* drifts to +oo (see Lemma 2.9). In the remaining cases, the assumption on Y is the
existence of positive €1,...,€;_ such that

P<X12—X11 > «‘51,-~-,X1”1—X1d_1 > sd_1> > 0.

This condition is used only to prove the finiteness of the (sub)harmonic function 4.

Our method is to analyze a random walk conditioned to have ordered components up to an independent
geometric time N of parameter 1 — e~ ¢, and take the limit as ¢ — 0. The main tool is to construct a
ladder height function for the random walk, which is based on a generalization of the ladder times in the
unidimensional case. These ideas are adapted from the unidimensional case given for random walks in
[Ber93], and for Lévy processes in [CD0S5, Don07].
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2.1.1 Statement of the results

For ease of notation, our results are stated for d = 3 and for a random walk having state space R?.
Let X = (X', X?,X?) be a 3-dimensional random walk on R3 U {1}, starting at Xy = 0, having lifetime
¢ =sup{n: X, # t}. Its increments are denoted by W = (W! W2 W?3), and W; has law P. We denote
by Y = (Y!',Y?) = (X% — X!, X3 — X?) the size of the gap between components, and y = (x; — x1,x3 —x2)
for x € W. The law of X killed at time n € N, that is, on the event { = n, will be denoted by P”".
When killing X at an independent geometric law N € {0, 1,...,} with parameter 1 — e, its law will be
PC =Y ge " (1—e ¢)P". The c-algebra considered will be .%, = 6(X1,...,Xp).

The notation that we use is component-wise, hence min{Y;,i € .#} = (min{¥;!,i € .} min{Y?,i €
4}), for any index set .# C Z,. We define for [n] = {1,2,...,n} and [n]o = {0, 1,...,n}, the processes
Y, =min{Y;,i € [n]o}, Y =min{Y,i€ [n]}, Y, =max{Y;,i € [n]o},and ¥,V (y1,y2) = (Y} Vy1, Y2V ys),

where y1,y, € R. We also put (x1,...,x7) < (¥1,...,y4) whenever component-wise the strict inequality is
satisfied.
For W = {(x1,...,x4) € RY : x| < --- < x4}, a positive regular function or harmonic function, with

respect to the transition kernel of X to W, is a function 2 : W — R such that
E;(h(Xy);7> 1) = h(x) xeW,

where

T:=min{n:X, ¢ W}.
A function & is subharmonic (superharmonic) if E, (h(X1);7 > 1) < h(x) (Ex (h(X1);T > 1) > h(x)) for
every x € W. The resulting (sub)harmonic function associated with a Doob A-transform will also be called
h-function.

To avoid trivial cases, we assume that ¥ has components taking positive and negative values with posi-
tive probability. Besides that, the construction works with no further hypothesis if either some component
of Y drifts to —oo, or every component of Y drifts to +c0. When such conditions are not satisfied, we
need Hypothesis (1.1), needed only for the finiteness of the (sub)harmonic function 4. Our main result is
the following, which justifies our construction can be interpreted as a random walk X conditioned to stay
ordered forever.

C

Theorem 2.1. Let N be a geometric time with parameter 1 — e ¢, independent of X. Assume that

J—1
Al (x) ::1+E<2411Yn_1—Yn<y> < oo x=(x1,...,xq) € W,
n—=
withy = (xp —x1,...,Xg —Xq—1) and J; = inf{n > 0 : Yfl_l < Y¥ ke[d—1]}. Then, for every x ¢ W,
every finite 7,-stopping time T and A € Fr

1
lim P (AT <NIX(i) €W,i € [N)) = P{(AT < §):= —m(x)E" (h (XT)lA,k,;) :

where Eg is the expectation under the law of X killed at the first exit time of the Weyl chamber. The limit
law is a Markov chain with transition probabilities
W
pl(w,dz) = lzewﬁp(w, dz) weW. (2.2)
ht(w)

Moreover, it is a probability measure if E(T) = oo, or a subprobability measure if E(T) < oo.



CHAPTER 2. RANDOM WALKS CONDITIONED TO STAY ORDERED 33

We also give simple conditions to ensure /' is finite.
Lemma 2.1. Assume that either

1. some component of Y drifts to —oo,

2. every component of Y drifts to +o0 and P (T = o) > 0,

3. there exists € = (€1,...,€41) € Rflfl such that

P(Y; > ¢€) > 0.
Then
Al (x) < oo VxeW.
The following is an application of Theorem 2.1.

Example 2.1. Ford > 1, consider a multidimensional random walk with partial sums X, = (an,X!, ..., X< bn),
where a < b and a,b € R. Assume that ]P’(Xl1 —a> 81,X12 —Xll > &,... ,b—de > 8d+1) > 0 for some
g>0ie{l,...,d+1}, andIE”(Xl1 —a<0,X? X! <0,....b—X{ < 0) > 0. Then, the construction of
Theorem 2.1 provides us with a d-dimensional random walk conditioned to have ordered components and
staying inside the set {x € R :ar <x < bt,Vt € R} }.

Depending on the drift of its components, we reexpress our function /',
Lemma 2.2. Let x € W. If some component of Y drifts to —oo, the h'-transform is given by

Ex (1)
E(7)

W' (x) =

If every component drifts to +oo and P (T = o0) > 0, then

We also express /1 as a renovation function. For k € [d — 1], denote by (B¥,i € N) the strict descending
ladder times of Y, that is B = 0 and for i € N the time B is the smallest index n such that Y*(B% | +n) <
Y (BX |). Let {Bo,B1,Bz,...} be the ordered union of all such ladder times, with 8y = 1. Denoting by
gn=PBnand d, = B, 11 forn >0, the set {g,, gn+1...,d, — 1} is the nth interval where Y remains constant.

Proposition 2.1. Let x € W. The h-transform can be expressed as
hT(x):1+ZP<—g <y>.
n=1 "

We conjecture that our A-function is subharmonic when X has i.i.d. components taking values in
R, satisfies the hypotheses of [EK08, DW10, DW15], and d > 2. The reason is that on such papers, it is
computed the tail of the distribution of 7 := inf{n : X ¢ W}, which we prove characterizes the harmonicity
of our h. In fact, we prove in Lemma 2.6 that & is harmonic (subharmonic) iff the random time 7 has
infinite (finite) mean. In [DW10] it is proved that P, (7 > n) is of the order p—dd-1)/4 (see Subsection
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2.5), implying E,(7) < oo when d > 3 and x € W. Even that E,(7) < E(7), it is expected that E(7) < co.
This represents a difference with respect to [EK08], since, regardless of the dimension, their A-function is
harmonic. We give some conditions on the drift of the components of Y, to obtain harmonic A-function.

Such difference has been observed recently in [Ignl18]. As an application of its results, the author
on such paper characterizes the h-functions of centered irreducible random walks taking values on a
countable set, with slowly varying hitting probabilities and other minor assumptions. The author proved
that when E(7) = o, any harmonic function for the process is proportional to V() = E.(.7), where .7 is
the exit time of some ladder height process, and also that imPy(7 > n)/P(t > n) =V (x), with x € W. On
the case E(T) < o, the author proved that V(x) < 1limP,(7 > n)/P(t > n). We remark that such notion of
ladder height process is not as intuitive as ours, and the results in [[gn18] are only given when the process
takes values on a countable set, while our results works for R9,

It is important to address that even in the unidimensional case, the harmonicity of the A-function
highly depends on E(7) and even in the way we choose the approximating events. An example appears
in [BD94] for random walks not drifting to +oo. They obtain limits of some random walks, under two
different conditionings to stay positive. It is proved that for oscillating random walks both limits are the
same. But when the drift is negative, depending on the upper tail of the step distribution it can happen:
both limits are the same and the A-function is subharmonic; both limits are different with harmonic /-
function. Results in the same spirit for Lévy processes, are given in [BD94]. Also, the hA-function of the
Brownian motion with negative drift conditioned to stay positive is harmonic or subharmonic, depending
on the approximation: it is proved in [MSM94] that is harmonic conditioning with {7 > ¢} and letting
t — ooy while in [CDO5] is subharmonic when conditioning with {t > E/c}, an exponential random
variable with mean 1, and letting ¢ — O.

In fact, the set of non-negative harmonic functions for random walks in RY, having non-zero drift, and
killed when leaving general cones with zero as a vertex, was proved to be uncountable in [Durl4a].

We adapt the idea of using geometric times to condition a process to stay positive, given for random
walks in [Ber93], and for Lévy processes in [CD05, Don07]. Thus, we analyze a random walk conditioned
to have ordered components up to an independent geometric time N of parameter 1 — e~ ¢, and take the
limit as ¢ — O.

This chapter is organized as follows. In Subsection 2.1.2 we review similar models of particles con-
ditioned to stay in some subspace and applications. Subsection 2.1.3 is devoted to provide an updated
literature and explicit results about ordered random walks. We include the first constructions of ordered
Brownian motions, several references to ordered processes, as well as the description of the most general
result of ordered random walks in cones, given in [DW15]. Our construction is given in Section 2.2,
where first we condition the random walk to stay ordered up to an independent geometric time, and prove
this is a Markov chain. There, we obtain a function hI which plays the role of an i-function of the random
walk, but up to the geometric time. In Subsections 2.2.1 and 2.2.2 we reexpress hi using a partition N
on intervals, making the random walk to be like excursions on each interval. This allows us to obtain in
Lemma 2.5 the limit 4 of hz as ¢ J 0, and in Theorem 2.1 the limit of the conditioned random walk, as
a Markov chain using a change of measure with 4T. We characterize in Section 2.3 when A is harmonic
or subharmonic, give a condition to ensure its finiteness, and prove that the law of the random walk using
the h-function A' is the same as the limit of the random walk law conditioned to stay ordered up to a
geometric time. In Section 2.4 we obtain several reexpresions of 4'. Finally, in Section 2.5 we review
known results for the order of Py(7 > n), thus, allowing us to know some cases where E,(7) is finite.
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2.1.2 Related models

There exists several models which apply the theory of ordered stochastic processes. For random walks,
names like non-colliding, non-intersecting or vicious walkers are also employed. The model of vicious
random walks was investigated in [Bai0O]. Johansson used non-intersecting trajectories for the analysis of
the corner-growth model in [Joh0O0], and for the Artic circle model in [Joh(O2]. There exists applications
to series of queues in tandem given in [O’C03, KORO02].

When the processes are Brownian motions, many results have been found. A complex random matrix,
having eigenvalues process a vector of Brownian motions ordered up to time s, is obtained in [KTO3b].
In [O’C12], it is related a transformation of the partition function of a Brownian directed polymer model
with dimension 1+1 in a random environment, with the distribution of the largest eigenvalue of the random
matrix GUE. The latter has the same distribution as the first component of a multidimensional Brownian
motion conditioned to stay ordered. Also, physical applications are given in [KT04] and [IK11] (Makoto
Katori has done extensive research on non-colliding processes, mainly for Brownian motion). Brown-
ian bridges conditioned to non-collision where obtained in [BS07], using approximating random walk
bridges. The paper also analyzes the connections with the random matrix central limit theorem. The case
of squared Bessel processes is obtained in [KOO1]. Wolfgang Konig in Section 4 of [K6n05], surveys
several results on non-colliding particle systems.

Some ordered infinite particle systems has been obtained before, for example in [KNTO04] and [BaiO0].
The former gives an N Brownian particle system conditioned to non-collision up to time s, and let N and s
tend to infinity. The latter uses a system of point in Z2 , with each point in 2N and at each step they move
upwards one unity, and move left or right one unity as long as the place is empty.

Results about non-colliding systems with a wall are given in [Gra99, KT04, TW07, BFP™09, LW17].
In [BFP09], it is related the law of the maximum of Dyson’s Brownian motion with d particles, with
models of non-intersecting Brownian particles which also: never hits a wall at the origin if d is par or the
wall is reflecting if d odd. The case of ordered random walks conditioned to stay on the Weyl chambers
of type C or D is given in [KS10], where

WE = {x=(x1,....50) eRF: 0 <y < -~ <x)},
and
WP = {x=(x1,....x) €eRF: |y <0 < -+~ < xp) }.

Another related models are processes conditioned to stay in a subset of the state space. For example,
Lévy processes conditioned to stay in an interval, studied in [Lam00], non-colliding systems on the unit
circle as in [LW 16], or more generally, Markov processes conditioned to never leave a subspace, as seen
in [PRO4].

2.1.3 Known results

First we review the results obtained in the unidimensional case, that is, conditioning a random walk to stay
positive. The paper [Ber93], gives the A-transform of a random walk X conditioned to stay positive forever,
under the unique hypothesis that the walk takes positive and negative values with positive probability (see
Theorem 2.3 of such paper). The explicit formula for the /4-function in such case is

-1
1

B =1+E[ ¥ 1. |, (2.3)
1
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where x > 0 and @' is the index of the first visit to (0, o).

Such function, can be reexpresed in several ways. We review some formulas in this case (see [BD94]).
The first hitting times, respectively, in (—eo,0) and in [n, ) are denoted by T = min{k > 1 : X; < 0} and
o, =min{k > 1:X; > n}. Let (H,T) = ((Hy,Tx),k > 0) be the strict ascending ladder point process of
the reflected random walk —X. That is, we have 7y = 0 and

Hy=—Xg, and Tiyy =min{j> T;: —X; > Hi}.

The convention is Hy, = o if T} = . The renewal function associated with H; is

=Y P(Hi<x), x>0.
k=0

This is a non-decreasing right-continuous function. But the duality lemma gives us
op—1
=E| ¥ 1.« | =0"(x).
j=0

Py (T = o0)
Vix) = —F——.
()= Fr— oy
When S drifts to —eo, we have E,(7) < oo for every x > 0 and

_ Ey(7)
V(x)= E(7)

The main result of this chapter is to generalize formula (2.3) for the multidimensional case. We also give
conditions, to obtain the remaining formulas in the multidimensional case.

In the multidimensional case, Dyson linked non-colliding particles with the theory of random matrices.
Dyson [Dys62], introduced the theory of processes conditioned to non-collision. For i < j and i,j €
[d], let Bl-17 ;j and Bl% ; be i.i.d. real standard Brownian motions starting at zero, and define the Hermitian

random matrix M = (M; ;)¢ =1 With M j = B1 + le Then, the process (B + BT)/\/2 is a Gaussian
Orthogonal Ensemble process (or GOE process) The author identifies a distributional relation between
the eigenvalues process of the matrix hermitian Brownian motion, and Brownian particle systems of
dimension one, such that the repulsive forces of two particles are proportional to the inverse of their
distance. Such process, say ¥ = (¥1,...,Y;), known as Dyson’s Brownian motion, can be described by
the stochastic differential equations

In the case S drifts to +oo

B .
dYi(t) = dBi(t) + = ——dt t>0, ield], 2.4

with 8 = 1,2,4 for the GOE, GUE and GSE respectively', and (B;,i € [d]) independent standard Brownian
motions of dimension one.

Those repulsive forces in Dyson’s Brownian motion, do not allow collisions between particles. That
is, the process in (2.4) for § = 2, satisfies that Yy € W implies ¥; € W for every ¢ with probability one. It
has also been proved that the process can be started at the origin, see [OY02].

To prove that such a process can be viewed as Brownian motions conditioned never to collide, the two
most used methods are:

!Gaussian unitary, ortogonal and symplectic ensembles
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1. using Doob’s h-transforms with harmonic functions,

2. finding the limit law of the process conditioned to non-collision up to the (possibly random) time
T,and let T — oo.

Let us recall both methods. To obtain harmonic functions, the paper [Ras14] lists several methods. Gra-
biner proved in [Gra99], that the density of the transition probabilities of (2.4) with B = 2 is given by

p(s,51,5) = %f@ sy,

where A is the Vandermonde’s determinant, and f(z — s,y|x) is the transition density of the absorbing
Brownian motion in W, from state x at time s to state y at time ¢. Such f is found using Karlin-McGregor’s
formula [KM59]. As A is a positive harmonic function on W, the process Y can be seen as an A-transform
in Doob’s sense, implying that the eigenvalues process of GUE has the same distribution that the A-
transform of an absorbing Brownian motion in the Weyl’s chamber.

Conditioning to non-collision up to a deterministic time is given in [KT03a]. They consider vicious
walker models, which is a system of non-intersecting random walks. Proving a functional central limit
theorem, they obtain Brownian motions X = (X, ..., Xy) which do not intersect on the time interval (0, 7],
and prove X converges to Y as T — oo.

2.2 The random walk conditioned to be ordered up to a geometric
time as an /-transform

Recall the notation at the beginning of Section 2.1.1. Consider x = (x1,xp,x3) € W and lety = (y1,y) =
(x2 —x1,x3 — x2). Recall the definition of 7 = inf{n : X, ¢ W}, the first exit time from the Weyl chamber.
Foranyn € Nand A = Ag x Ay x --- x A, € B(R)"*!, we find the limit as ¢ — 0+ of

P¢ (ﬁ{Xl +Xx; € Al'}

0

T> N> =P° (ﬁ{Xmin €A}

0

XJ1 +x1 <Xj2+x2 <XJ3+X3,j € [N]) )

First we prove this is a Markov chain.

Proposition 2.2. Under P¢ and for any x = (x1,x2,x3) € W, the chain X + x conditioned to be ordered up
to time N is a Markov chain with transition probabilities

hG)
Pl(wdy) = Lyen e e p(aw,dy),
he(w)

withw = (wi,wa,w3) € W, y = (y1,y2,¥3), p(w,dy) = P(W; +w € dy) and

W )_PC(Xi+w€W,ie[§])
YT T ReX eW,ie [Q))

c
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Proof. We compute the n-step transition probabilities
]P))CC(XZ' € dwj,i € [l’l]o ‘ T >N),

where w; € R? for i € [n]o := {0,...,n} and wyp = x € W. Then, the numerator of the n-step transition
probability is given by
P (XH—x €dwj,i € [n]o,XH—x eW,ie [N])

On such set we have N > n, and for i € [n]p we have X; +x =w; € W, while forn+i € {n,n+1,...,N}
{Xp+x€dwy, Xyri+x €W}t ={X,+x €dwp, Xp+i — X +wn, € W}.

Summing over the values of N, and using independent and stationary increments of X, the numerator is
equal to

lﬂ’l’{wieW}]P)(Xi +x € dw;,i € [n]p)

X Y PXnri—Xu+wp € W,n+ic[k])P(N=k)

k>n
= lﬁ’f{wiGW}]P)(Xi +x €dwj,ie [l’l]o) e "
x P (X;+w, e W,i € [N]),

by the lack of memory property of N. Therefore, the n-step transition probability is given by

P (wy +X; € W,i € [N])
Pe(x+X; e W,ie[N])

=1 wewy P (Xi+x € dwj,i € [n]o) e X

Denote by X the random walk X conditioned to stay ordered up to time N. Considering w; € W for
i € [n— 1]o, we obtain, using that X is a random walk

P° (XT(n) € dw,|XT(0) = wo,XT(1) €dwy,.... X" (n—1) € dw,,_l)

ol (wy)

= I{WHGW}IP)(X’I +x € dWl’l|Xl’l—1 +x e de_l) e T
he (Wn—l)

Wl
=1, e P (X1 € dwy|Xo € de_1)e_cﬂ7

hz (Wn—l)

which is the one-step transition probability, and depends only on w;_; and w,,. U

Now we analyze the function hI

2.2.1 Reexpression of the /-function of the ordered RW up to a geometric time

A priori, hi is the division of two probabilities converging to zero. We reexpress hI to prove it converges.
Working with the numerator of hl (x), first sum over all possible values of N

P (X;+x € W,i € [¢])

(1= (1 FY R (X x e W ie M)) -
1



CHAPTER 2. RANDOM WALKS CONDITIONED TO STAY ORDERED 39

Recall that ¥ = (X% — X', X3 —X?) and y = (xo —x1,Xx3 — x2). It follows that

PC(X;+xeW,ic[C])/(1—e€)—1=E (Ze—%_yqn) . 2.5)
1

For any n € N, it is known that X and the time-reversed process X* has the same distribution, with
X =Xy —Xu—i for0<i<n.

This chain has components X* = (X !* X?* X3*), and similarly for Y*. Then
{—y < gn} 4 {max{—le’*,j € [n]} <x2—x1,max{—Yj2’*,j € [n]} <x3 —xz}.

Define Y~ = max{Y},0 < j<n}fork=12and¥,= (), 7?). Add and subtract the term ¥,* and use
YR -yt =y vk vt = —Yk fork=1,2, 50

{—y<£n} S {Vu1-Ya<y}. (2.6)

This implies that hz can be reexpresed as

1+ YTe PV — Y <)
14 YXTe P(Y, 1 —Y, <0)

hl(x) 2.7)

2.2.2 Partitioning N via the times of a multidimensional ladder height function to
obtain the limit of the approximated /-function

In this subsection, we partition N at some particular times {J;,i € N}. Those are the times in common
among the ascending ladder times of Y'! and Y2, that is, if (a}‘, J > 0) are the strict ascending ladder
times of Y, then J; is the ith time such that a} = oclz for some j,/ € N. We prove that the subpaths
{Y) 40,0 <n < Jip1 —Ji}i are ii.d., and at the times J;, every component of the walk Y is at least as big as
the current cumulative maximum. In this sense, the reader should think on those subpaths as excursions
of Y.

Let Jo = 0 and for i € N, define

) <k
Jip1 = mm{n S U Y <Yk k= 1,2} ,
the first time after J;, such that both walks reach the current maximum at the same time.

Remark 2.1. Note that Y J; = Y., since both processes are at the same maximum. Also, since we assumed
P(Y; >0) >0, then P(J; = 1) =P (Yo < Y1) =P(0 < Y1) has positive probability.

We prove (J;,i > 0) are stopping times. Let (.%,,n € N) be the natural filtration of X. For any m € N,
the event {J; = m} is equal to

{7’;_1 > vk 1 gjgm—lforkzlork:2}ﬂ{7]fn_1 <Yn’;,k:1,2},
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which is in .%,,. Assuming J; is a stopping time, the event {J;;.;| = m} is equal to

m—1

U ({J,-:l}m{?’j_l >YEI+1<j<m—1fork=1 orkzz}m{?’,;_l <YK k= 1,2}),
=i

which also belongs to .Z,,.
We prove the independence and obtain the distribution between such times.

Lemma 2.3. For every i € N, the walk {?Jﬂrn—l —Yj4n,n > 1} is independent of F;, and has the same
distribution as {Y ,_| — Y,,n > 1}.

Proof. Let T < o be a stopping time. For n > 2, decompose Y7, 1 as the maximum up to time 7 and
the maximum between times {7 +1,...,7 +n— 1}. Hence

Yrino1 —Yran= Yr—Yr)Vmax{Yry, —Yr,l € [n— 1]} — (Y70 — Y1),

and forn =1
Yr—Yry = (YT—YT) \/(0,0) — (YT+1 —YT>.

We substitute 7 = J; for i € N and recall Y, = Y;.. For n € N and A,, € R? with m € [n], the events
n —_—
m {YJierfl - YJi+m € Am}
- n
ﬂ {(0,0) vmax{Y; ., —Y;.,1 € m—1]} — (Ypym — Y5,) € A}

are independent of .7, under {J; < e}, by the strong Markov property. They also have the same distribu-
tion as

n n
() {(0,0) vmax{Y;,l € [m— 1]} =Y €A} = [ | {Yino1 — Y EAn},

m=1 m=1

recalling that Y = ¥ = (0,0) under P. O
The following result is crucial to partition the sums in (2.7).

Lemma 2.4. The times {Ji+1 —Ji,i € N} are i.i.d. and Jiy1 —J; = Jy 0 05, where O is the translation
operator.

Proof. For i € N we have

Jiy1—Ji=min{n >0: ?Jth,l < YJ,~+n}
=min{n > 0: max{¥j4m—Y;0<m<n—1}— (Y4, —Y;) <0}
=J 091[.

Then J;+1 — J; is independent of .%;, and has the same law as J;, by Lemma 2.3. ]
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Lemma 2.5. The h-function hz converges as ¢ | 0 to

Ji—1
Al (x )—1+]E<Zl v Y<y)

recalling that y = (xp — x1,X3 — x2).
Proof. Recall Equation (2.7). Partition N at times (J;,i € N)

E (Ze_cnlynl _Yn<y>
1

7, J1+1 —Ji

_ cJi —enq

=E Ze 1< Ztl ¢ Yoo140;=Ynt;<y
n=

0

Conditioning with .#;. and summing over the values taken by J;;| — J;, the previous equation is equal to

{Ze CJ[l]l<oo Z Ze ap l+1 =m,Y 145, — Yoty <y’JJ)}
m>1n=

Using lemmas 2.3 and 2.4, we obtain

PCXi+xeW,ie[l])/(1—e )

oo i
—1+E (Ze—”f 11i<oo) E ( Y e "y, —Yn<y> :
0 n=1

Since e~ ¢/i1 Ji= = 0, we can ignore the indicator 1, <. When x = 0, the only term that remains in the
. " -2
second expectation above is e~¢/1, since ¥, | > Y or Y, | > Y2 for n < J;. It follows that

P (X; € Wi [£])/(1—e ) = 1+E<iedf> E(e=h).
0

Dividing both terms, and using

Ji Ji—1

n=1 n=1

we have

X el E(X5e )
A >—1+E<nzle Iy, .- m) TV E(Tye 9B )

Since J; = Zf)_l (Jx+1 — Ji) is a sum of i.i.d. random variables, then

()= meny
0
implying

Ji—1
hl(x) = 1—|—IE< Z e_cnlYn_lY,,<y> :
n=1

The result follows from the monotone convergence theorem. [
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The latter result implies Theorem 2.1. In the next section, we prove that 4! is (sub)harmonic, and give
a simple condition that ensures it is finite.

2.3 Properties of the limiting /-function and the interpretation of
the walk as conditioned to stay ordered forever

2.3.1 The harmonicity of the /#-function depends on the first exit time to W

We know that the first exit time from the Weyl chamber is given by

T=min{n>0:Y A¥Y? <0}
By Lemma 2.5, we rewrite ' as

P <X > 0) P.(t>N
hT(x) — lim —2 " ) im M

c—0" e (ZN > O) =0t P(T>N)
Let Q, be the law of X killed at the first exit of the Weyl chamber, that is, for n € N and A € .%,,

Ox(An<8)=P(A,n<T).

Expectations under Q, will be denoted by Eg The next lemma gives us conditions to know if A is
harmonic or subharmonic. It is based on Lemma 1 of [CDO05].

Lemma 2.6. Let x € W. IfE(1) < oo, then h! is subharmonic and
2 (m<xn>1n<§) <h'().
IfE(T) = oo, then h' is harmonic and
EQ (W (X,)1,cg ) = b1 ().
Proof. Since we proved in Lemma 2.5 that the convergence of hi to 4! is monotone, then

, Px, (T > N)
0 0 o X,
E& <h (xn)1n<c) = lim E, <—P o) 1n<r> : (2.8)

Using the Markov property
]P)X (T > n +N) — Ex (IYkZ/\YkI >O,k€[n+N]>

=E, <1Y,3AYk‘ >o,keln rzar >o.en) © 9”)
== Ex (1T>n]P)Xn (T > N)) )
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which is the numerator in the right-hand side of Equation (2.8). Summing over all the values of N
Py(t>n+N)=Y Pc(t>n+kN=k)
k

=™ Z P (T > k) (1—e )e .

k>n

Starting the sum from k = 0, we obtain

P,(t > n+N) :eC"{]P’x(f>N)—nZlPx(1>k)IP’(N:k)}.
0

Thus, the right-hand side of Equation (2.8) is equal to

lim e Py (T > N) "i (T>k)e”
=0+ (T>N 5 LP(T>m)e

n—1
:m(x)—m %:Px(r>k),

which proves the lemma, since Py (7 > 0) = P(x+ Xy € W) = 1. O

2.3.2 Finiteness of the /-function

To prove h'(x) < oo for every x € W, we use the remark of Lemma 1 in [Tan89]. In this subsection, the
inequality x > z for x,z € R means there is strict inequality component-wise.

Lemma 2.7. Assume there exists € = (€1,&) € Ry such that
P((X7 - X{,X{ —X{) > €) > 0.

Then
Al (x) < oo VxeW.

Proof. Note that Lemma 2.6 was independent of the finiteness of 4. Hence, from such lemma and x € W
we have

T(x) > /]P’(x+X1 €dz,1 <1)h!(z) = /EWIP’(x+X1 € dz)h'(z).

Define g(x) = (xa — x1,x3 — x2) for x € R3.. For simplicity, instead of g(x) we write x~. So, for instance
X~ =(X?>-Xx'X?>—-X?)and x~ := (x —x1,X3 — Xx2). Then, we have

P(x+X; €dz) =P(x; +X| €dzy,x +X[ €dz).

Note from Lemma (2.5) that A'(x) depends on x only trough x~. Define 2~ : RZ U{(0,0)} — R as

h=(x7):=h'(x), so -
i >—1+E(t1 Y>
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It follows that
W) > / P(n+x] e dzaT +X7 €d ) (). 2.9)
z€
Also, note that 2~ (0) = 1, since IYE—ngo =1 implies J; = 1.
Assume that h~ (z7) = oo for every z~ > €. Fix any x| € R, and use x = (x1,x1,x1) in (2.9) to obtain

1=h(0)=h'(x) > / P(xi+X{ €dzi,x +X; €dz )b ().
ZEWN{zeR3:z~ >¢}

Hence, it should be the case that
0=P(x;+X{ eRx +X; >¢) =P(X] >¢),

contradicting the hypothesis. Therefore, there exists z(j) = (x1,x1 + Z(1),1,X1 +2(1),1 +Z(1)72) € W such
that

zq)>€  and hT(Z(l)) =h"(z(3)) <ee.

Now, assume h~ (z7) = oo for every z~ > € +z4)- Usex =z, in (2.9) to obtain

oo > llgi(zzi)> Ez

1 — _ — —, —
}IP’(xH—Xl edzl,z(1)+X1 c€dz )h (z7).

/ZGWO{ZER3:z>8+z(_1>

Then, it should happen that
0=P(xi+X| €R,z; +X >e+2;)) =P(X >¢),

again contradicting the hypothesis. Hence, there exists z(5) = (x1,x1 + Z2),1:%1 +202)1 -I-Z(z),z) € W such
that

Continuing in this way, there is some subsequence (z(,,),n € N), with Z(n) = (x1,x1 +2(n),1:%1 T Z(n),1 +
Z(n),2) € W satisfying

2y > €+2;,_y) and hT(Z(,,)) = h*(z(

for every n.
Fix any x = (x1,x2,x3) € W. We prove that h'(x) < . Note that in the previous analysis, x; was
arbitrary. Let n € N such that

2,1 Ny = (n&1) A (nga) > (x3 —x2) V (x2 — x1).

It follows that

n—1

Ji—1
< 1+E( y lxnl—X;<z<71)> :

n=1

Ji—1
W (x) = 1+E< Y Iy _x,,—<x>

which is finite by construction. [
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2.3.3 Ordered random walks as the limit law of random walks conditioned to stay
ordered up to a geometric time

Let (g,,n > 1) be the transition probabilities of (X,Q). From Theorem 2.1, denote by (pi,n > 1) the
transition probabilities of X conditioned to stay ordered

h(z)

Tw.dz) = —=L

(w,dz) weW, neN.

The law of the Markov process with transition probabilities ( pg, n > 1) and starting from x € W is denoted

by IP’,TC. Hence, forn € Nand A € .%,
1
Pl(A,n< ()= m—(x)ExQ (hT(Xn)1A7n<¢> . (2.10)

Its lifetime is P!-finite if 4! is subharmonic and P}-infinite if it is harmonic. Let us prove (X,Pl) is the
limit as ¢ — 0+ of (X,PP;) conditioned to have ordered components up to a geometric time.

Lemma 2.8. Let N be geometric time with parameter 1 — e”¢, independent of (X,P). Then, for every
x € W, every finite .F,-stopping time T and A € Fr

lim P, (A, T < N|X(i) € W,i € [N]) =PL(A, T < ).

c—0t

Proof. First we use a deterministic time 7' € N. Note that {T' < 7} = {X (i) € W,i € [T]}. We work with
P (A, T <N,X(i) € W,i € [N]). Separating in the first T’ values of X and summing over all the values of
N

P (A, T < N,X(i) e W,i € [N])
=Y P.(AT<nX(i)eW,ie[T],X(T+i)eW,i€[n—T])P(N=n),

n>T

starting the sum at zero and using the Markov property at .Zr

P, (A, T <N,X(i) e W,i € [N])
=e T Y P (AT <t,P(X(T+i) eW,i € [n]|Fr))P(N =n)

n>0
=e TP (AT < 1,Px, (N < 1))
=P, (A, T <71,t <N,Px, (N<1)).

Now, consider ¢y > 0 and any ¢ € (0,¢¢). Recall from Lemma 2.5 that hI increases to i', hence

a7 T<N—IEDXT<T>N> =1a7 T<N—hI(XT>
TBIENP (1> N) R )
h'(X
<1a7<¢ T( T>-
hCO(x)
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Taking expectations on both sides and using Lemma 2.6

Py, (’L’>N)) RS

E, (1 ’
x( AT<t,T<N Pi(t>N) ) — hzo(@

and the right-hand side is finite by Lemma 2.7. Hence, by Lebesgue’s dominated convergence theorem

PXT (T>N)

lim P, (A, T <N|t>N)= lim E, |1
Ci%g x( > | ) cif(l)g x(A,T<1,T<N ]P’X(T>N)

):ﬂmJ<Q.

Let us prove the same convergence for any finite stopping time 7. Summing over all the values of T,
the equality
P (A, T<N<71)=P:(A,T<1,t <N,Px,(N<1))

and Equation (2.10) holds for T. We need to prove Lemma 2.6 holds true for any stopping time 7" < oo
a.s. Summing over all the values of 7', in the subharmonic case

B2 (W () reg ) = LB (W () ncer=n)
§th Z]P’I =n,n<{)
=h (OPL(T <o, T <),

which is smaller than 4'(x). In the harmonic case, the inequality above is an equality, so it remains to
prove that PL(T < oo, T < {) = 1. But this is clear since

PU(T = 0,7 < {) =lim mt B (1 (Xr)170) =0,

by monotone convergence. [

In the next section, we obtain several reexpresions of the A-function.

2.4 Reexpressions of the /-function
2.4.1 Reexpresions using the minimum of the descending ladder times of the com-

ponents

Changing the measure to start at zero, we have

E (ZeC”I_KZn) =E, (Ze“”lkg ) .
1 1

For k = 1,2, denote by (B¥,i € N) the strict descending ladder times of Y*, that is 8§ = 0 and fori € N
the time B is the smallest index n such that Y*(B% | +n) < Y*(BF ). The above sum stops when one
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component Y* becomes negative, that is, at ﬁll A [312 Then

I+E(TF ey )
O 1+E(re cn10<y)

(
(x5

1+E (le/\ﬁl e—cn>
( 11/\B1* e—cn) .

Lemma 2.9. If some component of Y drifts to —oo, the h-function h' is given by

I—HE

This equality allows us to prove the next proposition.

hT(x) — By (ﬁll /\ﬁlz) — EX(T)‘
E(BlABE)  E(1)
If every component drifts to 4+ and P (ﬁll A [312 = 00) > 0, then

hT(x)_Px(ﬁll/\Blzzw) P (r=0)
C P(BIABE=w) P(t=o)

Proof. 1f Y* drifts to —oo for some k = 1,2, then E(B] A B7) < E(Bf) < o by Proposition 9.3, page 167
of [Kal02]. Therefore, by the monotone convergence theorem

o 1+E (Bl ABE—1)
he) = 1+E (B ABE—1)

If every component drifts to +oo, then Y! AY? has a finite minimum with positive probability. By
hypothesis P(B] A B =) >0, so

By (1 o)
(Zﬁwﬁf 1 fcn>

<1 — e_C(B1 /\Blz)) lﬁll/\ﬁ12<oo + 1ﬁ11/\ﬁ1 :oo)
<1 _ (B} Aﬁ%)> Iginp2ce T 1BMﬁfZ°°>

hl(x) =

2.4.2 Reexpresions using the union of the descending ladder times

Let {B1,B,...} be the ordered union of the positive strict descending ladder times of Y'! and Y2, that is,
the ordered union of {S;!, B7,i +,i,j > 1}. Define ffp = 1. Denoting by g, = B, and dy, = f,+1 for n > 0, the
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set {gn,gn+1,...,d, — 1} is the nth interval where Y remains constant. Partitioning N on such intervals,
from Equation (2.5)

1+E <Ze“"1y<y )
. =n
dp—1
—F Z lgn<<>o Z efc(k*gn)efcgnliy<£k

n>0 k=gn
dn—gn—1 "
—c —c
=K Z e &n lgn<°°,*y<£g Z e .
n>0 " k=0

The above equation for x =0 is
dp—1
E(Y e ™oy |=E| Y ).
n>0 - k=0
Note that dy = Bll A ﬁf Also, note that —y < 0 < gdo_l, therefore

- - - dn* n— -
E (Zgo 1 e ck) + anl E (e cgn 1gn<°°ﬁy<£gn Zk:og 1 e ck>
E (ZgO*l €_Ck>

do—1 -1 dy—gn—1
=1+ (E Ze_d‘ ZE e Clg coo_y<y Z e ).
0 n>1 k20

As before, depending on the asymptotic behavior of the components, we can obtain a limit.

i) =

Proposition 2.3. If some component of Y drifts to —oo, then
and the h-function is

E<dn —8&n>8n <,y < gg’)

hT(x) =14+ ; E(do)

If every component drifts to +oo and P(dy = ) > 0, then

]P)(gl’l < 0o, =y < ggn7dn_gn = °°>
P(do = o)

Proof. As before, if the component k drifts to —oo, the first case follows by monotone convergence theo-
remandd, — g, < f jk — J]{l for some j. The second case follows by

dn—gn—1 y 1 _efc(dnfgn) 1

ZO‘, e —ﬁld,,@o‘i“mldn:m

and using monotone convergence theorem. [
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2.4.3 Reexpresion as a renovation function

Recall from the previous section that (f3,,n > 0) is the ordered union of the strict descending ladder times
of Y! and Y2. We have the following result.

Proposition 2.4. The h-function h 1 can be expressed as
=14 Z IP’( Y < y)

Proof. First we express Al as an infinite sum, using Tonelli’s theorem and Theorem 2.1, we have

Jl 1 o)
h —1= ( Z 1 Y,_1— Yn<y> = Z E(lyn,lfYn<ylfl>n> . (211)
n=1

The event {J; > n} means that for every j € [n], there is some k, such that the running maximum at time
j—1of Y*is atleast Y }‘. This is written as

(/i >n} = ﬁU{max{Ylk;()gl§j—1}—Y}‘20}.

j=1 k

Recall the equality in distribution between Y and Y*, which is ¥ reversed in time. Also, recall the equality
in distribution of —Y and Y._1 — Y. of Equation (2.6). Hence, we have

{J1>n}dﬁU{maX{ 0<l<]—1}—Yf’*>O}

I
3:

U{max{—Y,f,,;oglgj—1}+Y,{<_j >0}
k

U{ 1n{Y,f_ 0<I<j 1}<Y,f_j}.
k

1

.
Il

I
IDE

1

J

In a similar way, we can prove that

{Yn,l —Y, <y J; > n} 4 {gﬁ > —yk,Vk}ﬂ ﬁ U{min{YLl;O <I<j— 1} < Y,f_j}.

j=1 k

Now we prove the last term means n is a strict descending ladder time of some Y*. In fact, reordering the
index set, the last term is equal to

{min{Y,";n—j+1 glgn} <Y,§1j}

ij{min{ylk;j <I< n} < Y}il}_



CHAPTER 2. RANDOM WALKS CONDITIONED TO STAY ORDERED 50

The right-hand side means the future minimum of Y* up to time 7 is always smaller than the current value
of Y¥, for some k. Thus, the time n is a strict descending ladder time of some Y k and

hT(x):1+iIP’<£ﬁn>—y>. O
n=1

The next section is devoted to obtain conditions for the finiteness of E(7).

2.5 Known results about the expectation of the first exit time of W,
to ensure the /-function is harmonic
In Theorem 1 of [DW10], the tail of the distribution of 7 is computed. Explicitly, let X = (X!,... X d) be

a random walk with i.i.d. components on R. Under the assumptions that the step distribution has mean
zero and the o moment is finite for & =d — 1 if d > 3, and o > 2 if d = 3, they prove

lirgnnd(d’l)/“Px (T>n)=KV(x),
where K is an explicit constant and V' is given by
V(x) =Alx) —Ex(AX(7))) =x€ Wnse,
with § C R the state space of the random walks, and A defined in (2.1). This implies that for x € W §¢
Ex(7) <o whenever d > 3.

This suggests that E(T) < oo in this case.

In the paper [Durl4a] the author obtains the asymptotic behavior of 7y, for random walks with non-
zero drift killed when leaving general cones on R?. Under some assumptions, in particular, the step
distribution having all moments and a drift pointing out of the cone, it is proved the existence of a function
U such that

P (7, > n) ~ pc'n P20 (x).

The value p > 1 is the order of some homogeneous function, and ¢ € [0,1]. This suggests E(1,) <
pU (x) Y. c" < oo whenever ¢ € (0,1).
As mentioned in Section 2.1.3, in the paper [DW 15] the authors obtain

P(t, > n) ~ cV(x)ifp/2 n — oo,

for random walks in a cone, with components having zero mean, variance one, covariance zero, and some
finite moment. In that case, the value p is

p=y/h+(d/2=17=(d/2-1) >0.

Thus, the expectation of 7, is infinite iff

1>p/2 <= (d/2+1)* > A+ (d/2—1)?
<~ 2d > A.
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The paper [GR16], computes the asymptotic exit time probability for random walks in cones, under
some general conditions. The first is that the support of the probability measure of X (1) is not included in
any linear hyperplane. The second is that, if L is the Laplace transform of the random walk having x* as
a minimum, then L is finite on an open neighborhood of x*, and that this value belongs to the dual cone.
Under such hypotheses, they prove that

lim P, (7 > n)l/" = L(x"),

n—yoo
for all x € K5 := K + 0v, for some 6 > 0 and some fixed v in K°. The authors note that in general, there
is no explicit link between the drift m of the walk (if exists), x* and L(x"*). The only exception is when
m € K. In such case, L(x*) = 1 iff x* = 0. Furthermore, when the drift m exists, then m € K iff x* = 0.
Hence, if we want that [£(7,) = oo, we should restrict to the case L(x*) = 1.



Chapter 3

ON THE PROFILE OF TREES WITH A
GIVEN DEGREE SEQUENCE

Let s, = (N!",i > 0) be a sequence of non-negative integers satisfying s, := Y ; N/' = 1+ ;iN!". Such an sy, is called
a degree sequence. Let P be the uniform distribution on all rooted plane trees with given degree sequence s,. We
give conditions for the convergence of the profile (sequence of generation sizes), giving a more general formulation
and a proof of a conjecture due to Aldous [Ald91b], concerning the convergence of the profile for conditioned
Galton-Watson trees. Our formulation contains and extends results in this direction obtained previously by Drmota
and Gittenberger [DG97] and Kersting [Kerl11]. A technical result is needed to ensure trees with law Ps have
enough individuals in the first generations, and this is handled through a novel path transformation of exchangeable
increment processes.

3.1 Introduction and statement of the results

Trees are an important concept in both pure and applied mathematics, appearing (for example) in biology
to represent genealogies, in computer science as a fundamental data structure, as well as an important
example of a combinatorial class or species (cf. [Knu98], [Knu06], [Joy81], [FS09], [Drm09]). Random
trees, on the other hand, have been shown to be useful in analyzing the asymptotic behavior of certain
families of deterministic trees. For example, certain Galton-Watson (GW) trees conditioned to have size
n (denoted CGW(n)), have been shown to be uniform in classes of trees of size n, like plane trees, binary
plane trees or Cayley trees (cf. [Pit98]).

We will analyze the class of trees with a given degree sequence. The reason is that for several important
real-world networks that have been analyzed, their degree sequence might have a certain feature (see for
example [BA99, CDS11]), and the simplest way to build an associated model of random trees is through
the uniform distribution on trees whose degree sequence has the observed feature. One way to understand
the shape of rooted trees is through their profile, which counts the quantity of elements in the successive
generations. In this chapter, we will focus on the profile of uniform trees with a given degree sequence.
The introductions in [FHNO06, GK12] summarize certain applications and references on the profile of
random trees.

Trees with a given degree sequence are more general than CGW (n) trees, since the latter laws can be
obtained as mixtures of the former (see Section 3.5). A conjecture due to Aldous [Ald91b] for CGW(n)
having a finite variance offspring distribution, states that the rescaled profile converges in distribution to a

52
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multiple of the total local time process of the normalized Brownian excursion (NBE). Aldous’s conjecture
was proved in [DG97] as a complex application of analytic combinatorics.

The latter work was generalized in [Ker11] to the case where the offspring distribution is in the domain
of attraction of a stable law. We show a much more general version of Aldous’s conjecture in the setting
of trees with a given degree sequence, satisfying a finite variance condition. Also, in Section 3.5, we
obtain as a particular case of our results another proof of Kersting’s theorem [Ker11], and consequently
of Aldous’s conjecture.

Let us turn to the formal statements of our results. We define rooted plane trees following [Nev86].
Let Z, = {1,2,...} be the set of positive integers, and define % = J,,_(Z', as the set of all labels, using
the convention Z9. = {@}. An element of % is a sequence u = u; - - - u, of positive integers, where |u| =n
represents the generation of u. If u=uy---u; and v =v;---v; belong to %, write uv = uy ---ujvy---v;
for the concatenation of # and v. By convention u& = @u = u. For any n € N, let [n] = {1,...,n} with
0] =2.

Definition 3.1. A rooted plane tree T is a finite subset of % such that:
1. 9T,
2. ifveTandv =uj for some j€ 7., thenuecT,
3. forevery u € T, there exists a number c(u) € N, such that uj € T iff j € [c(u)].

In the previous definition, the value ¢(u) represents the number of children of u in 7. The size of a
tree T (the number of individuals) will be denoted by |T|. In the following, by a tree we mean a rooted
plane tree. See Figure 3.1 for a graphical representation.

Order the vertices of the tree according to the lexicographical order (e.g., & < 1 < 21 < 22), and
assign label i to the ith vertex, for i € [|T'|]. This ordering is also called depth-first order. The depth-first
walk (DFW) of the tree will be the walk with ith increment c(i) — 1, started at one. See Figure 3.1 for an
example.

Another labeling of the tree, is the breadth-first order. To define this, assign label 1 to the root.
Suppose the first generation (offspring of the root) has size z;. Order the first generation in lexicographical
order, and assign label i to the ith vertex, for i € {2,...,1+z;}. Do the same for each consecutive
generation. The breadth-first walk (BFW) of the tree will be the walk with ith increment c(i) — 1, started
at one. See Figure 3.2 for an example.

Now we introduce the trees analyzed in this paper. For every n € N, let s, = (N/',i > 0) be a degree
sequence, that is, a sequence of non-negative integers satisfying s, := |sn| = YN/ = 1 + Y iN"". The values
N7 represent the number of vertices with i children of some rooted plane tree 7,. Let Pg, be the distribution
which samples uniformly at random from the set of all trees with the given degree sequence s,. Consider
a tree 7, with law P . The BFW (DFW) of 7, will be denoted by W;, .

Denote by Cs, (j) the total number of vertices of 7, up to generation j. This is called the cumulative
profile or cumulative population. Denote by Z;, (j) the number of vertices in generation j, called in this
paper the profile. Other names given in the literature for the profile are the population profile, horizontal
profile or height profile. Note that Z;, can be recursively obtained as follows: Z (0) = 1 and

an(j+1):WsnoCsn(j)7 (3'1)
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Figure 3.1: Tree labeled in lexicographical order (depth-first order) and the corresponding DFW. The explicit order of the
vertices in lexicographical orderis @ < 1 < 11 <12 <2 <3 <31 <311 <3111 < 312.

Figure 3.2: Tree labeled in breadth-first order and the relation between the profile and the BFW. The profile of the tree is
(1,3,3,2,1), which is the BFW evaluated at times 0, 1,4,7,9.
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where W;, is the BFW of 1, and C;,(j) = Z{)an(z’) (cf. Chapter 9 of [EK86], and the introduction in
[CPGUBI13]). By analogy with the continuous-time case (cf. [Lam67a]), Z;, is called the discrete Lam-
perti transform of W;, . Figure 3.2 shows an example of a BFW and its Lamperti transform.

To study the scaling limits of the profiles, the general idea is: rescale Equation (3.1) and prove the
limit of the profile is a particular solution to

Z(t)=XoC(t) t>0, (3.2)

where X is the limit of the rescaled BFWs and C(t) = [ Z(s)ds.
In our case, the limit X is related to a continuous time process X” with exchangeable increments (EI
process, or also known as interchangeable increments process) of the form

(o)

X't)=obt)+Y B (A (U;<t)—1) t€]0,1], (3.3)
1

where b is a Brownian bridge on [0, 1], (U;, j > 1) are independent of b and i.i.d. with uniform law on
[0,1], and with constants ¢ € RT, B; > f, > --- > 0 with Zﬁjz < oo, From Kallenberg’s representation

[Kal73], the process X” has canonical parameters (0, c, ).

The “excursion-type” process X, is obtained from X” using the Vervaat transformation, defined as
follows. Denote by {t} the fractional part of a real number 7. Let D[0, 1] be the space of real-valued
cadlag functions w with domain [0, 1] starting at zero (with an analogous definition for D[0,)). Let
D’ C D0, 1] be the subset of functions w such that w(0) = w(1) = 0, and w hits its infimum in a unique
time and continuously. Define for every u € [0, 1] the transformation 6, : D’ — D’ by

0,(w)(t) =w({t+u}) —w(u).

This transformation can be described as cutting the path of w at u obtaining two paths (to the left and to
the right of u), and interchanging them.

Definition 3.2. The Vervaat transform of a cadlag function w € D' is defined as V(w) = 6 (w), where p
is the unique time w hits its infimum.

Figure 3.3 shows an example.

For a given degree sequence sy, let (¢(j), j € [s,]) be the associated child sequence, obtained by writing
Ny zeros, N ones, etc. Note that N7 = [{i : ¢(i) = j}|. Our main theorem is the following.

Theorem 3.1. Assume the sequence (sp,n > 1) of degree sequences satisfies
1. 5, — oo
2. There exists a sequence of positive numbers (bs,,n > 1) going to infinity, and M € NU {40}, such

that
1 _ L é(1) é(2 M
(b_2 (]—I)ZNJ.,%,I?_),,_.)%<g2+21"[3]2,/31,[327...>

Sn Sn Sn

for some Bi > Br > --- > By >0, and By4; = O for every j, and such that 211” [3]2 < oo and
62 € [0,0), and where (&(i),i > 1) is the child sequence in decreasing order:
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Figure 3.3: Continuous EI process (top) and its Vervaat transform (bottom). Note that if the EI process attains its infimum
in a unique time, the transformed path is positive.

3. Either 6 >0or) j =oco.
4. sp/bs, — oo.

Define the rescaled processes

X" = (bLWsn (Lsar]) . €0, 1]) ’

Sn

- (ie([g]) 20) = (2] 20)
Then, we have the convergence
x4 x,
under the Skorohod topology D(R,Ry). The limit X is the Vervaat transform of an EI process with
parameters (0,0, ). Furthermore, if

LS|
—ds <o  a.s., 34
/1/2 X (G4
then, we have the joint convergence
x",.c"z" % (X,C,2) (3.5)

under the product Skorohod topology D(R R, )>. The limit C has an inverse I given by

I(t):/otxzs) ds, t€]0,1],
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and is the unique solution to
t
() = / X oC(s)ds, (3.6)
0
which is strictly increasing on [0,1(1)] if it is not the zero function. Finally, Z =X oC.

In Figures 3.4 and 3.6 we show some simulations of trees with a given degree sequence. Figures 3.5
and 3.7 are their respective cumulative and population profiles. We also show in Figures 3.9 and 3.8 some
trees depicted generation by generation, showing the population profiles.

Let us discuss the hypotheses of the theorem. Hypothesis | just means that the sizes of the trees we
are considering go to infinity. Hypothesis 2 gives the asymptotic quantity of children of the individuals
with most children (also called the hubs) and bounds the contribution of other members of the population.
Hypothesis 3 guarantees that the breadth-first walks converge to a function with infinite variation so that
I (and therefore C) can be non-trivial. Hypothesis 4 implies that a bigger and bigger proportion of the
population is not a direct descendant of the hubs. Finally, the Hypothesis in Equation (3.4) ensures we
can find a giant subtree at the top of the tree, which is used to prove C is positive. At this moment we
believe this hypothesis can be removed, if one can obtain a giant subtree with an arbitrary small height.

One application of our theorem is for TGDS such that their rescaled BFW converges to the normalized
Brownian excursion e (intuitively, a Brownian motion conditioned to be positive and hit zero for the first

1/

. . . 2 o . .
time at ¢t = 1). For such trees, the spacial rescaling turns out to be b;, = s,/ . Since e is continuous, we

have to ensure that the maximum number of children an individual has is o(s,l/ 2).
Corollary 3.1. Consider a sequence (sn,n > 1) of degree sequences, such that
1. s — oo,

2. For

we have 62 — 62 € (0,0).

3. The maximum degree satisfies

A, :=max{j:N"(j) >0} = o(s,ll/z).

1/

Define the rescaled processes X", C" and Z" as in Theorem 3.1, with by, = s,
convergence

2 Then, we have the joint

(x",C",z") % (ce,C,2) (3.7)

in the space €([0,1],R3), where C is described as in Equation (3.6) but driven by ce and Z is the
derivative of C.

The proof of this corollary is simple. The convergence of the rescaled BFWs is given in [BM14b,
Lemma 7]. Several ways to prove (3.4) (about the integrability of 1/e on [0,1]) are given in [Jan06,
Remark 5.2]. Note that the previous corollary is also true if the rescaled BFW’s converge to the Vervaat
transform of an EI with parameters (0,0, ™), where f™ = Y} 8,4, is a finite sum of positive jumps.
This is true because the integral in (3.4) is not affected by a finite number of jumps in X.
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Figure 3.4: Uniformly sampled tree with a given degree sequence, approximating an EI process with zero drift, ¢ = 2 and
(Bi,i > 1) = (1/i,i > 1). The degree sequence is close to a geometric distribution, in the sense that N; ~ s,(1/2)"*!, but also
some individuals have a lot of descendants of the order 1/i.
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Figure 3.5: Profile and cumulative profile generated by the tree of Figure 3.4.
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Figure 3.6: Uniformly sampled tree with a given degree sequence, approximating an EI process with zero drift, ¢ = 0 and
(Bi,i>1) = (1/i,i > 1). The degree sequence is close to a Pareto distribution, in the sense that N; ~ s, (1/i)**!.

900

675

450

225

Figure 3.7: Profile and cumulative profile generated by the tree of Figure 3.6.
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Figure 3.8: Uniformly sampled tree with a given degree sequence depicted generation by generation from left to right. The
degree sequence is of the form of Figure 3.4.
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Figure 3.9: Uniformly sampled tree with a given degree sequence depicted generation by generation from left to right. The
degree sequence is of the form of Figure 3.6.
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Another application of our main theorem is for the convergence of the rescaled profile for CGW trees
having offspring distribution of finite variance. Recall that a distribution yu = (i,,n > 0) is called critical
if Y nu, = 1, and aperiodic if the greatest common divisor of all n with w,, > 0 is one.

The hypotheses on u will be the following:

H; The distribution u is critical, aperiodic and has finite variance.

Proposition 3.1. Consider a CGW(n) tree with offspring distribution |, satisfying hypothesis H>. Denote
by X", C" and Z" its rescaled breadth-first walk, cumulative profile and profile as in Theorem 3.1, but with
sp replaced with n and by, replaced with /n. Then, we have the joint convergence

x",c",z") % (ce,C,Z). (3.8)

under the space € ([0, 1], Ri) where C is described as in Equation (3.6) but for oe and Z is the derivative
of C.

This gives another proof of Aldous’s conjecture [Ald91b], first proved in [DG97]. Actually, our
method is robust enough to handle the case where u does not have a finite variance, and belongs to the
domain of attraction of a stable law. Kersting proved such case in [Ker11], and we recover its result as an
application of our main theorem (see Section 3.5).

Let us discuss about the proof of Theorem 3.1.

Definition 3.3. The process C defined in Theorem 3.1 is called the cumulative Lamperti transform of X,
and its right-hand derivative (satisfying Equation (3.2)) is called the Lamperti transform of X.

To explain our technique, we note that the cumulative Lamperti transform can be used to describe the
possible limits in (3.5).

Proposition 3.2. Any subsequential limit of the rescaled cumulative profile (C",n € N) satisfies (3.6), and
is of the form C™ for some random A € [0,0), where

if 1 €[0,A]

0
CrMe)={ C(t—A) if te[AA+I(1)]
1 if t € [A+1(1),00),

with the convention C* = 0.

Theorem 3.1 will follow from Proposition 3.2 by showing that A can only be zero under Hypothesis
(3.4). Indeed, we prove in Section 3.4 that

IP’(A € (o,oo],/l;ds/x(s) < oo) 0.

If A € (0,), the equality C*(A) = 0 can be interpreted as an asymptotic thickness of the base of our
random trees. To give another interpretation of this thickness, by Skorohod’s representation Theorem, let
(nx)x be a subsequence such that C"* — C? a.s. Then, for any A € R, we have

P(CA(;L) - o) - gﬁ)lp(cA(z) < e) - gfolp(nlgn{cnkm < s}) < limImB(C™(4) < ¢).
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Figure 3.10: On the left, a tree labeled in depth-first order. We choose the vertex u = 7 and its ancestor n = 4. We cut the tree
at vertex n and u, and interchange the subtrees with the original root and with root n. On the right, we show the transformed
tree.

The double limit on the right-hand side, is what Lemma 9 of Kersting [Ker11] proves as non-thickness of
the base.

A novel path transformation for discrete EI process, called the 213 transformation, is introduced to
show that, under the conditions of Theorem 3.1, our random tree sequence does not have an asymptotically
thin base.

Definition 3.4 (213 Transformation). Let T be a plane tree with |T| individuals. Let u be a vertex in T
with ancestor n € {2,...,|T|}. Cut T at n and u, obtaining three subtrees keeping their original labels:
T(1,n) having the original root, T (n,u) with root n, and T (u) with root u (if u is a leaf, then T (u) is
empty). Construct a new tree ¥, ,(T') by grafting T (u) at the leaf n of T (1,n) (that is, paste the root of
T (u) at n), and this resulting subtree is grafted at the leaf u of T (n,u). If w is the depth-first walk of T,
denote by ¥, ,(w) the depth-first walk of ¥,, ,(T).

We obtain in this way a new tree with the same degree distribution. An example is shown in Figure
3.10.

In order to apply the 213 transformation and preserve the law Ps_ , we need to choose two vertices N
and U in an specific way. Given a natural number s > 1, define the condition

U has height greater than 4. 3.9

Proposition 3.3. Let W;, be the DFW of a tree with law Ps . Consider an independent uniform r.v. U on
{2,...,8,}, and a natural number h > 1. When (3.9) is satisfied for the Uth vertex of the tree generated by
W, let N be the only ancestor of U at distance h, and define Wsn = Wn,u(W;,) as the 213 transformation
of Wy, at N and U. If (3.9) is not satisfied, set W, = Wy, . Then, we have

(Ws,,U) < (W, U).
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Consider an arbitrary A € R and a sequence of trees 7, with law Ps,. The idea to prove the main
theorem is: first we prove that on the event {A € (A,00),1(1) —I(1/2) < oo}, there exists a giant subtree
at the top of 7, and of height smaller than A; < A /2; this subtree has many individuals, almost all of them
before height A; from its root (up to scaling factors). Apply the 213 transformation when the uniform
variable U falls in the subtree, with N being its ancestor at distance A;. The transformed subtree will
be fat before height 21, thin between heights {2A;,...,A} and fat after height A, which has probability
going to zero. In Figure 3.11 we give an example of such transformed tree.

3.1.1 Plan of the paper

In Section 3.2 we focus on the BFW of uniform trees with a given degree sequence. The 213 transfor-
mation and the asymptotic non-thickness of the base of trees are analyzed in Section 3.4. We use those
results, however, in Section 3.3 to prove our main theorem. Section 3.5 is devoted to the convergence of
the rescaled (cumulative) profile for CGW (n) trees with offspring distribution in the domain of attraction
of a stable law.

3.2 Convergence of the BFW to the Vervaat transform of an EI pro-
cess

Consider a plane tree 7', and let ¢(u) be the number of children of the uth vertex in T. The degree sequence
of T is obtained from the sequence (c(u),u € [s,]) as follows:

ni(T)=ni={ueV(T):c(u)=1i}|

Recall that Ty is the set of plane rooted trees with a given degree sequence s = (n;,i > 0) and that Py is

the uniform distribution on Ts. If uy,...,u, are the vertices of T labeled increasingly in the breadth-first
(or depth-first) order, define the breadth-first (resp depth-first) walk (abridged BFW or DFW) of T by x,
where xo = 1 and x,, = 1 4+c(u1) + - - - ¢(u,,) — n. Its increments will be denoted k1, ..., k,. It is known that
T — (k1,...,kp) is a bijection between the the set of trees with p individuals and the set of sequences

s| J
E= {K: (kiy... kp) ki € NU{=1},Y ki=0,Y k>0 if j < |s\},
1 1
see Lemma 6.3 of [Pit06] or Proposition 1.1 of [LGO5]. Fori >0, leti; = 7i;(K) = [{j € [[s|] : k; =i— 1}
be the number of increments of the excursion which are equal to i — 1, and call (73;,i € N) the degree
sequence of the excursion K.
The BFW (DFW) of a tree T with law Py is related with a discrete time EI process.

Definition 3.5. A discrete time process (W?(j),0 < j < |s|) with increments AW? (i) = W? (i) —W?(i —1)
has exchangeable increments (EI) if for every permutation & on [|s||

(AWb(1)7...,AWb(|s|)) 4 (AW”(GI),...,AWI’(%‘)).
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Write 6;(W?) = Wb for the cyclic shift of W? at i, that is, the sequence of length |s| whose jth
increment is AW? (i 4 j) with i + j interpreted mod |s|. A path transformation, introduced by Vervaat in
[Ver79], is used to code discrete random trees from EI processes. The discrete Vervaat transform of wb,
denoted by V(W?), is the i*th cyclic shift of W?, where i* = min{i € [s] : W’ (i) = min e W(j)} is the
first minimum of W?.

The next proposition is an easy consequence of the definitions (cf. the proof of Lemma 7 in [BM 14b]).

Proposition 3.4. Let W be the BFW (DFW) of a tree with law Ps. and U an independent and uniform
random variable on [|s|]. Then, the cyclic shift of W at U is a discrete time EI process.

Since the BFW and the DFW of a tree have the same increments, but in different order, we deduce the
following.

Corollary 3.2. The breadth-first walk and the depth-first walk of a tree with law Ps, have the same distri-
bution.

Consider a sequence of degree sequences (Sn),>1 = (N/',i > 0),>1 and define s, = |sp|. Using a
uniform permutation 7, on [s,] and a child sequence (¢(j), j € [sn]), construct the process

Wo(lsat) =1+ Y (e(m(j)—1), 1€0.1],

J<sut]

where b stands for bridge. It has exchangeable increments on {k/s, : 0 <k < s,}.

Now, we analyze the convergence of WSIZ to an EI process. We introduce the notation for convergence
in the Skorohod topology, obtained from Chapter 3 of [Bil99]. Throughout this chapter, by an increasing
function we mean a strictly increasing function. For cadlag functions f", f € D[0, 1] (the space of cadlag
functions with domain [0, 1), the functions f” converge to f in the Skorohod topology, denoted by f" — f,
if there exists increasing bijections o : [0, 1] — [0, 1] such that

" —1d|| -0 and |[[f"—foa"||—=0,
where || f|| = sup;c( 7| fi| is the uniform norm, and Id the identity function.

Proposition 3.5. Suppose the sequence of degree sequences (sp,n > 1) satisfies Hypotheses (1) and (2)
of Theorem 3.1. Then we have

(b%WS’;(LsntJ),t e [0, 1]) 4 (le,t € [0, 1])

in the Skorohod topology, where X an EI process on [0, 1], having parameters (0,0, ).

Proof. Define &; = (c(m,(j)) —1)/bs, and Ay, = max{i: N/ > 0}. By Theorem 2.2 of [Kal73], we know
that

W2 (|5u-])/bs, % XP if and only if (Zgj,zgf,él,éz,...) 4 (2,6*+ Y B2.B1,Bo- )

where (& i, J € [sn)) are the (&}, j € [s,]) in decreasing order.
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The convergence to the drift o is due to the fact that Wf; (sp) = 0. For the sum of the squares, using
the definition of a child sequence

2 , 2 G- DNG 2\ 2
Y=Y (c() - /B =) L s ot Y B
0 Sn 1
Finally, by hypothesis & ; — Bj forevery j € [M]. O

Remark 3.1. It should be obvious that we can modify hypotheses (1) and (2) of Theorem 3.1 by s, — oo,
Ag, = 0(bs,) and Y. (j— 1)2N;?/b?n — 062 € (0,00). In this case, we obtain in the limit the Brownian bridge
on [0,1], as in [BM14b].

From Proposition 3.4 we deduce that the discrete Vervaat transform of WSIZ is the BFW of a tree with
law Ps,. Denote this BEW by W, =V (W)).

Proposition 3.6. Under the hypothesis of Proposition 3.5, assume also that either 6 > 0 or },f; = oo.
Then

X = (oW, (L)) € 0.1]) Vi) =x, (3.10)

the Vervaat transform of X°.

Proof. By the proof of Lemma 6 of [BerO1], the process X? hits its infimum in a unique time and continu-
ously. Hence, by Lemma 3 of [BerO1] (or Lemma 14 of [Ker11]) the Vervaat transform X" of the rescaled
bridges Ws}; converges to X, the Vervaat transform of X?. ]

3.3 Convergence of the profile to the Lamperti transform

The objective of this section is to prove our main theorem on convergence of profiles stated as Theorem
3.1 by using Theorem 3.2 from Section 3.4. First, we study the effect of scaling on the discrete Lamperti
transformation in Subsection 3.3.1. Then, we analyze the subsequential limits of the cummulative profile
in Subsection 3.3.2 and of the profile in Subsection 3.3.3. Finally, the proof of Theorem 3.1 is obtained in
Subsection 3.3.4.

3.3.1 Rescaling the functional relation of the BFW and the cumulative profile

Recall that Z , Cs, and W, are the profile, the cumulative profile and the BFW of a tree with law Py ,
respectively. Define the scaling operators S” acting on the Skorohod space by S2f(¢) = f(at)/b. From
Equation (3.1) the discrete Lamperti transform satisfies for any j > 0

Z,(j+1) = Wi, 0Cy, (j)- (3.11)

Extend C;, to R by linear interpolation, and consider the sequence

s
an:b— neN,

Sn
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which is the temporal scaling of the cumulative profile. This is true because, by a simple change of
variables

1 1 ety , 1
SZ’;Csn (t) = —Cs,(ant) = — + Z —W;, 0Cs, (j) + (ant — ant | ) =W, o Cs, ([ant])
1 ant ]
=~ [ W, 00, ((u) du
Sn 0 Sn

1 L a, 1
=—+ [ —W, 085,—Cs, (|anu])du
Sn 0 Sn Sn

1 t
= S_ + 0 S?,’ZWSn OSZ’;CSn<La”uJ /an)du
n

We conclude that the scaling of the cumulative profile satisfies an equation similar to (3.6). This will be
the basis of our convergence analysis.
Define C"(0) =0, and for i > 0 and ¢ € [f;,t;11), with t; = i/a,, write

C'(1) = /O X" 0 C"([antt] Jan)du = C' (1) + (1 — 1) X" 0 C" (1), (3.12)

with X" = Sﬁ’;‘Wsn. In the notation of [CPGUBI13], the above equation is IVP, (X",0), which has a
unique solution (see [CPGUB13, page 1594]). Thus, we have

1 1
C"(1/ay,) = —X"(0) = — =8Cs,(0/ay),
ay Sn "
and for i > 1 and ¢ € [f;,#;41), by induction
C't)=C"(t;)+ (t —t;) X" o C"(1;)

= SaCs, (tim1) + (t —1:)X" 0 S5 Cs,, (ti-1)

=Sy Cy, (tim1) + (t = 1/an —t;i-1)X" 0 S Cs, (ti-1)

= Sfl’;Csn (t - l/an)7
and for ¢ € [0,¢1) note that C"(r) = tX"(0). Therefore, to prove the convergence of the rescaled cumulative

profile, it is enough to prove the convergence of C". The rescaled profile is defined by Z"* = D C". First
we give conditions to ensure Hypothesis 2 of Theorem 3.1, that is a,, — oo.

Lemma 3.1. Assume either one of the following is true

n
ncht
Lhize=or gy
Then a,, — .

Proof. Order the child sequence in decreasing order as C'(11) > 6?2) > .- and fix any k € N. The Hypothesis
2 of Theorem 3.1 implies that for n big enough

B; forevery i€ [k].

N —

n
NHONS
bsn o
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Since s, = 1+ Zc’("i), this implies

This being true for any k, the conclusion follows when Y 8; = co. Now assume the other hypothesis of the
lemma is true. By Hypothesis 2 of Theorem 3.1, we have

Z(C;l_l)z :Z(Czr'l)z_sn+2 _>0-2+Zﬁj2'

2
bs,

This implies

Therefore 5
£ (ED
b2 Y (-5,

Sn 1

Therefore, a, goes to infinity whenever
Sy + Zi< j C?C?
X(cf)?
3.3.2 All subsequential limits of the cumulative profile satisfy the IVP
We introduce the functions f which play the role of the sample paths of X.

Definition 3.6. An admissible breadth-first function is a non-negative function f, which is cadlag without
negative jumps, starting at a non-negative value and with absorption time { = {(f) =inf{t > 0: f(t) =
0} € (0,00).

For admissible breadth-first functions f, the initial value problem IVP(f) is defined as

Dic=foc and ¢(0)=0.

For A € [0, 0], define the function i* by

Ao o[ dr
z(t)-?t—i—/of(r) re0,¢],

and the value
Aoy :=i*(04) = inf{t > 0: c*(r) > 0}

where ¢ is the right-continuous inverse of i*, with ¢* = 0 if either A = oo or [jdr/f(r) = oo for some
t € (0,{). By convention we write i := i’ and ¢ := c". It is known the inverse c of i satisfies IVP(f). This
is a solution which is identically zero if i(t) = oo, or immediately becomes positive when i(f) < eo, for
some 7 € (0, ). The function c is the cumulative Lamperti transform of f, and plays an important role in
the next proposition.
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For an admissible breadth-first function f define the functional inequality

/f oc(r)dr < c(t) — c(s /foc s<t. (3.13)

Note that any solution to this inequality is continuous and non-decreasing on [0, ), because f_ is a non-
negative function. Also, any solution to IVP(f) satisfies (3.13), so we have always a solution (as noted
after Equation (5) in [CPGUB13]). In fact, all the solutions are characterized as follows.

Proposition 3.7. For A € [0,) define the function

0 if t€[0,1]
F)=X c(t—21) if reAA+i(0))
¢ if t €[A+i(C),o).

Define also c* =0 if & = oo or [ dr/f(r) = oo for some t € (0,§). Then, all the solutions of (3.13) are of
the form At In particular, when i(t) = o fort € (0,§), the unique solution is the zero function.

Proof. Assume there exists a non-zero solution d to (3.13) and define
=inf{r > 0:d(t) > 0}.

Then, fort > 0
A+t A+t

food(r)dr <d(A+t)—d(A) < A fod(r)dr.

The function d, () = d(A + -) satisfies (3.13) and is positive on the interval (0, €), for some € > 0. We
now show that dj = ¢, which proves the proposition. To ease notation, we write d instead of d .

Let 7(d) =inf{sr > 0:d(¢t) = {}. Then d is constant on (7(d), o) because f is absorbed at time {. By
definition, d is positive on the interval (0,¢&’) for some € > 0. Consider € = 7(d) A €. The left-hand side
of (3.13) is positive on (0, €) and therefore d is strictly increasing on this interval. So, we have equalities
in (3. 1%) Hence, d is a solution to IVP(f) which is pos1t1ve on (0,).

Let i be the inverse of d on [0,{). On this interval, 7 is increasing, continuous, and with values on
[0,00). Let 0 < r < . From the definition of the IVP, the right-hand derivative of d evaluated at i(r) is
equal to fod(i(r)) = f(r) > 0. Hence, by the formula for the derivative of the inverse function and the
fundamental theorem of calculus (for Riemann integrable derivatives)

dr

oo > I(t /D+z Ydr = tm:i(t)—i(s) O0<s<t<{.

Because d is continuous at 0, then (s) — 0 as s | 0. Therefore, we obtain

"y <o ViE[0,0). (3.14)

It remains to prove that 7(d) = i({). But this is clear from (3.14), because lim;¢ = lim4 ¢ i. This implies
that d = c.

Finally, when i(¢t) = o for ¢t € (0,{), the unique solution is the zero function because, a positive
solution would imply by (3.14), that i(f) < e for ¢ € [0, {). O
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Remark 3.2. Note that ¢* satisfies IVP(f) for every A.

As in the previous section, we denote by a” : [0, 1] — [0, 1] the increasing bijections required for the
convergence on [0, 1] of /" to f. For the next result, we introduce the definition of convergence in the
space D(R,R) of cadlag functions with domain R taking values on R, under the Skorohod topology.
This is obtained from Theorem 16.2 Chapter 3 of [Bil99] (cf. Section 2 of [Whi80]). Consider functions
g",8 € D(R4,R). For 0 < v < oo, denote by ||g||, = sup,, |g(r)| the uniform norm of g on [0,v]. More
generally, for 0 < u <v < oo we write |[g]],,,) = SuPugrg_v |g(r)|. The functions g" converge to g in the
Skorohod topology, denoted by g" — g, if there exists increasing bijections " : R, — R, such that for
every continuity point v < o of g, we have

1" —1d||, =0 and ||g"—goB"||y —O. (3.15)

The functions (B",n € N) can be chosen as the identity when g is continuous. Note that the space
D(R4,R) is not complete under the metric we are defining. Nevertheless, Theorem 12.1 of [Bil99] says
this metric is equivalent to some d° such that (D(R,R),d°) is a complete metric space.
Define, for a random variable A € [0, o],
t ds

N =A+ ) X0 t €[0,1] (3.16)

with the conventions I* = oo on {A = o} U{ [} ds/X(s) = oo} for some ¢ € (0,1], and I := I°, with X
the Vervaat transform of an EI process on [0,1]. Define C* as the right-continuous inverse of I, and
Aoy = inf{r > 0:CMt) > 0}. Thus, C* is defined as ¢* from Proposition 3.7, but using the cumulative

Lamperti transform C of X. For the next result, we use Proposition 3.7 and a simplified version of the
proof given in Theorem 3 of [CPGUB13] (also, compare with Theorem 1.5, Chapter 6 of [EK86]).

Proposition 3.8. Under the assumptions of Theorem 3.1, let (X" ,n > 1) be the rescaled breadth-first walks
of trees (Ty,n > 1) with law P, as in (3.10). Let X be the limit of (X",n € N). Consider the rescaled
cumulative profile C" of t,. Then, (C",n > 1) is sequentially compact for convergence in distribution
uniformly on compact sets, and every subsequential limit of ((X",C"),n > 1) is of the form (X,C) where
C satisfies C; = féX oCqds.

Proof. We prove tightness of (C",n € N), which together with the tightness of (X", n € N), implies tight-
ness of ((X",C"),n € N). Recall that 0 < C" < 1, so the sequence (C",n € N) is uniformly bounded. Note
that

0<DC"(s) = X" o C"(ans|/an) < [|IX"]|

and so the modulus of continuity
©,(8) = sup{|C"(1) =C"(s)[ : [t —s| < 6}
of C" satisfies @,(8) < ||X"||8. Therefore
P(w,(6) > ¢) <P(||IX"|| > €/9).

Using Theorem 13.2 in [Bil99], the right-hand side can be made as small as we want uniformly in n if 6
is small enough. Hence ((X",C"),n € N) is tight.



CHAPTER 3. ON THE PROFILE OF TREES WITH A GIVEN DEGREE SEQUENCE 70

Suppose that (X, D) is a subsequential limit of ((X",C™),l € N). By Skorohod’s theorem, we assume
the convergence takes place almost surely. Suppose we have proved that for any 7 > 0

X _ oD< limlian”’ oC" <limsup X" oC" <XoD on][0,T]. (3.17)
!

Then, using Fatou’s lemma, for0 <s <t <T
/XoD( )dr < D(1) /XoD (3.18)

It remains to prove (3.17). We start with the equality
X"oC"=(X"oC"—Xoa"oC")+XoaoC™".

The difference in parenthesis is bounded above by ||X™ — X o a™ ||, which goes to zero. The convergence
of a™ o C" — D follows by adding the terms +=C"":

sup | o C" (|anu]/ay,) — D(u)| < || —1d|| 4 sup |C" (|anu] /a,) — D(u)| — 0. (3.19)
u<y

u<y
Then, because X is cadlag and has only positive jumps

X,nglimlianooc"loC’”glimsupXoa"’oC’”gXoD. O
!

3.3.3 Obtaining all subsequential limits of the profile

The next step is to obtain all subsequential limits of X" o C"*. We need some definitions.
Let ¢ be a non-negative, non-decreasing continuous function ¢ : Ry +— [0, 1]. Denote by b and i its left
and right-continuous inverses, respectively.

Definition 3.7. An admissible cumulative profile function is a non-negative continuous function c : [0,0) —
[0, 1], such that

1. is zero on the interval [0,i(0)],
2. is strictly positive on [i(0),b(1)],
3. stays at one on [b(1),00).

Note that in the definition, we allow i(0) = oo or b(1) = . If we consider A := i(0), we can also
denote ¢ = c* to express the dependence on A, and analogously i* .= i for its right-continuous inverse.

Lemma 3.2. Consider a sequence of non-negative cadlag functions (f",n € N), starting at a non-negative
value and with absorption time {(f") = 1. Let f be an admissible breadth-first function with absorption
time §(f) = 1. Also, consider admissible cumulative profile functions (c",n € N) and ¢*, where ¢ # 0.
Suppose that f* — f in the Skorohod topology and c" — c* uniformly on compact sets. Then

fnocnﬁgfocﬂ,

in the Skorohod topology.
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Remark 3.3. Lemma 3.2 could be proved as in Theorem 3 of [CPGUBI3], using Theorem 1.2 of [Wu08].
Indeed the conditions of the latter hold since f is continuous at O and 1, which are the only possible
discontinuities of i*. For completeness, we include the following proof, adapted from the proof of Lemma
3of [Kerll].

Proof. First suppose that A < e0. Let 0 < u < v < r be continuity points of fo At Using Lemma 2.2 of
[Whi80], convergence of " oc” on [0,r] follows from its convergence on each of the subintervals [0, u],
[u,v] and [v,r].

The simplest is the middle interval whenever 0 < i*(€) = u < v=i* (1 —¢) for some € € (0,1/2) where
€ and 1 — € are continuity points of f. Indeed, the definition of admissible cumulative profile function
implies that for n large enough, ¢” and ¢ are strictly increasing on [u,v]. If || /" o o — f| e,1—e] — 0 and
(a,n € N) are increasing homeomorphisms on [€, 1 — €] converging uniformly to the identity, we can
define B = i* o a o ¢ to obtain

|i* o a0 —1d ||, — 0

A

because i* o " o ¢" — i* oc* =1d on [u,V]. Also,

If"oc" = foctop”|

The right-hand side goes to zero because ¢”*(u) — €, ¢"(v) — 1 — €, and both limits are continuity points

of f.

Now, we choose v and r such that || f"oc" — fo Cl”[v,r} is as small as we want. Let t+(¢g) = inf{z :
(bl 5,1] < 2€ for n large enough. Then

[uy] = an oc" —fo o OCnH[u,v] = an —fo anH[c”(u),c"(v)]

1foc* | = 1 ey er ) S Wl < € and [ f o[y < L ey 1y-

Also, since the interval [¢"(v), 1] converges to [V, 1] and f is continuous at v (by the lack of negative
jumps), then || f{|(n(v),1] < 3€ for large enough n. Hence ||f" oc” — fo c* |[v,) < 4¢€ for large enough n.

A similar argument proves that |[f” o ¢" — f o ¢*||, can be made smaller than & for large enough n
by choosing u adequately. The latter works also when A = oo (in which case f oc¢™ = 0), but for any
u>0. L

3.3.4 All subsequential limits of the (cumulative) profile converge to the (cumula-
tive) Lamperti transform

Using Theorem 3.2 of the next section, we now prove that the rescaled cumulative profile converges to the
cumulative Lamperti transform of X. Actually, we prove the joint convergence under the product topology
of the rescaled BFW, the rescaled cumulative profile and the rescaled profile.

For the next lemma, denote by Z = X o C the Lamperti transform of X.

Lemma 3.3. Assume the hypotheses of Theorem 3.1. Furthermore, assume | 11/2 1/X(s)ds < o a.s. Let Z"

be the rescaled profile of a tree with law Ps,. Then, for any bounded continuous function F on D(R., R, )3
we have the joint convergence

E(F(x",C",Z")) - E(F(X,C,Z)).
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Proof. In Theorem 3.2 (below) we prove that

IP’(AG (0,5, I;st/x@ < oo) = 0.

Since |’ 11/2 ds/X(s) < e a.s., then P(A € (0,00]) = 0. Recall from Proposition 3.8 that every subsequence

has a further subsequence such that Y := (X", C™) — Y := (X,C7), and set Y = (X, C), where C is the
cumulative Lamperti transform of X. For a continuity set A of the distribution function of YA, we have

lim P(Y" € A) = IP(YA eA)
—P(r*ea,n=0)
—P(Y € A,A =0)
=P(YecA).

. . , d
Since the limit does not depend on the subsequence and by Portmonteau’s theorem, we have Y" — Y.

By Skorohod’s theorem, we can assume such convergence takes place almost surely. Note that, C and
C" are admissible cumulative profile functions for every n. Hence, from Lemma 3.2 we have

X'oC"E XoC=2.

This implies (X",C",Z") — (X,C,Z) a.s. on D(R,, R, )3, and therefore convergence in distribution fol-
lows. O]

From the previous lemma we have

(1)1 € [0.1(0)) £ (X o1V (0).0 € [0.1(1)])

which has been established in a similar context in Equation (3) of [AMPO04]. The equality is a generaliza-
tion of Jeulin’s identity, given in Chapter 4 of [JY85].

It remains to show that having a positive limit of the form C? for A € (0,o0] is the result of trees with
an asymptotically thin base.

3.4 Asymptotic thickness of the base

Through this section, we assume the hypotheses of Theorem 3.1. Recall from Proposition 3.8 that (C",n €
N) is sequentially compact. The objective of this section is to prove the following result.

Theorem 3.2. Assume the hypotheses of Theorem 3.1 are satisfied. Let C™ be any subsequential limit of
(C",n €N), and IN(-) = A+ [yds/X (s) its right-continuous inverse. Then

IP’(AE (o,oo],/l1 ds/X(s) < oo) 0. (3.20)

/2
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The reader can imagine the event on the left-hand side, as the limit of trees having a base of the form
of a cord with size approximately A, after that, a giant subtree starts to grow, attached to such cord, there
can be other cords with (possibly) giant subtrees growing after height A (see the tree on the left in Figure
3.110).

To prove Theorem 3.2, we use a path transformation for discrete time EI processes which is very easily
visualized on the tree they code. Recall the 213 transformation was introduced in Definition 3.4 for plane
trees, and an example is given in Figure 3.10. Consider a tree 7, with law Ps , an independent uniform
variable U, € {2,...,s,}, and h € N. We define a new tree 7, as follows: if the height of U, is greater than
h, then 7, is the 213 transformation of 7, cutting at U,, and N,;, where N, is the ancestor of U, at distance
h; if the height of U, is at most A, then 7, = 7,,. We will use this transformation for individuals near the
top of the tree. To give a formal definition of what near the top means, we need some lemmas regarding
the convergence of the heights of the first and last individuals.

We work on the space where there is a.s. convergence (X™,C") — (X,C?), for some deterministic
subsequence (n;,1 > 1). Write only (X!,C") — (X,C?) to avoid cumbersome notation. We introduce the
hitting times of (£,0) by C'.

Definition 3.8. For € € (0,1) and | € N, define the first height that the rescaled cumulative profile has
more than € individuals as

Aje=inf{t >0:C(t) > €}.

Recall from (3.16), that inf{t > 0: C*(¢t) > €} = I"(¢) = A+ I(¢) for any € € (0,1). We prove that
the height given in the above definition, converges to the height where the limit C* first accumulates &.

Lemma 3.4. For every € € (0,1), we have Aj ¢ “3 A+1(g) as | — o.

The proof of this Lemma is given in Subsection 3.4.2. By monotonicity and Borel-Cantelli, we can
consider limits in which € of the previous lemma also depends on /. This is stated in the next lemma.
To state it, we introduce notation for typographical convenience. For some subsequences <nlzl’k eN)

and (n;2,k € N) we write them as (n(1'(k)),k € N) and (n(I*(k)),k € N). Also, we will only write

Apg = An(ll(k))’%ﬂ(k)) and Ag 1-g, 1= Ay ()1, 20 when referring to the hitting times evaluated on
the previous subsequences. Define Ao, = inf{t > 0 : CA(¢) > 0}, and note that Ag, = A whenever
I(1/2) < oo, and Ag = o otherwise. We prove that jointly, the height of the first individuals in the tree
converges to the height were C* starts to grow, and the height of the last individuals in the tree (from the

height of half the tree) converges to the corresponding heights of CA.

Lemma 3.5. Consider any sequence €, | 0. Then, there exists deterministic subsequences (n(1'(k)),k €
N) and (n(1%(k)),k € N) such that

a.s

(Akgpr Mk1—g = Di1/2) = (Aot  I1(1) —1(1/2)) as k — oo,

where in the right-hand side, we interpret I(1) —1(1/2) as fll/z ds/X(s).

Indeed, from the proof of this lemma, we can prove that the previous convergence takes place together
with X" and C" on the product space D(R,, R )?. Also, we remark that the choice of 1/2 is arbitrary, and
the lemma works for any a € (0,1).
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Remark 3.4. In the following, we will use the temporal rescaling a5, = si/bs,, which comes from the
Lamperti transform in Subsection 3.3.1. For ease of notation, we sometimes put the superscript (k) to

refer of such rescaling, for example, for & > 0, we write A%) := |Aag, |, and also A,(ckgk = [Ake s )
To prove Theorem 3.2, we fix any A > 0 and prove
P(A € (A,00),1(1)—1(1/2) < o0) =0. (3.21)

We use this case to deduce P(A =eo,(1) —I(1/2) < o) = 0. The proof of Theorem 3.2 is done in the

following way. It is proved in Section 3.4.1 that (%,U) 4 (t,U). Let 6, ) 0and A; € (0,A/2). In
Subsection 3.4.2 we prove that for n big enough and under the event of Equation (3.21), near the top of
the tree, that is, at height A,(ff_ o l](k) , there is one vertex v having at least | §,s; | descendants, for every
k big enough. This will be referred to as a giant subtree. It is a subtree with a lot of individuals, almost
all of them between its first 7Ll(k) generations. In Section 3.4.3, we use the 213 transformation to obtain a

tree which is fat near the root, thin in the middle and fat after that. The ideas are:
1. Intersect with the set Ag1—g — A1 > Ag 10

2. Consider two heights i(vg, 1/2) < h(vt, 1/4) where the giant subtree is fat: up to h(vy,1/2) there
is at least half of the size of the giant subtree, between h(vy,1/2) and h(vi,1/4) there is at least
quarter of the size of the giant subtree.

3. The probability that Uy (the uniform variable used for the 213 transformation) be in the giant subtree,
between heights h(vy,1/2) and h(vy,1/4), is at least 8, /4.

4. Apply the 213 transformation cutting at Uy and N, this one having distance ll(k) from Uy. Note that
Ny is an ancestor of vy.

5. On such events, the transformed tree 7; has

(a) at least &,s;/2 individuals up to height (24,)%),
(b) less than 2&;s; individuals between heights {(24,)®),... 20},
(c) approximately at least s; /2 individuals after A %),

6. Such tree has the same distribution as the original, but its cumulative Lamperti transform is constant
between two intervals where it increases. This has probability zero.

In Figure 3.11 we show a representation of point (5).

3.4.1 The 213 transformation

The aforementioned transformation of a tree is easy to formalize using the associated depth-first walk.
Nevertheless, it will be applied to the breadth-first walk.
Lets, € Nand x; € NU{—1} for i € [s,] such that )" x; = —1. Consider the discrete time excursion w

with partial sums w; = Z'{ x;, starting at zero and non-negative up to time w,, = —1. The tree 7, generated
by w is labeled in depth-first order. We now define the 213 transformation of T,, denoted ¥, ,(T;,). Let
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Figure 3.11: On the left, the original tree. The giant subtree has root vy, and the distance between v; and any of its

descendants at height A,(ckl) _g, is bounded by ll(k). The uniform variable Uy is in such subtree, between heights h(vy, 1/2) and

h(vy,1/4) (gray). The ancestor Ny of Uy, at distance 7Ll(k) , is an ancestor of v;. After applying the 213 transformation (figure on
the right), the new tree is fat before height (24;)%), thin between heights {(2A;)*),..., A%}, and again fat after A ().
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Figure 3.12: Recall the notation of the subtrees obtained after cutting at n and u the tree 7,,, as in Definition 3.4. In the
top excursion, the subtree T,(1,n) is represented in black, T, (n,u) in blue and T;,(u) in red. The bottom excursion is T, after
applying the 213 transformation. The root of the grafted subtree T;,(1,n) will have label nj, =u—n+1in T,.

Awj:=wj—w;_; be the jth increment of w (number of children of j). Choose a vertex n € {2,...,s,} in
the tree which is neither the root nor a leaf, and let
dy=inf{je{1,....sp—n+1} :wp_14j—wy_1 = —1}

be the length of the excursion starting at n (this is equivalent to |7,,(n)| + 1). Notice that a vertex n is a
leaf iff d,, = 1. Consider any vertex u € {n+1,...,n—1+d,}, implying n is its ancestor.
Denoting by ¥, ,(w) the depth-first walk of the transformed tree ¥, ,(7},), we decree:

AW,1,1+j iflgjgu—n
ij_(u_n) fu—n+1<j<u—1
AY, (W) =19 AWusju ifu<j<u—1+d,
AWy i gt j— (utdy) fu+d, <j<s,4u+d,—n—d,

Awu—ﬁ—d“—l-j—(S,l—ﬁ—u—&-d,,—n—dn—kl) ifsp+ut+dy—n—dy+1<j< sy
Figure 3.12 shows the transformation of the depth-first walk.

Using a uniform law on the vertex u and choosing »n in an adequate way, we prove the invariance of
the law PPs, under a 213-type transformation.
Define the space of all excursions coding a tree with given degree sequence s, by

&5, = {w: wis an excursion with degree sequence sy }.

Given an excursion w € &, the natural numbers u € [s,] \ {1} and 2 > 1, we construct w as follows. In
the tree generated by w, if h(u) denotes the height of the vertex u (its distance to the root), when

h(u) > h, (3.22)
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let n be the ancestor of u at distance h, and define w = ¥,, ,(w). If condition (3.22) is not satisfied, define
w=w.

Lemma 3.6. For fixed h > 1 and u € {2,...,s,}, the transformation ®y,,, : &, — &, sending w to W is
bijective.

Proof. 1t is easy to prove that u satisfies (3.22) for w iff u satisfies (3.22) for w. Being a transformation
between finite sets, it suffices to prove it is onto. Consider w € &,. If u does not satisfy (3.22) for w,
define w :=w. If u satisfies (3.22) for w, choose the vertex n;, = u —n+ 1 at height 4 which is its ancestor.
Define in this case w =¥, 11,4 (w). Hence, the explicit bijection is

w= an,u(lPu—n-i-Lu(W))- O
We now prove the aforementioned equality in distribution.

Proposition 3.9. Let Wy, be the depth-first walk of a tree with law Ps,. Consider an independent uniform
rv. U on{2,...,s,} and a natural number h > 1. When (3.22) is satisfied for the Uth vertex in the tree
generated by W;,, let N be the only ancestor of U at distance h, and define Wy, := Yy u(Ws,) the 213
transformation of Wy, at N and U. If (3.22) is not satisfied, set Wy, := Wj,. Then, we have

(Wsn’U) i (WsnaU)'

Proof. Consider any excursion w € &, and u € {2,...,s,}. Using the bijection ®, of Lemma 3.6 and
the independence between the tree and U

P(Wi, = w,U = u) = P(W,, = &, 1(w),U =) = P(W,

Sn

=w,U =u),

using that W;, is the excursion of the tree 7, with a uniform law. L]

We will use this proposition with trees labeled in BFO. In that case, let (W, ,U) be the BFW of a tree
T, with law s, and U a uniform r.v. on {2,...,s,}. We define W;, exactly as before, that is, if 2(U) > h
we cut both at U and its ancestor at distance /4, and leave unchanged the excursion if 2(U) < h. Since
there is a bijection between (7s,,U) and the same tree but labeled in DFO, together with the new label of

U, then also in this case (Wj,,U) L, ,U).

3.4.2 Existence of a giant subtree

In the following, assume that we are working on a space where the rescaled BFW’s and cumulative
Lamperti transform converge a.s.

Proof of Lemma 3.4. Recall that Ao, = inf{r > 0:C?(t) > 0}. First assume ® € {A¢, = o}. Using such
o implicitly, then C! — 0 on [0,M] for any M > 0. Hence, we have C! (M) < e and A; ¢ > M for every [
big enough. It follows that A; ¢ — 0.

Now, assume

o € {Agy < oo} ={CMo0) >0} = {IMa)=A+1I(a) <o,Vac (0,1)}. (3.23)
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Using such @ implicitly, for € € (0,1), consider § such that 0 < € — § < €+ < 1. Then, for every
ug > A+1(€+ 0) exists Ly, such that

CMu) =8 < C'u) < CMu)+8 V1> Ly, uc0,u).
Substituting u in this inequality with the values A+ (g — &) and A+ 1(€ + &), we obtain
C'(A+1(e—38)) <e<C(A+I(e+0)).

Therefore, for every [ > L,
A+1(e—08) <Ag <A+I(e+9).
Letting / — oo and then 6 | 0 we obtain A; ¢ — A+1(€). O]
To prove the convergence of the heights for the first and last individuals, we need some definitions.

Fix any points 0 < a < b < 1 of X, and note X is continuous on both points since it only jumps at uniform
times. For Al = | A, 4ay, | /ay,, define the processes

X! = (X' (C(A)+v),vel0,b—C(A)]) and X,= X(a+v),ve[0,b—a]).
Since X,(0) = X(a) > 0 and X, is absorbed at zero or positive, by Proposition 1 of [CPGUBI13], the
equation D C, = X, o C, has a unique solution C,, with inverse /. It is easy to see that

L(v) = va5(2) —I{a+v)—I(@)  ve[0,b—dl.

Consider also the solution C/, to the equation

t
= [ XioCifluay ) /ay)du
which is unique by its definition as a recursion (see Equation (3.12)). We prove that
CL(t) =CH(A +1) - C!(AD), t€[0,A,— A (3.24)

is such solution. Using Equation (3.12), and substituting the values of X/ and C!,, we have for#; <t < ;41

() = /0 X! o CL(|uay, | /a5, )du
=CL(t))+ (t —1;)X o CL(1;)
=C' (A +1) = C'(A) + (1 —t)X o C' (A +1;)
=Cl (A +1)+ (A +1—t; — ADX o CH (A +1;) — CH(AD)
=Cl(N +1)-C'(A),

using the fact that there is a j such that for 7; := Al +1;, then ¢ ;< A4t <t j+1. From these definitions,
we can prove the following lemma.

Lemma 3.7. Forany 0 <a <b <1, we have A, — A; , — fab ds/X(s) a.s. as | — co.
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Remark 3.5. Recall that I(b) —I(a) := ff ds/X (s). Thus, even if A; , — oo because A = oo, the integral
A p — A4 converges to a finite quantity in this case.

Proof. By definition
a=Cl(A1.)=C(A)+ (A1, — A)X o CY(A)),

and note that A; , — A! <1/a;, — 0 and X' oC!(A!) < 2||X|| < oo for [ large enough. This implies C'(A!) —
a, and therefore Xé — X, > 0 a.s. by Lemma 2.2 of [Whi80] and Proposition 6.5.a of [EK86]. Then, by
Theorem 3 of [CPGUB13] we have C}, — C, uniformly on [0,1(bh) —I(a)]. This convergence implies the
convergence of its inverses, analogously as in the proof of Lemma 3.4 (cf. Theorem 7.2 in [Whi80]); since
I, is continuous, the convergence takes place uniformly. If I/ is the inverse of C., then

Arp—ANag=Ap—AN+AN A,
=inf{t: C'(A'+1) — C'(A") > b—C'(A)} + A — A1,
=I(b—-C(A))+A — A,
— I(b—a),

which equals I(b) — I(a) by definition. O

Proof of Lemma 3.5. Recalling Equation (3.23), we have Ao +1(€) — Ao+ as € | 0, since either both
sides are finite or infinite. Thus

(Aot +1(6) [(1 =€) —1(1/2)) 3 (Aor (1)~ 1(1/2))  as 1 —>e.

Hence, this convergence is also in probability. Let (;k € N) be any summable sequence of positive reals
decreasing to zero. Fixing k € N, and using a distance d that generates the usual topology on [0, ]2, we
know that for 0y exists l,f € N such that

B(d (Aot +1(En),1(1— &) — 1(1/2)) , (Aor (1)~ 1(1/2))) > 8/2) < /2 V1> 1.

Without loss of generality, assume l,% > l,%_l. By Lemmas 3.4 and 3.7, we have

(ALEW%) At~ AL /2) ¥ (Aoy +1(e,p) 11— 8,) —1(1/2))  as I e

Again, this implies convergence in probability. Thus, for the same &, > 0 exists l,l € N such that

P (g A1-g g, ~ Arajo) o+ ey 11 ) = 1(1/2) ) > 82) <82 Vi
We assume l,l > l,l_]. Joining the previous inequalities and using the triangle inequality

P(d (kg Ak 1—e, — Ar1/2)s (Aoy, 1(1) —1(1/2))) > &) < 6.
We conclude the proof using Borel-Cantelli lemma. L
Remark 3.6. In the following, we work with the subsequences given in Lemma 3.5.

Sometimes, we will use the notation 7*(-) := A, for the inverse of C*.
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3.4.3 Trees are not asymptotically thin at the base

In this section we prove our main result, Theorem 3.2. In the proof, we will apply the 213-type transfor-
mation to a tree T; using a uniform variable Uy, and its ancestor Ny at distance ?Ll(k) (see Proposition 3.9
and its discussion); the value A; will be specified later. Define Xk, C* and Apg as Xk, C* and Ay.g, Where

defined, but for the transformed tree 7. Because X* 4 X*, then C* 4 Ck and Apg, 4 ;\kﬁk-
To prove the result, we first restrict us to A € (A,00) for some fixed A € (0,0), and compute

P(A € (A,00),I(1) —1(1/2) < 00) = i;ﬁP(A € (A,00),1(1) —1(1/2) < X3)

Fix A} > 0 and define A A, as the set inside the last probability. We need a lower bound on the distance
between Ay ;> and Ay 1 ¢, hence for any fixed A, € (0,4;) we split

P(A@ - IP(A% N{I(1)—1(1/2) € (7@24)}) +IP’<A,1£ N{I(1) —1(1)2) < /12}> (A)

The first term on the right-hand side will be denoted by A1. We will prove that A1 equals zero for every
(fixed) A, € (0,A}). This would imply

P(Ay) < lim P(/(1) —1(1/2) < %) <PU(1) = 1(1/2) = 0), (A)
which has probability zero since | 2ds/X(s) > 0as.

To prove Al has zero probability, we decompose it using the set where there is a giant subtree at the
top of the tree. For a plane tree 7} with s; vertices, let u € [s;] be any vertex on 7. We denote by Tj(u) the
subtree generated by u in the tree T (a tree with root u and all its descendants). When v € [0, 1] is such
that [vsy | € [s¢], we also refer to v as a vertex in the tree (and write T;(v) instead of T (|vsg])). Let 8, | O.
For any n,k € Nand A, € (0,4 A A;), consider:

A(n, k) = {there exists a vertex vy at height A’ % l( ) such that | T (vi)| > Onsic}-

Recall that Lemma 3.5 implies Ag ¢, — Ao+ > A. Then, intersecting with A(n,k) and A(n, k)¢, we bound
Al as follows

P(A € (A,00),1(1) —1(1/2) € (A2, 23))
< P(lim {Ake > A Ak1—g, —Ag1)2 € (127%,)})

< hmhmIP({Ak g > A Api—g, —Mii2 € (A2, 42) } NA(n k) ®)
—|—hmhmIP’({Ak1 —e, —Mi1p2 € (A2, 45) F NA(nk)) .
The first and second term on the right-side will be denoted by B1 and B2, respectively.
For arbitrary € € (0,1/2), we split B2 as
hmhmIP’({Akl e —Mi12 € (A2, 47) } NA(n,k)°)
< Timim P ({Ak,l_gk —Acij2 € (Ao, 24),CH(Agy g — M) < 1— e} mA(n,k)C) ©)

+@P (Ak,lfek —Ap1j2 € (A2,25),CE(Ap1—g, — M) > 1 —8> :
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and denote by C1 the first term on the right. Similarly as in A, we shall prove that C1 is zero for fixed €.
Thus

limim P ({Aki—g —Axis2 € (A2, 43) } NA(n,k)°)

o . (D)
<P (E%lliin{/\mek —Ac1jp € (A2, 13),CH (Mgt g — M) > 1— s}) .
Denote the right-hand side by D1.

Informally, the reason to decompose in such events is to obtain a giant subtree growing in the last A;
generations (which is B1), and prove that A > 0 cannot happen using the 213 transformation by moving
such giant subtree to the base of the tree. For the existence of the giant subtree, we have to prove there
are a lot of individuals in the last A; generations, that is, to prove D1 equals zero; then use this to prove
that when there are a lot of individuals in the last A; generations, one vertex at such height has a lot of
descendants, which is C1. The steps of the proof are the following. First we prove D1 is zero, then prove
the same for C1. Both imply B2 is zero. Then we prove B1 is zero. Hence, we have that A1 is zero, which
also implies, by A’, that P(A € (4,00),1(1) —1(1/2) < o) =0.

D1 equals zero: the last A, generations have a lot of individuals

Leta € (0,1/2) and consider 0 < A; < A,. Here, we prove that even when A = oo (that is, in the limit there
are zero individuals at any fixed height), if we erase the first | as; | individuals, the limit of the cumulative
profile will be positive, using Lemma 3.5. This means that above height Ay ,, there are a lot of individuals.
Actually, we prove that

D 12%@{/\1@1—&( —Ag1j2 € (M2,0),CK(Ap g, — M) > 1 —8} =0.
€

On the event D, over a subsequence, at least 1 — € individuals are below height A; from the top of the
tree. To simplify notation, we denote with the same k such a subsequence. Assume that on D, there exists
ay, € (0,1 —a), such that

lim (C(Ak1-g) = C(Ak1-e,— 1)) = 1 —a—az, >0. (3.25)

This would imply that on D, adding to C* (Ak1—g — 1/ay,) the terms +Ck (Ak,1—g — A1), the condition
C*(Ak1-g — A1) > 1 — € implies
1—g > 1—e+CH(Agi—g — 1/a5) — CX(Aki—g — A1)
Hence, taking the limit first with £ and then with &, by (3.25) we obtain
D c%{](l) —I(1/2) € Mg,00), 1> 1—€4+1—a—ay } =0.
&

Hence, it remains to prove (3.25) to obtain D1 equals zero. Note that any fixed a € (0,1/2) is a continuity
point of X (since X only jumps at uniform times). Consider the processes XX and X, on [0, 1 — ], defined

on page 78. Consider also the associated solution C, and its inverse I, of IVP(X,). By Equation (3.24),
the expression inside parenthesis in (3.25) can be written as

CEIF(1 — &) = CH(I*(1 — &) = M) = Ca(I*(1 — &) — A*) = Co(I*(1 — &) — A" = 1),
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were we recall that A¥ = | A, 4ay, | /ay,. Note that the above expression is well-defined since a € (0,1/2)

and
F(1—g) — A>T — &) —15(1/2) > 20 > Ay (3.26)

From Lemma 3.5, we obtain I*(1 — &) — A* — I(1) —I(a) = I,(1 — a), which is finite on the event of
interest. Also, in the proof of Lemma 3.7 we obtained the convergence CX — C, uniformly on compact
sets. This implies

lim (Ck(lk(l — &) — CK(IF(1 — &) — Al)) = Co(la(1—a)) — Ca(Ia(1 —a) — Ay). (3.27)

Let ay, € (0,1 —a) be such that
M=1L(1—a)—1ay,).
Such value exists because the function g(x) = I,(1 — a) — I,(x) is continuous on [0, 1 — a], and satis-

fies g(1 —a) = 0 and g(0) > A; by (3.26). Hence, the right-hand side of (3.27) equals C,(I,(1 —a)) —
Cu(lu(ay,)) =1—a—ay, >0.

C1 equals zero: some vertex at height A; from the top of the tree has a lot of descendants

Denote the event in C1 as C(n,k). On C(n,k), every individual at height A,((kff . 7Ll(k) has less than &,s
descendants (by the definition of A(n,k)). Also on such set, the number of individuals at height greater

than A,(ff_ g ﬂ,l(k) are greater than €sy, since

1= Ck(Ak’lfgk - 2,1) —|—Ck(°°) —Ck(AkJ,gk — )ul) <l-—¢ +Ck(°°) —Ck(AkJ,gk —ll).

Since the number of individuals at height greater than A,(Ckl) e ll(k) is equal to the number of descendants
of the vertices at that height, which is also the elements of the subtrees growing at that height minus its

roots, then

e |7 (vj)| — 1
Jh(vj)=Ag1—g, =M Sk
< ZM(Ag1—g, —2)(80— 1/sk)
<|[1x"(|8,
< 2|X|[6n,

for k big enough, where the last rows are true since X¥ — X and Z¥ = X* o C¥ (see the definition of Z in
page 66). Thus, for € fixed, we can bound C1 with

P(@{s < 2||X||5n}> ~ 0.
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B1 equals zero: moving a giant subtree to the base of the tree
We prove that, for fixed A; € (0,A/2) small enough we have
@@P (Ak7gk > A,Ak_‘l_gk _Ak,l/Z & (Az,)ﬂé),

exists a vertex v at height A,(fff 6 ll(k) with | (vi)| > 6nsk> =0.

Denote the set inside the probability as B(n,k). Now we formalize the steps given in page 74, using the
213 transformation to move a giant subtree to the base of the tree. First we need some definitions.

Definition 3.9. Let T be a tree and v a non-leaf vertex in T. For any hy,hy € NU{eo} with h(v) < hy < hy,
let

[T (v)|(h1,hy) = {number of individuals in T (v) having height h € {hy,...,hy} in the tree T }.

We also define |T (v)|(hy) := |T (v)|(h(v),h1), the number of individuals in T (v) up to height h in the tree
T.

Lemma 3.8. Let 2A; < Ay < Aj and 241 < A. Then for every n big enough

@P(B(n,k)) =0.

Proof. Define the first height where the subtree 7 (vy) has at least half of its size:
h(vi, 1/2) = inf{h > h(vi) = |1(vi) [(h) = |5(vi)[/2},

and the first height & after h(vg, 1/2), where the subtree 7;(vy) accumulates a quarter of its size between
{h(vi, 1/2)+1,... h}:

h(vi, 1/4) = inf{h > h(vi,1/2) o |5 (i) [(A(vii, 1/2) + 1,h) > |5 (vi) | /4}-

Note that h(v,1/4) < A,(Ckf_gk with high probability. This is true because, letting z; (v, 1/2) :=
|t (vi)|(h(vk, 1/2),h(vi, 1/2)) be the number of individuals in 7 (vy) at height i(vg, 1/2), by definition
|T%(vi) | (h(ve, 1/4) — 1)
= 2V, 1/2) + |1 ie) [ (A (vie; 1/2) = 1) + [ 1 (vie) [ (A (vie; 1/2) + 1, h(ve, 1/4) = 1)
< S\Tk(vk)|/4+zk(vk,1/2).

(k)

By definition, above height A, 1—g, there are at most s individuals. Hence, on the event B(n,k) N

{h(v,1/4) > A,(f)f sk}’ all the individuals in 7 (v¢) having height at least i(vg, 1/4) are at most sy, thus

se€k > | T (Vi) | (h(vi, 1/4),00) > [T (vi) | /4 — 2 (vie, 1/2) = Gusic/4 — Zs, (h(vi, 1/2)).
Therefore, on the event of interest

8114~ < (s /01X < (s /50 1X¥] < (b, f50)21IX
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for k big enough since X*¥ — X. The above has probability going to zero as k — oo for fixed n, using
(k)

k,1—g"

Hypothesis (4) of Theorem 3.1. Therefore, we can assume h(vg, 1/4) < A
prove that hi(vg, 1/2) < h(vg,1/4).

Consider a uniform and independent random variable U;. An important remark is that Uy is inde-
pendent of 7, since the subsequence (n(I!(k)),k € N) obtained in Lemma 3.5 was deterministic. The
probability for Uy to be in 7 (vy), between heights {h(vy,1/2) +1,...,h(vi,1/4)}, is at least 6,/4, by
definition of h(vg, 1/4). It follows that

In a similar way, we can

Sp—
Zhlzn P(B(n,k))
< @ ]P’(B(n,k) N{Ux € (), h(Us) € {h(vi, 1/2) +1,...,h(vi, 1/4)}, h(vi, 1/4) < Affff_gk}) :

Denote the event on the right-hand side by Bj(n,k). Note that the ancestor N at distance l](k) of Uy, 1s
also an ancestor of v. Indeed, we have

h(NY) = h(U) = A < h(vg, 1/4) = 2P

(k) (k) _
SAk,lfek_}“l = h(vg).
By construction, on the set By (n,k) the transformed tree 7 satisfies

1. There are at least 8,s/2 individuals up to height (2A;)®). This is true, because

h(vi1/2) = (V) < ALK = nU) + 4 <A = hv) + 4 = 2a)®

and
T (N | (A(vi, 1/2)) = | (vi) | (h(ve, 1/2)) = Eusi /2.

2. Between heights {(24;)®), ..., A1)} there are at most 2&s; individuals. This is true, since on one
hand

% (Ne) (AL

k k
E ) <l o) <ase  and gl (A0) < [nl(Af — 1) < s,

and, on the other hand

~h(Ng) < h(Ux) + A4 = h(N) = 2A1) .

3. After height A% there are at least si/2 — &y, individuals. This holds, since

h(Ni)/as, 2 Mi—g, —2M = Ao+ A =200 2> Ag 12,
and /'Ll(k) < A,((Ifgk < A,(fl)f ¢, implies

CK(h(N) /ag,) —CH(A) > 1/2 — &.
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These three properties are illustrated in Figure 3.11. Using the equality in distribution T 4 Ty of Proposi-
tion 3.9, we bound

hm P(B;(n,k)) < @ (ék(le) > 8,/2,CK(A) = CF2M) < 2g,1 - CF(A) > 1/2— ek)

lim P (ck(zal) > 8,/2,CF(L) — CF21) < 28,1 —C*(A) > 1/2 — sk)

< IP’(CA(M]) > 8,/2,CMNA) —CM2A) = 0,1 —CMA) > 1/2) ,

which is zero, since C® cannot be constant inside an interval where it is strictly increasing. This concludes
the proof. ]

Proof of Theorem 3.2

On the set @ € {A =0, 1(1) —1(1/2) < oo}, since C¥ — C =0, we have Ay ¢, — o using Lemma 3.5. It
follows that

P(A=00,I(1) =1(1/2) <o) = ﬂU{llm{Akek>l Ag1- sk—/\kl/2<7‘2}}
Y

< yglog?}olllznp(Akek > A Aii-g — At < ),

which can be proved to be zero by the previous case. Since A > 0 was arbitrary, the claim follows.

3.5 Application to CGW(n) trees

In this section we obtain the joint convergence of the rescaled BFW, cumulative profile and profile of
CGW(n) trees with offspring distribution in the domain of attraction of an stable law under the product
topology. This proves Aldous’s conjecture [Ald91b], and recovers the results of Drmota and Gittenberger
[DGI7], and Kersting [Kerl1]. The key point is that CGW(n) trees are a finite mixture of uniform trees
with a given degree sequence. This allows us to apply our previous results to CGW(n) trees. First we give
some definitions.

Let T(*) be the set of (possibly infinite) plane trees. For any k € N, let T®¥) be the set of plane trees
with height at most k. Consider the restriction map ry, : T() — T®), where ryt is the subtree of ¢ € T(*),
formed by all the vertices up to generation k. A tree t € T() is identified by the sequence (rit,k > 0).

A random family tree 7T is a random element of T(*), specified by the sequence (r;7,k > 0), where
each ;7T is a random variable taking values on T®, and riT = ri(riy17) for every k.

For a GW tree 7 with offspring distribution u, we have

Pnt=t)= [] wulc vieTW k> 1, (3.28)

vErg_1t

where the product is taken over all vertices v of ¢ up to generation k — 1, and ¢(v) is the number of children
of v.
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A distribution u = (u,,n > 0) is called critical if Y nu, = 1, and aperiodic if the greatest common
divisor of all n with w, > 0 is one. Let (§,,n € N) be i.i.d. with law . If there exists a sequence of
positive numbers (b,,n € N) such that

Sitebiong g
by,

where the limit Sy, is non-degenerate, we say that (t belongs to the domain of attraction of a stable law,
DA for short.

It is well-known that if u is in DA, then there exists an a € (1,2] such that b, = n'/*L(n) where
L: Ry — Ry is a slowly varying function, that is, lim,_. L(tx)/L(x) = 1 for all t > 0. Alternatively, we
write DA() to indicate the dependence on the parameter.

The hypotheses on u will be the following:

H, The distribution u is critical, aperiodic and belongs to DA(«) for a € (1,2].

Throughout this section, the distribution y = (u,,n > 0) satisfies H,. Let 7 be a GW tree with
offspring distribution g, and denote by [P, its probability distribution. Consider the empirical degree
sequence 7A(T) = (;(7),i > 0) of 7, that is

|

Ai(t) = ), He(j) =i}, (3.29)
j=1

with ¢(j) the number of children of individual j. We simply write /i when the tree 7 is obvious from the
context. Define the normalized empirical degree sequence I = ({1;,i > 0) of T as fl; = /A; /| t|. The law of
the CGW(n) is denoted by P (-) = P (+| || = n), considering the n for which this has sense.

By an a-stable Lévy process we mean a stable Lévy process Y of index o € (1,2], without negative
jumps, standardized so we have

E(exp(—¢Y (t))) = exp(—tq®) ¢ >0.

Chaumont’s path construction (see [Cha97]) of the normalized o-stable bridge X b and the normalized
o-stable excursion X, states that

xt 4 (c_l/aY(ct),t €0, 1]) ,
where ¢ = sup{r € [0,1] : Y(¢) =0}, and

X=((d=8)"" (Vyea_gs—Ye) 5 €[0.1]).

where g = sup{s < 1 : ¥y =inf,c(o Y.} and d = inf{s > 1: ¥; = inf,c[o g Vi }.

Similarly as in Corollary 3.2, it can be proved that the DFW and the BFW of a CGW(n) tree 7, have
the same distribution. Hence, the following well-known result can be stated in terms of BFWs. A proof
can be found in [Duq03].

Lemma 3.9. Let W(n) =Y & —nand W(0) = 0, where (§;,i > 1) are i.i.d. with distribution | satisfying
H . Then, the rescaled BFW of a CGW(n) tree with offspring distribution L, converges to the normalized
o-stable excursion, that is, under IP’Z

X" = (binW(LmJ),te [0,1]]inf{j : W(}) :—1}:n) 4 X, (3.30)
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Define the set of all possible degree sequences taken by T when || = n, as
DS(n) ={s=(N;,i>0):n=) N;j=1+) iN;,N > 0}.
The next lemma relates a GW tree with a uniform tree with a given degree sequence.

Lemma 3.10. For every s € DS(n), the distribution Ps is the same as the distribution of a GW tree with
offspring distribution | conditioned to have degree sequence s. Therefore, the law of a CGW(n) tree is a
finite mixture of the laws (Ps,s € DS(n)).

Proof. The first assertion can be verified directly from the definition (3.28) as follows. Let 77 and T; be
two trees on Tg, the set of trees with degree sequence s. Then

Py (t="T1,7(t) = N, Vi) = [ ttepy = [J 1 =Pu (¢t = T, 7ui() = N;, Vi) .

veT i>0

Hence, the probability that a tree conditioned to have degree sequence s, is the same for T'!' and T2, so

1

]P)” (T = T|ﬁi(’5) =Ni,Vi) = T
s

To prove the second assertion, for every s € DS(n) consider the probabilities
Ay =Py (A =s|[t]=n),

and notice that } e pg(n) QLE = 1. Let 7 be a GW tree with offspring distribution u, then

P, (i=s,|t|=
Pi(re)= Y w (=57 n)IP’“(’L'€|n—s Y 7LS
seDS(n

This proves the lemma. ]

We define the rescaled cumulative profile and rescaled profile with offspring distribution y in DA(x),
exactly .

Define the rescaled BFW of 1,,, a CGW(n) tree, as X" = SZ" W,,, where W,, is the BFW of 1, started at
one. Using the results of Subsection 3.3.1, the temporal rescaling of the profile will be a, = n/b,. The
rescaled cumulative profile is defined as C"(¢t) = C"(t;) + (t — ;) X" o C"(¢t;) for t; = i/a, and t; <t < t;].
Thus, fort >0
Sa, Cu(t —1/ay) t>1/ay,

tX"™(0) t<1/ay,. 631

Z'(t)=D,C"(t) and C"(t)= {

To prove the convergence of such processes, we need to prove that | 11 /2 1/Xds is finite, a condition

imposed in Theorem 3.1. Let H(1,) be the height of 1, that is, the last generation having individuals.

Theorem 4 of [Korl5a] proves that, for every § € (0, ), there exists positive constants C; and C, such
that for every u > 0 and every n > 1, we have

]P’(H(’cn) > biu) < ciexp (—C2u5) )
n

This also tells us that the correct scaling is H" := b,H(7,)/n. The next lemma relies on Kortchemski’s
bound.
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Lemma 3.11. Let X be the normalized excursion of the a-stable process withouth negative jumps. Then

1
—ds < oo .S.
/()Xss a.s

Proof. In Proposition 3.8 we proved that (C",n € N) is sequentially compact for convergence in distribu-
tion uniformly on compact sets, and that every subsequential limit is of the form C* (a result which only
depended on the convergence of the rescaled BFW’s). Denote by (n;,/ € N) the subsequence such that
C" — CM. Such subsequential limit, has inverse

t ds
IA(t):A—I—/Om re0,1).

As in Lemma 3.5, for &, | 0, we find deterministic subsequences (n(I'(k)),k € N) and (n(I*(k)),k € N),
such that Ay 1—g := A1 x)),1-¢ 2 satisfies

Aki-g =¥ Moy +I(1),
with Agy = inf{t > 0: CA(¢) > 0}. By the definition in (3.31), note that
Atr e, < suplt: CH(— 1 fa) = 1} = (H(5) + 1 fax) Jos, = H*+ 1/,

for H* = (') and Ak = Ay(2(1))- Thus, using Fatou’s Lemma, we obtain for every continuity point
u > 0 of the distribution function of Ag+ +1(1)

P(Aor+1(1) >u) < li_mP(AkJ,gk > u) < Ciexp (—Cz(u — 1/a,%)8> .
k
Taking limits we conclude
1
A0++/ —ds <o a.s. ]
0 X

We are ready to prove that jointly, the rescaled BFW, profile, and cumulative profile converge for
CGW trees with Pareto offspring distribution.

Proposition 3.10. Suppose assumption H, is satisfied for i. Let T, be a CGW(n) tree with law Py,
Let X", C" and Z" be the rescaled BFW, cumulative Lamperti transform and Lamperti transform of T,
respectively, as in (3.30) and (3.31). Then, we have the joint convergence

x",c",z" % (x,C,2)

under the product Skorohod topology D(R . ,R )3, where X is a normalized a-stable excursion, C and Z
are the cumulative Lamperti transform and Lamperti transform of X.

Proof. Note that Hypotheses (1), (3), (4) and 3.4 of Theorem 3.1 are satisfied in this case. Also, from
Lemma 3.9 we have X" — X in distribution. This convergence of the BFW’s was the result in Section 3.2,
and replaces Hypothesis (2) of Theorem 3.1. Note that this is enough to obtain Proposition 3.8, because the
latter only depended on the convergence of the rescaled BFWs. Now we prove the equality in distribution
of Proposition 3.9 but for CGW(n) trees. Let U" be a uniform variable on {2,...,n} independent of 7, a
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GW tree with offspring law u. Let W be the BFW of T and 7#(W) its degree sequence. Define W as in
Proposition 3.9. As seen from the proof of Lemma 3.10, the probability that T equals a fixed tree, does not
change for trees with the same degree sequence. This, the proof of Proposition 3.9 and the independence
with U", imply

Pu(W=w,U=U)=P,(W=wU=U), (3.32)
for excursions w having degree sequence s € DS(n). To prove the same under the law P}, we sum over

all the possible degree sequences. First note that the law of (W,U) is uniform on Ty X [n| under the law
Pyu(7 € -|ii(t) =s), for s € DS(n). We also have that

Agn =By (3(7) = s| 7] = n) = By (A(F) = s| [2] = n) = A1,

using (3.32) and that both 7 and 7 have the same degree sequence and size. Joining the previous equalities,
we have

PLW=wU"=u)= Y MPy(W=wU"=u[a(W)=5s)
seDS(n)
= Z ZZPM(WZW,U”ZL{M(W):s)
seDS(n)
=Py (W =w,U" =u).

Now, the results of Section 3.4 are applied straightforward in this case, because they rely on the
previous equality in distribution, in Proposition 3.8 and on trajectorial arguments. Therefore, we also

obtain P(A € (0,<><>],f01 ds/X(s) < °°> =0. O

Remark 3.7. Proposition 3.10 also works for a more general model than GW trees, the so called simply
generated trees (see [Janl2], on such paper a degree sequence is what we called child sequence). Indeed,
given a fixed weight sequence w = (wy,k > 0) of non-negative real numbers with wo > 0 and wy, > 0 for
some k > 2, we define the weight of a tree T in the set T of all finite plane trees as

w(T) = [Twew = [T, (3.33)

veT i>0

where (n;(T),i € N) is the degree sequence of T, and the first product is over the set of vertices v in T.
Such trees with weights are called simply generated trees. For every n € N, let T, be a random tree chosen
from the set T,, of plane trees with n vertices proportional to its weight

T eT,,

when Y.rer, w(T) > 0.

From formula (3.33), every tree T € T,, with the same degree sequence s, has the same distribution.
Then, simply generated trees conditioned on having the degree sequence s, are uniform on the set of
all trees in T,, with degree sequence sp, and a similar result as in Proposition 3.10 could be obtained.
Nevertheless, it has been proved in [Korl5b], that for the particular case of subcritical GW trees with
offspring distribution in DA(), it is not possible to scale the tree to obtain convergence in the Gromov-
Hausdorff topology. As a consequence of Theorem 5 of [Kor15b], Kortchemski proved that there is no
non-trivial scaling limit for the contour function of these trees. It is left as an open problem to obtain the
convergence of the profile for simply generated trees, other than critical CGW trees.
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3.6 On Kersting’s condition for the convergence of the profile of a
CGW tree with Pareto offspring distribution

The objective of this section is to give another proof for the asymptotic thickness of the base of CGW
trees with Pareto offspring distribution. Although we proved this result in Section 3.5 as an application of
Theorem 3.1, this proof is simpler, as it relies on simple facts about GW trees and «-stable distributions.
Note that proving this result, together with the results in Section 3.3, imply the convergence of the profile
of such CGW trees, thus giving another proof of Kersting’s result [Ker11].

Recall the hypotheses for an offspring distribution p = (p(x),x > 0):

H, The distribution p is critical, aperiodic and belongs to DA() for & € (1,2).

In [Ker11], Kersting gives a condition to prove that CGW(n) trees are not thin at the base.

Lemma 3.12 (Lemma 9 of [Kerl1]). Let C" be the rescaled cumulative Lamperti transform of a CGW(n)
tree T, having offspring distribution W. If U satisfies Hypotheses H, then for every A >0

limlimP(C"(1) < g||t| =n) =0.
el0 n

In this section we use the results of Subsection 3.3.3 and [CPGUB13], to give a different proof than
in [Kerl1].

This is done via a comparison between the first generations of the CGW(n) tree and the Q-process.
This process is defined in Subsection 3.6.1. Then, in Subsection 3.6.2 we prove convergence of the
rescaled Q-process to a continuous-state branching process with immigration, and define this limit. Fi-
nally, in Subsection 3.6.3 we define the tree having population profile the Q-process, and compare it with
the CGW(n) tree, to prove Lemma 9 of [Kerl1].

Throughout this section, some of the results we use are stated for (sub)critical offspring distributions,
so we say L satisfies Hypotheses H®) if it is (sub)critical, aperiodic and is in DA(e) for a € (0, 1).

3.6.1 Galton-Watson processes conditioned on non-extinction.

We briefly review some well-known results of the Q-process and GW processes with immigration (see
[LamO7]). Let (Z(n),n > 0) be a Galton-Watson process with offspring distribution y under the law P,
having positive and finite mean m. Label the tree in BFO, and let £(j) be the number of children of
individual j € N, thus & (/) has distribution pt. From Section 1.14 of [AN04], the conditional probabilities
P (-|inf{n : Z(n) = 0} > k) converge as k goes to infinity to a probability measure P!, in the sense of finite-
dimensional distributions. This defines a Markov chain with values in {1,2,...} called the Q-process. Its
transition probabilities are given by

PN (Z, = jlZg=i) = Lm "P(Z, = j|Zo =1i) i,j> L.
l
This process is related to a GW process with immigration (GWI process, for short), which is defined as
follows.
Consider independent random walks (W (), j > 1) and (W(j), j > 1), having steps (§(j) —1,j > 1)

and (£(j),j > 1), where &(1) has distribution (t(); j > 0) and £(1) has distribution i = (fi(x),x > 0).
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Let k > 1 be the initial population. Similarly as in Equation (3.1), the population profile and cumulative
population profile, are respectively

Zn+1)=k+WoC(n)+W(n+1) and C(n+1)=C(n)+Z(n+1),

with Z(0) = C(0) = k and n > 0. The value W (m) represents the quantity of immigrants arriving at
generations less than or equal to m, not counting the initial K members of the population as immigrants.

The process Z just defined is a GWI, having offspring distribution t and immigration fi. It can be
proved that for s € (0,1) and i > 0

E, (s*1)) = £(s)'g(s).

where f and g are the probability generating functions of u and [i, respectively, and E; is the law of the
process starting with 7 individuals. Denote this process as GWI(f, ).
To obtain the relation between Q-processes and GWI processes, set [i as the size-biased distribution
of u:
f(x) =xu(x) x> 1. (3.34)

Then, it is true that

ol (sZUH) — () ' (s)/m. (3.35)

The latter implies that (Z(n) — 1,n > 0) under the law IP’iT is a GWI(f, f'/m).
The interpretation of the Q-process as a GWI gives us a recursive construction of the infinite size-
biased tree:

1. Start with a marked individual (the root), which has offspring distribution fi.
2. At generation n > 1, there is only one marked individual having offspring distribution fi.

3. Choose one children of such marked individual uniformly at random and mark it. That individ-
ual also has offspring distribution fi. All the other descendants in that generation have offspring
distribution p.

After removing the marked individuals, this construction provides us with a tree having population
profile a GWI, with offspring distribution ¢ and immigration fi. In Subsection 3.6.3 we give the formal
definition of such tree.

3.6.2 Convergence of the rescaled Q-process.

Consider the triangular array (§"(j)/an,j € [by]) for n € N, of independent (in the individual series)
random variables, where a,, = nl/ %La(n), for L, € SV, a slowly varying function. Define the sum

S(n) = (6" (1) +---+&"(bn) —n)/an.

In the case @ € (0,1) and the (§"(j)/an, j > 1,n > 1) arei.i.d., by IX.8, page 315 of [Fel71], the centering
constants —n/a, are irrelevant for the convergence of (E"(1)+---+ &"(by))/a,. Assume that for fixed
€>0

lim max P(|&"(j)/an| > €) =0,
njelby,]
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which says that the terms in the sum are uniformly infinitesimal. Denote by F;, and F ;‘ the distribution
functions of S(n) and " (j)/an, respectively. Define

by, n(:
Grf = ;Var (é (]) 15”(j)/a,,<£) e>0.

an

The following result is a form of Corollary 15.16 in [Kal02].

Theorem 3.3. Consider in R an i.i.d. array (&,j, j < by)n and let X be a Lévy process with characteristics
(0,0,7). Then Y. ; nj 4 x iff for any h > 0 with n{|x| = h} = 0, we have

1. b, (&) =,

2. bpB (&3 16m ] < h) = [iy<p X (dx)

3. baE(Gu: S| < h) = [je i< X7 (dx),
where £ (&) is the law of &,;.

Let the critical offspring distribution y be of the form

wn) = Ca- ot (3.36)

where o € (1,2), L € SV and cq > 0 is a constant depending on . By Theorem 5.10 we have that
nu(n)/pu((n,)) — o, hence the tail of u is of regular variation with index a. Without loss of generality,
write i((n,)) = c¢,,n"*L(n), for some constant ¢}, and using the same slowly varying function L. By
the same theorem, the tail of the size-biased distribution satisfies limn?u (n)/¥((n,)) = a — 1, so write
#((n,00)) = cn'=*L(n), for some constant c’;,. The latter implies that, if W is a random walk with
step distribution fi, then W (n)/d, converges to an (¢ — 1)-stable variable, say Y (o — 1), where d, €
RV(1/(1 — )). In order to obtain convergence of the rescaled Q-process, we need the following lemma,
whose proof is postponed to the Appendix.

Lemma 3.13. Let W be a random walk having increments (E (j),j > 1) with distribution fi. Suppose |
satisfies Hypotheses HY) and is defined in (3.36). Then

M —Y(a—1).
Letd, = |n/a,]. If we set
X"(t)= Wc(lm) and Y"(t) = Wid”t) t >0,

then we have X" — X and Y” — Y under the Skorohod topology, where X is an «-stable process without
negative jumps, and Y is an independent (o — 1)-stable subordinator.

In analogy with Subsection 3.3.1, we define the appropriate rescalings for the Lamperti and cumulative
Lamperti transform of the Q-process.
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Let k, > 1 such that k,/a, — x > 0. The profile and cumulative profile of a GWI(f, f’/m) process
with k,, initial individuals are

Zy(m+1) =k, +WoCy(m)+W(m+1) and C,(m+1)=C,(m)+Z,(m+1),

with Z,(0) = C,(0) = k, and m > 0. We work with the linear interpolation of C, and its right-hand
derivative, and for simplification, denote them by C,, and Z, respectively.
Consider the processes

1 1
SZZZn(t):a—Zn(dnt) and S’;ncn(t):ﬁcn(dnr) t>0.

n

Then, define the rescaled cumulative Lamperti and Lamperti transform as
kn t t
O (1) = 4 4 / X" o C"(s)ds+ / Y7 (s)ds,
ap 0 0

and L
Z't)= a—" +X"oC"(t)+Y"(2).
n

The latter has the continuum analogous
t
Z(t) =x+XoC(t)+Y(1), C(t)= / Z(s)ds, (3.37)
0

where Z is a continuous-state branching process with immigration. We now briefly recall simple aspects
of continuous-state branching processes (CB processes) and continuous-state branching processes with
immigration (CBI processes). Those models were introduced in [Jr58, Lam67b, Sil68, KW71], see also
[Lam02, CPGUBI13] for other detailed descriptions. A [0,cc]-valued strong Markov process Z is a CB
process if its paths are cadlag and the sum of two independent copies started at x and at y has the same law
as the process started at x +y. For a CB process, the states 0 and o are absorbing. Its Laplace exponent is
given by
E, (exp(—60%Z)) = exp(—xu;(6)) Vx>0,t,0 >0,

where u; satisfies

—(0)+ vy (u(6)) =0, (3.38)

with initial condition u(0) = 0, and for A > 0
V() =—g—dr+ A%+ | (M- 14 Al ) T(d),
Ry

where ¢,0 > 0, d € R, and IT is a measure supported on R satisfying [ (1 Ax*)TI(dx) < oo. The
function y is called the branching mechanism of the CB process.

A [0, e0]-valued strong Markov process Z is a CBI process with branching mechanism y and immigra-
tion mechanism ¢ (CBI(y, ¢) for short) if the following holds: its paths are cadlag and

E, (exp(—0%Z)) = exp (—xu,(@) — /Ot(])(u,s(e))ds) Vx,t>0,0 >0,
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where u; is the unique solution to (3.38), and

$(0) =080+ | (1—e %Y(dx) 6>0,
R4
with 6 > 0, and Y a measure concentrated on R such that [ (1Ax)Y(dx) < ce.
By Proposition 2 and Theorem 2 of [CPGUB13], Equation (3.37) has a unique solution Z, which is a
CBI(¢, ¢') starting at x. Using this, we can prove the convergence of the Q-process to such CBI.

Lemma 3.14. Assume k,/a, — x > 0 and that the offspring distribution | satisfies Hypotheses H . Then,
the rescaled Lamperti (resp. cumulative Lamperti) transform of the Q-process starting with k,, individuals,
converges to Z (resp. C) defined by (3.37), under the Skorohod topology (resp. uniformly on compact sets).
The process Z is a CBI(¢,¢") with (L) = A% for AL > 0.

Proof. By Skorohod’s representation theorem, we work on a space where X" — X and Y — Y a.s. Note
that Y is a strictly increasing Lévy process. Using Proposition 4 and Theorem 3 of [CPGUB13], we have
that

7"~ Z and C"—C,

where the first convergence holds under the Skorohod topology and the second uniformly on compact
sets. []

3.6.3 The CGW(n) tree and the size-biased tree compared up to the height they
first have en individuals.

In this subsection we compare a CGW(n) tree with the size-biased GW tree. This is used to prove that a
small probability for the size-biased tree of having a thin base, implies a small probability for the CGW(n)
tree.

Size-biased GW trees.

We state the construction of the infinite size-biased GW tree 7(=), from a (sub)critical GW tree 7. Recall
the definition of the restriction map, given in (3.28).

Proposition 3.11 ([Kes86]). Let Z, be the number of individuals in the nth generation of a GW tree T
having (sub)critical offspring distribution W, with i(0) < 1. Then

L(1)Zy > 0) = Z2(7"))

as n — oo, where the law on the right-hand side is specified by

IP’(rkr("") - z) - @P(m —1) vieT® k>0, (3.39)
m

and zy(t) denotes the number of individuals in generation k of t.

Fix any n € N and € € (0,1). Define A} := inf{k : C,(k) > en}, and denote by T, ¢ the set of trees ¢
such that C;(h(t) — 1) < en < Cy(h(t)), where h(t) is the height of the tree, and C; is the cumulative profile
of t. In the next theorem, for a GW tree T conditioned to have size n, we consider it up to height AZ. This
restricted tree takes values on T, ¢.
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Theorem 3.4. Let T be a GW tree with offspring distribution satisfying Hypotheses H,. Then, there exists
a constant cg > 0 (depending only on o and €) such that

lim sup IP’(rAg’L' € B|s(7) = n) < celim sup IP’(rAg’L'(w) € B) , (3.40)
" BCT,. " BCThe

for fixed € € (0,1). Also, limg|gce < ¢ for some finite c.

Proof. Let € € (0,¢). First we prove inequality (3.40) restricted to trees in T}, ¢, such that (¢ — &')n <
Ci(h(t) — 1). On the event {rpzT =}, we have Az = h(t), and so G, (A — 1) = C(h(t) — 1). Let z;
be the number of individuals in generation &(z) of t. By the Markov property, there are Zn(r) GW trees
growing from generation A} (denote this GW forest by lel<t)), and this is independent of rp»t. Then,
using Otter-Dwass formula and Equation (3.39),

P(rant =t,5(7) =n)

=Pt =1)P(s(F,,) =n—C(h() - 1))

- Zh(l)]P)(rAgT - t) n—C,(;(t) _ 1)P<W(H—Ct(h(t) —1)) = _Zh(l))

=Py =1) - _q(;(t) BV (1= G0 = 1) = ~2).

It should be noted that Equation (3.39) can be applied since A} = h(z) is deterministic. Dividing by
P(s(7) = n) on both sides

n P(W(n—C,(h(t) —-1)) = —Zh(t))
n—C(h(t)—1) P(W(n) =—1)

P(rapt =1ls(t) = n) = P(rpge™ =1) (3.41)

We use the local limit theorem 5.8 on the right-hand side. From 1.4 page 21 of [Z0l86], it is known that
g is uniformly bounded and continuous on R. Then, there exists constants cy,c, > 0 and N € N such that
for everyn > N

P(W(n—GCh(t)— 1) = —z) < —————  and  P(W(n)=—1)> 2,
n—C, (h(r)~1) an

Since by assumption (& — €')n < C;(h(t) — 1) < €n, then
n PW(n—G(h() ~1) = ~2) _e1 (;) /e L(n)
n—Ci(h(t)—1) P(W(n)=—1) = L(n—Ci(h(t) = 1))

1—¢
Using the Potter bounds (see [BGT89, Theorem 1.5.6]), there exists N € N depending only on €, €’ such
that for every n > N

L(n) n n
<2 <2 .
L(n—Ci(h(t)—1)) n—Ci(h(t)—1) n—en
This, together with (3.41) implies (3.40) but for B restricted to trees satisfying (€ — €' )n < C;(h(t) — 1).
To get rid of this, note that by definition C,(A%) > &n, therefore

An = {Ca(Ag —1) < (e —€')n} C {Zu(Ag) = Cu(Ag) — Cu(Ag — 1) > €'n}. (3.42)
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In particular, for the CGW(n) we have W o C,, (A — 1) > €'n. The latter implies that on A,

1
fn sup X"(t)= sup —W(nt)>¢
n o<t<e—¢ 0<t<e—¢' "

Without loss of generality, we can assume €’ is a point of continuity for the distribution of lim,, sup, <o X"(t) =

sup,<._¢ X (t). Hence, the probability of A, goes to zero as n — oo.
Letting T, ¢ o be the subset of trees ¢ in T, ¢ with (¢ —&')n < C;(h(t) — 1), then

lim sup P(ra,,T € Bs(t) =n)
" BCT,¢
<lim sup P(ra,.7€B|s(t) =n)+ImP(C,(Ane —1) < (€ —€)n|s(t) =n)

" BCT "

n,e.e

<lim sup P(ra,,7€B|s(T)=n).
" BCT

n,e,e

Since the right-hand side is bounded from above by the left hand side, the previous inequalities are equal-
ities. Using the same reasoning, it is easy to prove the above equality for the Q-process. Indeed, on the
set A, in Equation (3.42), but defined for the cumulative profile of the Q-process we have

pZn< ) Zn<An7€)
n n

Gn > ¢
This probability goes to zero as n — oo by the convergence of the Lamperti transform of Lemma 3.14. It
follows that L
lim sup IP’(rA (=) EB) =lim sup IP’(rA () EB),
" BCThe " BCT,,

This proves (3.40). O]

Now, we are ready to prove Kersting’s condition, by bounding the event that the cumulative profile
of the CGW(n) tree is small, with the same event but for the Q-process. The latter converges by Lemma
3.14, to the event that the cumulative profile of a CBI is small, which happens with small probability.

Proof of Lemma 3.12. Recall that A is the first height that the tree has more than €n descendants. Define
Ay = |An/ay,|, and consider as before €' € (0,&). Denoting by T, . . 5 the set of trees ¢ in T, . o such
that C;(A,,) < é&n, then for every n big enough

B(C"(A) < €. (€ — €)n < Cu( AL — 1)[s(7) = )

= Z ]P(r,\nr—t| T) = )

teTn,e,s’JL

<cg Z IP’(rAg’C(”) = t>

IETn.s,e’,k

=cePT (C"(A) < &,(e—€)n < Cu(A2 1)),
using the first part of the proof of Theorem 3.4. Since the CGW(n) process on the event {C"(1) <
€,Co(A%—1) < (e —€")n} converges to zero as in the proof of Theorem 3.4, it follows that

FmP(C"(4) < gls(t) =n) < ceTmP! (C"(A) < &) < P! (C(A) <),
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by Portmanteau’s theorem and Lemma 3.14. The right-hand side goes to zero as € | 0 because C(4) > 0
P'-a.s. and c; is bounded from above. O



Chapter 4

ON MULTITYPE RANDOM FORESTS
WITH A GIVEN DEGREE SEQUENCE, THE
TOTAL POPULATION OF BRANCHING
FORESTS AND ENUMERATIONS OF
MULTITYPE FORESTS

In this chapter we introduce the model of multitype random forests chosen uniformly at random from the
set of multitype forest with a given degree sequence (MFGDS). The unitype case was studied in [BM 14b].
By mixing our model, one obtains multitype Galton-Watson (MGW) forests conditioned by their degree
sequence. The construction of MFGDS is done using the results in [CL16], and a novel path transfor-
mation on multidimensional discrete exchangeable increments processes, which is a generalization of the
Vervaat transformation [Ver79]. We also obtain the joint law of the number of individuals by types in
a MGW forest, thus, generalizing the Otter-Dwass formula (which is shown to hold in the unitype case
in [Ott49, Dwa69]). This allows us to obtain enumerations of multitype forests with a combinatorial
structure (plane, labeled and binary forest), having a prescribed number of roots and individuals by types.
Finally, under certain hypotheses, we give an algorithm to simulate MGW forests conditioned by the
number of individuals of each type (c(MGW), generalizing Devroye’s algorithm [Dev12] for the unitype
case.

4.1 Introduction

Bienaymé-Galton-Watson forests (GW forests) are a simplified model for the genealogy of populations,
where individuals have the same reproduction law. A natural generalization of such model are the
Multitype Galton-Watson forest (MGW forests), used when several types of individuals coexist, lead-
ing to different reproduction rates. Such multitype forest are used in a variety of areas, for example,
having applications in biology, demography, genetics, medicine, epidemics, and language theory (see
[Har63, San71, Jag75, GP75, CKB™, AJ97, All11]). MGW forest have several applications also for pure
mathematics. Miermont [Mie(08] has proved that under certain conditions, MGW forests converge also to
the CRT. A very nice improvement of such result, would be to generalize the results of [LGLJ98, DLGO02]

98
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to obtain the covergence of MGW forests to multitype Lévy forests, as well as generalizations of the
Ray-Knight theorems.

Conditioned random forests also provides us with several applications. In the unitype setting, Le
Gall [LGOS5] proved the convergence of GW trees conditioned to have a fixed number of vertices, to-
wards Aldou’s Continuum Random Tree (CRT), see [Ald91a]. In [Ald91b], GW trees conditioned to
have size n with Poisson offspring distribution (equivalently, uniform labeled trees on [n] := {1,...,n})
where used to study the component sizes in the Erdds-Rényi random graph [ER60] (see also page 379
of [ABBG12]). Another way to condition a forest is by its degree sequence [BM14b, Leil7], that is, the
number of individuals having a fixed number of offspring. With no doubt, one application of this model is
to study invariance principles for random graphs with a prescribed degree sequence (see the discussion in
[BM14b]). The interest in such random graphs lies in its matching with observations in large real-world
networks (having features not present in the Erds-Rényi random graph). For example, with this model,
one can obtain forests having degree sequence with power law tails.

Another reason to study MFGDS, is that they are a more general model than conditioned MGW
forests. Indeed, under an independence assumption on the progeny distribution, a MGW forest condi-
tioned by its types can be written as a linear combination of the laws of MFGDS (see Section 4.4). Thus,
some results of the latter model can be recovered for the former.

Most of the papers on multitype conditioned forests are interested on proving the convergence towards
a limiting object, such as the multitype generalization of Kesten’s infinite forest or a continuum random
forest ([Nak78, Mie08]). Some authors studying conditioned multitype forests are [DJO8, P11, P16, CL16,
Wanl4, ADGI18, Stel8]. But simulating such conditioned forests is not trivial, since the independence
assumption is generally lost, or the conditioning event is too complicated. Some papers giving explicit
algorithms for generating MGW trees are [PV91, AS95, $te98]. We emphasize that neither constructions
of MGW forests conditioned by the total number of individuals by types, nor uniform multitype forests
with a given degree sequence, are available in the literature. In this chapter we define both forests and
provide easy algorithms for their simulation.

We state the known results in the unidimensional case, and how we generalize them. Consider a
unidimensional degree sequence S, that is, a sequence of integers S = (N;,i > 0) such that s := 1 + Y iN; =
Y N;. From such sequence we can obtain the child sequence ¢(S) := ¢ = (cy,...,cs), a vector with Ny
zeros, N ones, and so on. In the paper [BM14b], the authors give an algorithm to construct, from a
discrete exchangeable increment (EI) process, a uniform tree from the set of trees with given degree
sequence S as follows: define W” a walk with increments (c o 7(j) — 1, € [s]), where 7 is a uniform
random permutation on [s], and let W be the walk with increments (co w(i* + j) — 1,/ € [s]), where
i* + j is considered modulo s and i* is the first time W? reaches its minimum value (that is, apply the
Vervaat transformation [Ver79]). From such excursion W we can recover the desired tree. This algorithm
was extended to unitype forests in [Leil7], the distinction is that one has to carefully chose the cyclical
permutations that lead bridges to excursions.

We extend the previous construction to multitype forest, uniformly chosen from the set of multitype
forest with a given degree sequence. In order to do this, we generalize the above algorithm: define a
multitype degree sequence, construct dxd exchangeable increments (EI) processes, and apply to them a
generalized Vervaat transform. We use the results in [CL16] to know how many cyclical permutations
lead to paths coding a multitype forest.

Also, using the results in [CL16], we obtain the law of the total population by types of a MGW forest,
under certain conditions. The unitype case is known as the Otter-Dwass formula [Ott49, Dwa69]. This
formula says that the total number of individuals in a GW forest 7; with k trees, say #7, having offspring



CHAPTER 4. MULTITYPE FORESTS WITH GDS AND CGW BY TYPES 100

distribution Vv is given by
k
]P)(#Tk = }’l) = —]P(Xn =n-—- k) ,
n

where X is a random walk with step law v.

It turns out that, using the law of #7;, it has been obtained the total number of plane, labeled and
binary forests having k trees and n vertices, see [Pit98]. This chapter generalizes elementary connections
between the combinatorial and probabilistic results about enumerations of forests and lattice paths given
in [Pit98]. An example of such connection in the unitype case is the following. Let .7 ﬁfme be a uniformly
distributed forest from the set of plane forests having k trees and n individuals; let G, p be a GW forest
with k trees and Geometric(p) offspring distribution, with p € (0,1). Then we have

1

5

ﬁplane d (gkp|#%kp—n) and P(gk7p:F|#gk,P:n) -

for every plane forest ' with k trees and n individuals. Similar equalities in distribution are available for
the Poisson and the Bernoulli distribution. We generalize the above formulas, obtaining the number of
multitype plane, labeled, and binary forests having an specified number of roots and individuals of each
type.

Finally, we give an algorithm to simulate MGW forests conditioned to have n; individuals of type i, for
i € [d], using our constructions. Indeed, an algorithm of Devroye [Dev12] simulates a GW tree conditioned
to have size n, using a uniform tree with a given degree sequence; thus, we use both of our constructions
to generalize such algorithm. Devroye’s algorithm is: generate a multinomial vector S = (Ny, Ny, ...) with
parameters (n; Vo, Vi,...), repeat until 1+ Y iN; = n and apply the algorithm to generate a uniform tree
from the set of trees with degree sequence S. Our algorithm is analogous: generate d X d multinomial
distributions with laws (n;;v; j(0),v; ;(1),...) until they form a multitype degree sequence, and apply the
algorithm to generate a uniform multitype forest with such given degree sequence.

4.1.1 Preliminaries
Coding of unititype and multitype forests

A rooted plane tree T is a connected graph with no cycles having a distinguished vertex, together with a
natural identification of each vertex by a finite sequence of non-negative integers (denoting its location on
the tree). The root of 7' will be denoted by r(T'), or simply r. A rooted plane forest is a directed planar
graph whose connected components are rooted plane trees, those are ordered according to its roots. We
will only consider finite rooted plane forests in the following.

We consider forests where each tree is labeled according to the breadth-first order (BFO), that is, from
the initial individual to the top, traverse each tree generation by generation from left to right. We define
the vector with ith component, the number of individuals having i children, for any i > 0.

Definition 4.1. Let T be a tree. The degree sequence S = (No,Ny,...) of T is a vector with
Ni:=Ni(T) = {ueT :c(u) =i},

where c(u) is the number of children of individual u.
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As an example, the tree in Figure 3.1 has degree sequence (5,2,2,1).

Let (u;); be the individuals in BFO of a plane forest. It is well known that the walk with incre-
ments (c(u;) — 1,i > 1) codes the branching forest, that is, determines its structure completely (see [Pit06,
Lemma 6.2]). This is called the breadth-first walk (BFW) of the forest. Now, we briefly recall the analo-
gous coding in the multitype case, following [CL16].

Define [n] = {1,...,n} and [n]o = {0,1,...,n} for n € N. For a forest F, let cp : v(F) — [d] be
an application from the set of vertices of F to [d], such that the children of each vertex are ordered by
color, that is, if u;,u;11...,u;+-; € v(F) have the same parent, then cr(u;) < cp(uiy1) < -+ < cp(Uisj)-
The couple (F,cr) is a d-multitype forest. A subtree of type i of (F,cr), denoted by T(), is a maximal
connected subgraph of (F,cr) whose all vertices are of type i. Subtrees of type i are ranked according
to the order of their roots, and with this ordering, we define the subforest of type i of (F,cr) as F () =
{Tl(’), e Tk(l), ...} For u € v(F), denote by p;(u) the number of children of type i of u. Let n; > 0 be the

number of vertices in the subforest F(?) of (F,cr). The coding of the forest is the d-dimensional chain
X0 = (1. x4 € Z4 with length n; € N, defined for 0 < n < n; — 1 by

LJ

Al = pi) ) =1y Qe [d). .1)

We set x(()i) = 0. The set (ug);n > 1) is the labeling of the subforest F () in its own breadth-first order.
The cyclical permutations that we use are the following. For n € N, consider any application y : [n]o —
Z4 with y(0) = 0. The n-cyclical permutations of y are the n applications 6, 4(), for g € [n— 1]y given by

00 ):{y(j+q)—y(61) J=n—q
" y(i+g—n)+yn)—ylg) n—g<j<n

We say that the path y : N +— Z is a downward skip-free chain, if y;.1 —yx € Z U{—1}. The possible
paths that a coding of multitype forest can take are the following.

Definition 4.2. Fix any n = (ny,...,ny) € Z<¢, and define S, as the set of [Z9]%-valued sequences x =
(xW, . x\DY such that for all i € [d], XD = (X x4 is a Z9-valued sequence starting at zero of
length n;, and where x' = (x;’ |k € [n;]o) is non-decreasing when i # j, and a downward skip-free chain
when i = j.
The n-cyclical permutations of x € S; are given by
Oyn(x) := (0,0, (x1),... 05,0, (X)) Yq=(qi,...,q4) such that0 < q <m—1g,

with 1, = (1,...,1) of length d. Each sequence 6y n(x) will be called a cyclical permutation of x.

Form,n € Z{i, write m < n if m < n (the inequality understood component-wise) and if there exists
i such that m; < n;. Sequences x € S; will be denoted by x = (xfc’j,k € [nilo,i,j € [d]), and the vector
n=(ny,...,ng) € Z4¢, is called the length of x. Fix any such x of length n, and r = (r,...,ry) € Zi with
Y r; > 0. We say that the system (r,x) admits a solution if there exists m < n such that

d
ri+Y x(m)=0 Vjeld. 4.2)
i=1
If there is no smaller solution m < n for the system (r,60qn(x)), then we call Oy n(x) a good cyclical

permutation. It is proved in [CL16] that only such good cyclical permutations code multitype forests, and
the next lemma tells us how many there are.
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Lemma 4.1 (Multivariate Cyclic Lemma [CL16]). Let x € Sy with x"(n;) # 0 for every i € [d]. Con-
sider the system (r,x) with solution n as above. Then, the number of good cyclical permutations of x is

det((—xm(f’li))i,je[d} )

Since in most of the cases, we fix the number of roots or number of individuals of each type, we need
the following definition.

Definition 4.3 (Root-type and individuals-type). We say a multitype plane forest with d € N types has
root-type r = (r1,...,r4) € N% ifit has r; roots of type i for i € [d], with v > 0. Also, it has individuals-
type n = (ny,...,ng) € N ifit has n; individuals of type i, for i € [d].

Multitype Galton-Watson forests

Consider a (unitype) branching forest with k trees and progeny distribution v on Z., that is, each of
the k individuals at generation O has offspring according to v, then each of its children has offspring
independently of the others and with the same law. Such forests are also called GW forests. A multitype
Galton-Watson (MGW) forest in d-types, is a branching forest, where each individual has a type i € [d],
and has children independently of the others, according to a law v; on Zﬁ. The progeny distribution of
the forest is v = (vy,...,V;). The formal definition is the following.

Definition 4.4. A multitype Galton-Watson process is a Markov chain Z = ((Z,(,l), e ,Z,(ld) );n > 0> on

Zi, with transition function

]P(ZmH = (kl,...,kd) |Z = (rl,...,rd)) :Vikrl *-~-*V;rd(k1,...,kd),

where V is the progeny distribution, and vl-*J is the jth iteration of the convolution product of Vv; by itself,
with vi*o = .

For r € Z¢, the probability measure P is the law P(:|Zop =r). As in Theorem 1.2 in [CL16], we
consider MGW trees satisfying the following. For i, j € [d], let m; ; = Yoezd 2jVi (z) be the mean number
of children type j given by an individual type i, and set M = (m; ;); ; as the mean matrix of the MGW
tree. Whenever M is irreducible, by the Perron-Frobenius Theorem (see [AN04, Chapter V.2]), it has a
unique eigenvalue which is simple, positive and with maximal modulus. We say in such case that the
MGW tree is irreducible. If the unique eigenvalue equals one (is less than one), then we say the tree is
critical (subcritical). The tree is non-degenerate if individuals have exactly one offspring with probability
different from one.

4.1.2 Statement of the results
Multitype forests with a given degree sequence

To define uniform d-type forests with a given degree sequence, having root-type r > 0, we first define a
multitype degree sequence. A multitype degree sequence S = (S, j,i,j € [d]) is a sequence of sequences
of non-negative integers S; ; = (N; j(k);k € [m; jlo), where m; ; € N, satisfying:

1. n; =Y N, (k) forevery i € [d],
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2. nj=rj+YikNy j(k)+---+ Y kNg j(k), for every j € [d],

3. det(—k; j) > 0 with k; j :== Y kN; j(k) —n;1;—; and k; ; < O for every i € [d].
The value N; j(k) represents the number of individuals of type i with & children of type j, so n; represents
the total number of individuals of type i. Thus, the total number of vertices is s :=n; +---+ng =
YiN1,j(k) 4 -4+ Yx Ny j(k) for j € [d]. The last condition is imposed to obtain a forest with such degree

sequence (see page 109). For simplicity, we will assume that our multitype degree sequences satisfy the
third condition and we focus on the first two conditions. Table 4.1 summarizes the case d = 2.

Si,1 =N,1(0),...,Ni1(m1,1))  Si2=(N12(0),...,Ni2(m12)) || n1 = YN j(k)
So1=(N21(0),...,N21(ma1)) S22 =(N22(0),...,N22(mp2)) || no =Y, No j(k)
ni =I’1—|—ZkkN171(k)+kN271(k> nz:r2+2kkN172(k)+kN272(k) n+n=s

Table 4.1: Relations on the degree sequence of a 2-type forest.

As in the unitype case, we construct the canonical child sequence ¢ = (¢; j,i, j € [d]) from the degree
sequence, that is, let ¢; ; be a sequence whose first N; ;(0) entries are zeros, the next N; j(1) entries are

ones, and so on. Let 0; ; be any permutation on [r;], and construct w” = {wfj j>1,J € [d]}, where

k
w (k) =Y (eijooi (1) —1izj), k€ n.
i=1

Remark 4.1. Note that k; j :== w? j(ni) does not depend on the permutation, so it is deterministic. Also,

note that the system of equations (r,w’) admits n as a solution, since by definition

d d
rj—FZW?j(I’li):rj—nj—l—ZZkNi’j(k):O Vje [d]
i=1 i=1
Finally, note that —kj j = rj+ Y.+ ki j since by definition, we have

—kjj=n;—Y kN (k) =r;+) Y kN (k) =Y kN; j(k) = r;+ ;km‘-
% ik X oy

Trivially, whenever rj > 0 we have —k; ; > 0.

From the Multivariate Cyclic Lemma 4.1, we know that det(k; ;) is the number of good cyclical per-
mutations of w”. From such set we define a Vervaat-type transformation of w”. Such transformation is
given by choosing uniformly at random a good-cyclical permutation from all the good-cyclical permuta-
tions. After that, the algorithm is similar to the unidimensional case.

Definition 4.5 (Multidimensional Vervaat Transform). For any w” as constructed above and any u €
[det(k; ;)], define V(wP,u) as follows: enumerate the det(k; ;) good cyclical permutations of wP, using the
lexicographic order on the set of q such that Oqn(W’) codes a forest; then, let V(w®,u) be the u-th good
cyclical permutation.
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Let s r be the set of multitype plane forests with degree sequence S, having root-type r and individuals-
type n. Our construction of MFGDS is the following (the proof is given on page 109).

Theorem 4.1 (Uniform multitype forest with a given degree sequence). Fix the degree sequence S of a
multitype forest having root-type r and individuals-type n. Let W be the BFW coding a forest (see (4.1))
taken uniformly at random from Fs y. Let © = (m; j,i, j € [d]) be independent random permutations, where
m; ; takes values on [n;), and let U be an independent uniform variable on [det(k; ;)]. Define the processes

WP = (W?.,i, j € [d]) as

k
Z ClJOTL',] 1i=j>7 kG[I’li],
where ¢ = (c; j,i, j € [d]) is the child sequence of S. Then

VWe,U) LW,

From the proof, we obtain |Fg |, the number of multitype forests with a given degree sequence S:

()

det
|FS,r| =

MGW forests conditioned by types

Before turning to the joint law of the number of individuals of type i € [d], of a MGW forest, we prove
that the latter model is a mixture of MFEGDS in Section 4.4. This justifies the importance of the latter
model.

Let S*/ be a random walk with increments having law the jth marginal of v;. Our hypotheses are the
following:

H1 For every i € [d], the law v; has independent components, with

1

v (kiy.oka) =TIP(Si =k;)  ki,... ks € No.
j

H2 For every i, j € [d], with i # j

(S”J Yy shi— —r]> =0 ( (Z Shi = —rJ>
leld]

It is important to remark that we do not assume that the components v; have the same distribution. Using
those hypotheses, we obtain the following result (see page 112), which is a generalization of the Otter-
Dwass formula [Ott49, Dwa69].
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Theorem 4.2. Consider an irreducible, non-degenerate and (sub)critical MGW forest, and let n; > 0 for
every i. Suppose that H1 and H2 and are also satisfied. If O; is the number of type i individuals, then

Pr(O; =n;,i € [d]) = H]P’(ZSZI—HI >7

it \uel)
wherer=ri+---+rgandn=n;+---+ngy, and r; < n;.

Remark 4.2. Under the assumption n; > 0 for every i, the proof is simpler, but we think this hypothesis
can be dropped as in [CLI16].

Remark 4.3. On page 114, we obtain the case when n; = r; for some i’s. Since Theorem 4.2 has a different
formula on such case, the law of }.;c(q) Oi (computed on Corolary 4.1) does not have a nice expression.

For the next results denote by Frp bane , Flabeled and F279" | the set of d-type plane, labeled and binary
forests having root-type r and 1nd1V1duals type n, where r; < n; for every i and r > 0. Our labeled multitype
forests have labels on [n], that is, for F € Flabeled each individual v has a unique label i € [n] and a type
cr(v) € [d]; also, F has fixed root set [r], that is, the r| type 1 roots have labels on {1,...,r}, the r, type
2 roots have labels on {r; +1,...,r; +r2}, and so on. Using Theorem 4.2, we give in Subsection 4.5.1
three examples of distributions were the law of a MGW forest conditioned by the number of individuals
of each type can be computed explicitly. This generalizes the constructions given in [Pit98].

Proposition 4.1. For fixed p € (0,1), let %, be a d-type GW forest with root-type r, having geometric
offspring distribution with parameter p independently for each type, that is, vi(ki,...,kq) =L p(1 — p)k"
fork; > 0. Let #%; , be the number of type i individuals in % ,. Then

1
e ("0

]P)(gr’p = F’#lgnp = I’L“l < [d]) = \V/F c ]F{‘77lgng’

thus, such conditioned forest is uniform on Ff,l,f"e.

Proposition 4.2. For i € R", let P, be a d-type GW forest with root-type t, having Poisson offspring
distribution of parameter | independently for each type, that is, vi(ky,. .. kg) = [T;e " *uki /k;! for k; > 0.
Let #; Py, be the number of type i individuals in Py . If Py, is Py relabeled by d uniform random
permutations, one for each type, then

P('@EP = F’#,‘gzr’p = I’l,‘,i c [d]) =

labeled
Ty WF SRR,

thus, such conditioned forest is uniform on Fl“beled .

Proposition 4.3. For 0 < p <1, let %y, be a d-type GW forest with root-type r, having Bernoulli offspring
distribution with parameter p, for each vertex independently of the type, that is, V;(ky,... ,kg) = 1p" (1 —
p)' =k with k; € {0,1}. Assume that n; — r; is an even number for every i € [d]. Since any vertex v has
zero or two children with probability p or 1 — p respectively, then vi(ci(v),...,cq(v)) = [1p<"/2(1 —
p)lfci(v)/z. Let #; %y, be the number of type i individuals in By ,. Then

1

P(Bryp =F#iPBrp=nii€ld]) = ———5—
(Frp | 'p ) %H((n,-fr[)/Z)

y
VF € o,

bi
thus, such conditioned forest is uniform on Fy mary.
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As a simple consequence of our results, we obtain the following enumerations.

Lemma 4.2. The number of d-type plane, labeled, and binary forest, with root-type r and individuals-type
n is given respectively by

r n+n;—ri—1 ro._ r n
- -n""" and - .
%( ni—r; ) At nn(m—n)/z)

Finally, we give an algorithm to simulate MGW processes conditioned by its types. This is done using
the following proposition and an Accept-Reject method (see Algorithm 8).

Proposition 4.4. Let W be the breadth-first walk of a MCGW(ny, ... ,ng) forest satisfying the Hypotheses
of Theorem 4.2, having offspring distribution v, and root-type r, with 0 < r; < n; for every i. Generate
independent multinomial vectors S; j = (N; j(0),N; j(1),...) with parameters (n;,v; j(0),v; (1),...), and
stop the first time that rj +Y; Y kN; j(k) = n; for every j. Denote by S the multitype degree sequence
obtained, and let V(Wb ,U) be the breadth-first walk generated by Theorem 4.1 using the degree sequence

S. Then,
1

n de‘l(ki_j)
r o In
for every multitype forest F with root-type r and individuals-type n, coded by w and with k; j =Y kn; j(k) —
nili:j.

P(V(Wb,U):w) - Pr(F =FI#,.7 =n;,¥ j),

The chapter is organized as follows: in Section 4.2 we construct uniform forests with a given degree
sequence. This will be used in Section 4.3, to construct MFGDS and prove Theorem 4.1. In Section 4.4
we prove that under an independence assumption, the cMGW forests are mixtures of MFGDS. Section
4.5 is devoted to prove the joint law of the number of individuals by types in a MGW forest, which is
Theorem 4.2. In that section we also obtain in Corollary 4.1, the law of the total population in a MGW
forest. Examples satisfying the hypotheses of Theorem 4.2 are given in Subsection 4.5.1. The algorithms
are given in Section 4.6.

4.2 Construction of unitype random forests with a given degree se-
quence

A well-known encoding of forests by skip-free random walks is given as follows. Define the set of all
bridges finishing at —m at time s, as

B = {(y(1),...,5(s)) € Z* : (j) —y(j — 1) > —1 for j € [s],y(s) = —m}.

Fori € [s] — 1 and y € B*™, define 6;(y) as the cyclic permutation of y at i, that is

oy o YD) =) jHi<s
GONG) {y(j+i—8)+y(s)—y(i) s—i<j<s.

This transformation puts the last s — i increments of y as the first s — i increments of 6;(y), and the first i
increments of y as the last i increments of 6;(y).
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For any u € [m] — 1 and y € B*", let 7, be the time that y hits min(y) 4 u for the first time. The
Vervaat-type transformation V that we use is given by

V(yu) = 6z,(y).
Note that this transformation leads the set of bridges, to the set of excursions of size s finishing at —m

E={(w(1),...,w(s)) € Z° : w(j) —w(j—1) € {—1,0,1,...} for j € [s], w first reaches —m at time s} .

Now, let F' be a forest with trees 71, ..., 7T, for m € N. The degree sequence of F is given by
m
Ni(F) = Y Nd(T)).
1

Note that, any finite sequence of non-negative integers S = (N;,i > 0), such that for some m € [|S|], we

have
s = ZNi = ZiNH—m,

is the degree sequence of some forest with m trees. In this case we call S a degree sequence. The size of
the forest F will also be denoted by |F|.

Fix any degree sequence S and obtain its child sequence ¢ := ¢(S). As before, we obtain an EI process
using uniform permutations of the child sequence ¢. Let o be any permutation on [s]. Define the bridge

wb<j>=$<coo<z'>—1> je sl

with w?(0) = 0. Note that w’(s) = —m. The set of paths taken by w” is
Bs = {(y(1),....¥(s)) € B : |j:y(j) —y(j— 1) =i— 1] = N; for every i > 0}.
From the excursions in E*", we consider those with fixed number of increments of given size:
Es={(w(1),...,w(s)) e E¥" : |j:w(j)—w(j—1)=i—1] =N;,i > 0}.

Define Fg as the set of all forests with degree sequence S. Using Lemma 6.3 of [Pit06], it can be proved
that there exists a bijection between Eg and Fg, and we know that |Fg| = % ( Ni,f>0)'

It is clear from a picture, that a bridge is sent to an excursion by the Vervaat transformation. Let us
prove this is also the case for bridges in Bg, that is, bridges coming from a degree sequence S. The next

three lemmas are inspired in [Leil7].
Lemma 4.3. For any u € [m] — 1 and y € Bg, the path V (y,u) belongs to Eg.

Proof. By definition of 1, the minimum value that can take y(7, + j) — y(7,) for j+ 7, < sis —u > —m.
These are the first s — 7, times of V(y,u). On the remaining times {s — 7, ..., s}, the minimum of V (y,u)
is attained for the first time at time s. This implies V (y,u)(j) > —m for j <, and hence V (y,u) € E. Since
the Vervaat transformation only permutes the increments, it is clear that if y € Bg then V (y,u) € Eg. [
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Lemma 4.4. Let w € Eg. Then, the number of different pairs (y,u) € Bg x ([m] — 1) such that V (y,u) =w
is exactly s.

Proof. Consider any i € [s] — 1 and the cyclical permutation y’ = 6;(w). It is clear that 6;_;(y') = w. In
fact V(y',u) = w for some u € [m] — 1. This holds true since the last s — i increments of w are the first s — i
increments of y, then y’ hits y/(s — i) = w(s) — w(s — i) for the first time at time s — i. Hence, the Vervaat
transform can be applied at u = y'(s — i), giving us the path w.

Note that the path of w can be partitioned in m subexcursions, each one of the form (w(j+7T;),j €
[Ti+1 —Tj]), with i € [m] — 1 and T; the first hitting time to —i. First assume that w can be partitioned in
ky, € [m] identical subexcursions, each of length /,,. It follows k,,/,, = s. This is equivalent to say that there
exists k,, values u such that V (w,u) = w. Those values are w(jl,,) +m € [m] — 1 for j € [k,,]. In this case,
there are only /,, different cyclic permutations 6;(w) of w, each one having k,, distinct values of u such
that V(6;(w),u) = w. This proves that w has exactly s preimages. If w cannot be partitioned in identical
subexcursions, for every cyclical permutation 6;(w) there is only one u such that V(6;(w),u) = w. This
concludes the proof. O

Now, we construct a uniform forest on Fg.

Lemma 4.5. Consider a degree sequence S of a forest having m trees and s individuals, and let ¥
be a forest taken uniformly at random from Fg. Let T be a uniform random permutation on [s|, U an
independent uniform variable on [m| — 1, and define the bridge

J
Wh(j) =Y (com(j)—1)  jels,
1
where c¢ is the child sequence of S. Then
viwb,u) L 7.
Proof. Fix any w € & and any of its cyclical permutations w” € %s. From the s! possible values that

7 can take, only []N;! give the same bridge w”. This is true since we can permute the labels of the N;
individuals having i children and obtain the same bridge. Hence

1
IP’(Wb =wb > = ,
(n,.7>0)

which does not depend on w”.

By the previous lemma, there are s distinct pairs (w”,u) that are mapped to w. Denote such pairs as
(W8, u) € Bs, for k € [s]. Then, using the independence of W” and U, and that the former is uniform,

then )
P(V(Wb ) Z <Wb—wk, —uk> :%P<Wb:wb> zﬁ. O]
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4.3 Construction of multitype random forests with a given degree
sequence

Recall Definition 4.5 of the multidimensional Vervaat transform V (w?, 1), using the bridge w” as con-
structed from the degree sequence. The set of values of V (w”,u) will be denoted by Es . Now we are
ready to construct a forest taken uniformly at random from g, the set of plane forests with degree
sequence S having root-type r.

Proof of Theorem 4. 1. First we prove that from any multitype degree sequence, we can construct a multi-
type forest. From Remark 4.1, since we can associate to the degree sequence a system of equations (r, wh )
with solution n. To such system we can associate a multitype forest using the Multivariate Cyclic Lemma
4.1, since any good cyclical permutation codes a forest.

Now, define S; ; = (N; j(k);k > 0), and write

(srfj) ~ (Ni,j<o>,;§,,-<1>,...>'

Fix any bridge w’ € Bs . From the possible [1;(n;")¢ values taken by the random permutations
(m;j,i,j € [d]), exactly [T, T1;TTxVi,j(k)! form the bridge w®. This is true since, permuting the labels
of the N; j(k) individuals type i having k children type j, we obtain the same bridge. This proves the
assertion since this is true for every i, j, k. Therefore

P(Wr = w) = !

)

Now, fix any w € Eg  and i € [d]. We obtain the number of different pairs (w?,u) that can be mapped to
w using the multidimensional Vervaat transform. The point is that such bridges can only be of the form
0q.n(w), that is, cyclical permutations of w. Hence, each component w() comes from a Vervaat transform
V(6;(w),u) for some j,u. By Lemma 4.4, the number of pairs (6;(w’)),u) that can be mapped to
w(®) are exactly n;. This being true for every i implies there are []n; unique pairs (6g.n(w),u) such that
V((Bq,n(w),u)) = w. Denote such pairs as

Alw) = {(wi,uk) € Bs r x [det(k; ;)] : V(W ) =wk € Hn, }

This implies
A

-r ( U) = ()

% I ”l)det<1k y
=TT

This concludes the proof since the right-hand side is independent of w, so V(W?,U) is uniform. [
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Remark 4.4. From this lemma we can conclude that the set of plane forests with degree sequence S having

root-type r is
det(— 7]
- ()

’ Sr| —

4.4 Relation between MFGDS and cMGW forests

Before turning to the results about conditioned MGW forests, let us prove that under an independence
condition, a MGW conditioned by its degree sequence has the same law as a MFGDS. For any given
n=(np,...,ng) € ZEZF and r = (ry,...,rg) € Zi with Y r; > 0, define the set of all degree sequences
having n; individuals of type i, as

={S =Ny (k),i,j € [d],k>0):
n,:ZN,,j(k), rj—i—ZZkNd (k) >0 for i, ]G[d]}
k

Also, for any given multitype forest F, define its empirical multitype degree sequence N(F) := N =
(Nl,](k)ala.] S [d]7k > 0) as
Z Le; )=k

lZVIEF(i)

where ¢; j() is the number of children type j, that the /th individual of the subforest F () of vertices type
i has.

Lemma 4.6. Fixanyn= (ny,...,ng) € Zi andr = (ry,...,ry) € Zﬂ with Y r; > 0. Consider a multitype
degree sequence S = (Nj j(k),i,j € [d],k > 0) € DS(n,r). Consider a MGW forest with progeny distri-
bution v = (Vi,...,Vy) such that each v; has independent components. Then, the law of a MGW forest

conditioned to have multitype degree sequence S is the same as Pg, the law of a MFGDS. Therefore, the
law of a cMGW forest is a finite mixture of the laws (Ps,S € DS(n)).

Proof. Let .7 be a MGW tree. The assumption on independence can be written as v;(z) = []; Vi j(z;) for
any z=(z1,...,24) € Z¢ and any j. Let (Fy,c(Fy)) and (F»,c(F»)) be two multitype forests having degree
sequence S € DS(n,r). Then

Py (F =F,N =I1 II IIviieiik

J k.vkeF() J
= [1ITITves(0"®
i j ok
=I1 II Ilviiei)

kR
=P (# =F,N(Z)=8).

This implies the first assertion. Let O = (Oy,...,0,) be the vector with the total number of individuals
of each type in a MGW forest. To prove the second assertion, we sum over all the values in DS(n,r),
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obtaining
1 .
Pr(Ze€0=n)=—"7— Y P (Fec NZF) =S)
Pr (0O =n) SeDS(n,r)
Py (N(#)=S,0=n N
_ y BOP=80=n), 5 155
SeDS(n,r) Pr (O - Il)
= Y Mrs(Fe,
SeDS(n,r)
where
A ]Pr ( ( ) S|O - n)
Note that trivially Yscpsinr) Ay = 1. O

4.5 Law of the number of individuals by types of a MGW forest

The main result in [CL.16] is the following.

Theorem 4.3 (Theorem 1.2, [CL16]). Let Z be a d-type branching process, which is irreducible, non-
degenerate and (sub)critical. For i € [d], let O; be the total number of individuals of type i, up to the
extinction time T, and for i # j, let A; ; be the total number of individuals of type j whose parent is of
type i, up to time T. Then, for all integers r;, n;, k; j such that r; > 0 with r > 0, k; j > 0 for i # j,
—kjj=rj+Yizjkij andn; > —k;;, we have

Py (0; = n,,le[d] Aij=kij,i,j € [d),i# j)

det (4.3)

l] Hv*nl ilye-- (l 1) nl+klluk(l+l) kid)a

where ¥ = (r1,...,rq), i = n;V 1 and (—kij); jeja) is the matrix to which we remove row i and column i,
for every i such that n; = 0.

For simplicity, we use n; > 0 for i € [d] in the following. Let us give a hint on how to derive the law
of the population by types for a 2-type GW, having r; < n; type i roots, for every i. Recall the hypothesis
H1 about the independence in the components of v; of Theorem 4.2. From Theorem 4.3, summing over
all the possible values of (k; ;) we have

Pr (01 =n1,02 =ny)

mZrinzr rirp+ r1j+ i

_ 1,1 ol2 e 2,1 2.2 S

- 1;() EZ) niny ]P)((Snl ’Snl ) (nl ri 17]))P<(Sn2 7S ) (l7n2 r ])) (44)
MRS i 4 j i . . . .

- iZ%) jgo niny P(S’iil =M _Z)P(Sflﬁz = ])P(Sr%zl = Z)P<S%722 =m—r—j).

We perform each summation in columns, obtaining three terms of the form

np—ri n2 ]

Z kil,IP(S,iil =ny—n —l 521 =i Z k,2 o P Sl’lz :j)P(S,Zl’ZZ :nz—l’z—j),
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where k;, | can be ry or 7, and k;, » can be r, or j. Hence, in order to perform the summation for any
dimension, we need to expand the determinant d et(—k,-./ j), perform the summation in columns, and divide
in cases: either a constant or a variable multiply the above probabilities. Note that, in the first case the
summation is only a convolution. Is precisely the second case why we need Hypotheses H2. First, we
describe explicitly det(—k;;).

Definition 4.6. An elementary forest is a forest of F, that contains exactly one vertex of each type. In
particular, each elementary forest contains exactly d vertices and is coded by the d couples (i, j) for
J € [d], where ij is the type of the parent of vertex type j. If the vertex of type j is a root, then we set i; = 0.
We define the set D of vectors (ii,...,iqg), with 0 <i; < d such that (i}, j), i € [d] codes an elementary
forest.

Recall Definition 4.2 of S; of coding sequences of multitype forests.

Definition 4.7. For anyr = (ry...,ry) € Zi with r > 0, let S}, be the subset of Sy of sequences x whose
length belongs to N and corresponds to the smallest solution of the system (r,x).

Joining Lemmas 4.4, 4.5, 4.6 and 4.7 in [CL16], we obtain the following easy consequence, which is
a precise description of the number of good cyclical permutations of x € SY.

Lemma 4.7. Let x € S5, where r > 0. Assume thatn= (ny,...,ng) € Z< is a solution of the system (r,x).
Then, the number of good cyclical permutations of x is

d
det(—kij)= Y, [Tk
(i1,-sia)ED j=1
where we set ko j = rj, and —kj j =1+ Y 2ikij J € d], and k; j = x4 (ny).
Now, we prove our theorem.

Proof of Theorem 4.2. By the independence imposed on Vv;, the product in Equation (4.3) can be expressed
as follows:

d
P(K) =T Tv,™ (kits - s kigi—1)smi + kit i1y - - Kia)
1
= H]P(S,jqjj =n;—r;— Zki>j) H]P)(Sit,j = kw’) .
j=1 i#] i#]
We define the index set

A(n,r) = {K = (ki]’) . k,’j > 0 for i 7é j,O < _kjj < I’lj,—kjj = Vj—l—Zkij,\V/j S [d]},
i#]
and use the notation }.xca(n,) to denote the summation over all k;; with i, j € [d] and i # j, such that
K = (kij) € A(n,r). Also, fix j € [d] and define the index set

Ajm,r) ={K' = (kij,...,kq;) :ki; > 0for 1 # j,0< Y kjj <nj—rj}.
I#]
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Use the notation Y xjeq (n,r) to denote the summation over all k;; with [ € [d] and [ # j, such that K/ =
(kij,...,kqj) € Aj(n,r). Then, we have

Denote by m the number of summands in det(—K) for any K = (—k;;) € A(n,r). This is the number
of elementary forests, hence, it does not depend on K. Note that there exists m functions o; : [d] — [d]o
with o;(j) # j for every [, j, such that

I
s
=
»
Q
<
~

a’et(—k,-j)

This means that for K’ = (—k;;) € A(n,r), we have

m d
det(—k;) = Y [Tko ).

Now, fix any of the m permutations ;. We analyze the summation } gcx(n,r) H?:1 ke, (), jP(K). The
determinant det(—k; ;) is the sum of m terms, each one having one and only one term kg, (j) ; of each
column j. Hence, we can join such term with the corresponding probabilities (in the jth column) involving
the walks Sn,j for i € [d]. This means that, for every j € [d] we can join the terms K/ € Aj(n,r) as follows

Z Hkﬁz 7J

KeA(nr) j= 45
J Ny g 4.5)
=11 X ke B8/ =nj—ri= YLk, H]P’(Sn’/ = kw) :
J=1Ki€Aj(n,r) I#] I#]

Note that whenever o;(j) # 0 we have
Ni ) l
Y Ko P (Sf’«,’/ =nj—rj= ka) [1P(s =ki;) = ( s Z Sl =n, —w)
KieAj(n,r) I#] I#j
which is related with Hypotheses H2. Thus, we define
_ )7 0(j) =0
ng(j)(nj—rj)/n 01(j) #0.

The idea is that in Equation (4.5), when performing the summation with kg, () ; 7 1 J we use the Hypothe-

Ko,(j).j

ses H2, whereas when kg, ;) ; = rj we simply use the convolution formula Z,e[d S,l, This implies

J

d

d
Y, [Tka)PE) =TTka)).) <Z —rj>
KeA(n,r) j

j=1 j=1
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therefore
d
Pr(O;=n;ic[d Hn, H]P’ ZSZ nj—rj Z H ij,J
=1 \uep) i)
Define the matrix K as a d x d matrix with entries k;; = nk;; = n;(n; — r;) for i # j, and diagonal

—]_ij znrj+2nl~cl~j :nrj+2n,~(nj—rj) :nrj—}—(nj—rj)(n—nj) :nj(n—nj—l—rj).
i#]j i#]j

Then, using Lemma 4.5 of [CL16], which computes a determinant for integer valued matrices (k; ;) satis-
fying our conditions, we have

Z Hklm_” Adet(—K).

(i15eig)€ED j=1

To prove that det(—K) = n4 +[1n, factorize in row i the factor n;, obtaining

n—ni+r —(np—ry) - —(ng—rq)

det(— Hn,

—(m—nr) —(na—r2) -+ n—ng+ry

Multiply the last row by minus one, and add it to every other row, to obtain

n 0 —n
0 n —n
det(— Hn,
—(m—r) —(m2—r) - n—ngt+ry

Multiply by (n; —r;)/n each row i € [d — 1], and add it to the last row

n 0 - —n
dat-R)-Tnf,
0 O n—fff(.ni—r,-)
and, being a diagonal matrix, it follows that det(—K) = n?~'r[]n; = n?£[n; as wanted. O

Now we treat the case r; = n; for some i. For simplicity assume r; < n; for i € [d — 1] and ry = ny.
This implies neither there are children of type d nor type d individuals have children. Thus, from theorem
4.3 we have

Pr (0i = ni,i € [d],Aij = ku,lJE[ 1],i # j,Ala =0,Aq = 0,1 #d)

_ det(—kij) v (0

P Hv*”’ il kigio1) 1 ki ki1, - kia—1,0) -
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Since the matrix (—k;;) has zeros in column and row d, except at —kgq = rg = ng, we have det(—k;j) =
ngdet(—ki;); jela—1)- Using the independence of Hypotheses H1, we reduce the problem to the joint law
of the first d — 1 components:

Pr (0i = nj,i € [d],Aij = kij,i,j € [d—1],i # j,Aig=0,Ay =0, # d)

=P,y (Oi=niyi € [d—1],A; = kij,i, j € [d —1]) HP(SZ;;' - 0) HP(S,J;;’ = 0) .
j j#d

From this and the proof of Theorem 4.2, we obtain

]P’r(Oizni,ie[d]):H]P)(Sﬁj:O)H]I”(S,{’j.‘i:o) g‘flr,ﬂh ( y Sl’li:ni—r,->

j#d 1 M=l leld—1]
d—1
Zd 1rlHP<ZSi’zi:”i_ri’széizo>
Li M=t \ief

— P,y ) (Oi=nii€[d—1]) HP(Sgg - 0) gp(sgf = 0) .
J J

This shows that the formula of Theorem 4.2 does not work for the case n; = r; for some i. By the same
reason, the next result, which is the law of the total number of individuals in a MGW forest, has four
additional terms.

Corollary 4.1. Assume the hypotheses of Theorem 4.2 are satisfied, that (S ,i € [d]) are identically

distributed for every j, and that d =2. Let O =} ;c(q)Oi, n € N and r <n. Let S,(/ ) have law Y S,l11J for
any ny +---+ng =n. Then

Pe(0=n) = B(S) +57 =n—r)

+p(sy, =n—rsh) =0) (s

n—ry

~0)
+2 P(S,S”:O)[P(sﬁ,z)_ s —n )

n—rj

—%P(S,gl) :n—r)IP’< ,(12) :O) _ZP( ,(1):O>IP’<S,(12) :n—r>.

Proof. We have to sum over all ny,n, such that ny +ny = n. Note that n; > r;, and also r; < n; <n—r;.
It follows

Pr (O =n)

= Z P (01 =n1,0,=n—n1)+P (01 =r,00=n—r1)+P: (01 =n—ry,0, =1)

npi:ri<ni <n—rp

_r Z ]P’(Sll+Sn nl—nl—r1>IP’<S,l112—|—Sn nl—n—nl—m)

nyiry<ny<n—rp

+Pr(01=r1,00=n—r)+Pr (01 =n—r3,0, =)
——P(s“ +8H =n—r)P(S)2,, + 522 =0) — IED(S“+521

n—ry n—ry n—ri

R

Making the change of variables n; — r; = /1, using the convolution formula and Theorem 4.2, gives the
desired result. []
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4.5.1 Laws of some MGW forests conditioned by the number of individuals of
each type

We provide three examples where Hypotheses H2 are satisfied, under the assumptions of Theorem 4.2.
For simplicity, we consider d = 2, but the proofs also work for any d > 3. We perform the summation in
Equation (4.4) explicitly in the next examples.

Geometric Offspring

Fix r = (ry,r;) € N2 and n = (ny,n,) € N2 Denote by FZ'5™ the set of two-type plane forests having r;
roots and #; individuals of type i, for i € [d]

On the other hand, for any p € (0,1) let ¢, , be a two-type Galton-Watson forest with r; roots of
type i, having geometric offspring distribution with parameter p independently for each individual, that
is, vi(ki,ky) = p(1— p)Fp(1 — p)*2. Recall that for any F € FZX", we denote by F) the subforest of
type i of F. Suppose that F € Ff’l,f"e has k; » type 2 individuals whose parent is of type 1, and k2,1 type
1 individuals whose parent is of type 2. Hence, n; —r; — k3 1 is the number of individuals type 1 whose
parent is of type 1, and similarly for the type 2 individuals. Denoting by ¢;(v) the number of children type
i that vertex v has, then

P(%.,=F)= HV1 ci(v Hvz c1(v),c2(v))

vef) vef)
=P (1
=p*(1—p)"~

wheren=n;+nyyr=ry;+rn.

Now, we compute the left-hand side of Hypotheses H2. Recall that the sum of k independent geometric
random variables with parameter p, has a negative binomial distribution NBy , of parameters k and p.
From Equation (4.4), one obtains the sum

ng—n
Y iP(Syt=n—r —i)P(Sy =)
i=0
ni—ri . __1 _1 . .
=) i(n1+n1 et )(”2+.l )p”l(l—p)”l”’p"z(l—p)‘
i—0 n—ry—1 l
S i —r—i— 1\ (np+i—2 _
— n 1_ ny—rp _1
pra—prr g (M (T ki

m -l n4n—r—1—i—1\(ny+i—1
— (] — p)yu—Tn . 1 1 1 2
-ty e . N,

= n—r—1-—i

making a change of variable in the last step. For any m,n{,n; € N, we use the equality

i": ni+m—i—1\(np+i—1\ (ni+n+m-1
P m—i i B m ’
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which can be proved comparing the binomial coefficients in the convolution of two negative binomial
random variables. Hence, if we define a function f : [n] — ri]o — R4, as

MO g - —k—i—1\ (na+i—1
0B Y

ny—ri

we obtain

ndn—r—2\ "I miAn—rn—1—i—1\ (na+i—1
0) =
1(0) n2< np—rp—1 )+ Z : np—r—1—i i

i=0

=

making a change of variable. Now, for any m, r € N use the identity

i(r—i—]) (H—Z—H)

to deduce that

m=rn +n—r—1
PSS =y —r — i) P(S2 = i) =y n(1—p)ymr, 4.6
,-:Zo By =m—r=)B(Sy =) =m(" — " )"(1-p) (4.6)

We compare this quantity with the right-hand side of Hypotheses H2:

n n+n—r—1

n
;(I’ll —rl)}P’(NBn,p =ni —}’1) = ;2(1’11 —7'1)<

:n2 (n+n1_r1_1)‘ (1_p)n1—r1
n(ng—ri—1)! (n—l)

-1
:n2<n+n1 r >p"(1—p)”1’1,

I

np—rnr

n—r—1

which is identical to (4.6).
Thus, using Theorem 4.2, denoting by #;%;. , the number of individuals of type i, we obtain

r{nt+n—r—1\[/n+n—-—rn—-1\ ,, ner
(#lgl‘p—nla#Zgrp—HZ) < 1 1 )( 2 ’ )p2 (1_p) :

n n—n ny) —r

It follows that

1

G [y

P(% p = E[#1%e ) = 11, #:%e = ny) = V£ e R
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being uniform on the set of two-type plane forests with r; roots type i, and n; vertices of type i. Note
that this implies that the denominator on the right-hand side is the number of two-type plane forests with
root-type r and individuals-type n. We also obtain the distributional equality

plane d _ o
ynn = (gr,p|#1gr,p = n17#2gr,p = nZ)a

where 9{? f,ane is uniform on Fﬁlﬁme.

General case

In the general case d € N, using Theorem 4.2, denoting by #;%; , the number of individuals of type i
of % ,, we obtain

. r an n—r n+nj—ri—1
P(#%p =n;,Viec[d]) = ;Pd (1-p)" "1 ( >

ic[d) i —Ti
It follows that

1
P(% = F [#%e, =n;,V i€ [d]) = V F e FE§™,

r n+n;—ri—1
ZHiEM ( n;—rz' )
plane

being uniform on ;. ;. Note that the previous agrees with the unidimensional case, see Formula (35) in
[Pit98].

Poisson Offspring

Letr = (r,r2) € N> with r = | +r; > 0and n = (ny,ny) € N>. For u € RY, let Py be a two-type GW
with r; roots type i, and Poisson offspring distribution of parameter i, for every individual, independently
from anyone, that is, v;(k1,k2) = e Hukre=Huk2 / (ki ky!).

Similarly as in the previous example, consider any F € Fﬁﬁf"e having r; roots type i, kj» type 2
individuals whose parent is of type 1, and k, | type 1 individuals whose parent is of type 2. Then

P(gzr,u :F)

1 1 1 1
— ,—2Uny ni—r1—ky1 k12 —2Uny  my—r2—ki2 | k21
G RCITL § (R RSV e o
ve () c1(v)! ve ) c2(v)! vef2) c1(v)! vef@) c2(v)!
1

— efZ,un‘unfr H

ivef c1(vi)lea(vi)V

where the product is over any enumeration of the n vertices in F.
We compute the left-hand side of Hypotheses H2. Recall that the sum of k independent Poisson
random variables with parameter , has a Poisson distribution with parameter k. Then

ny—ri

;} iP(Syl =ny—ri —i)P(Sa =)
=

LN ()M (np )
_ ,—n
—¢ ;(‘)l(nl—rl—i)! i!

_ i (mp)" " nli:r‘l. m—n\ (n)
(nl —I’])! =0 i n )
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To simplify the sum, note that
PEORI6]
i ) —
i—0 1 ni

:(nl_rl)nlirl (g —ry—1)! '(@)i

i—1 (i—l)!(l’ll —rl—i). ni

:(m—rl)@”l—i—l (n—rp—1)! (@)l

ni —0 i!(l’ll—rl—i—l)! ni

Hence, it follows that

”lz—:’l iIP’(S“ =n;—rn —i) IP(SZI = i) = e_"“ﬂ@(m —ry)n"
= "1 2 (np—r1)! n

This is the same as the right-hand side of Hypotheses H2, since

ny —— ()" "
7(”1_“)1?(})"#:”1_”) —¢ nu;(nl_rl)(nl—rl)'
ny—ry
_e_”“ H Q(nl—rl)l’lnl 1

Denoting by #; ;. , the number of individuals type i, using Theorem 4.2 we obtain

e—2n/,t (n‘u)n—r

Py (1 Prp = m o Py =m) = (m —r)(ny—ra)!n’

and hence

(Cl (Vll/;l,i,r(ll (Vn)) (Cz(vlrsz,:?z(vn))

r n—r
-n
n

P(@n“ — F |#1 @r’” — nl,#zynu - n2) - er F{-j’lgne.

General case

In the general case, from Theorem 4.2 we obtain

—dnu( n—r
. re ny)
P (#%r, =n;Vield]) = —————"—.
P =€) =

From which we have

I1; (Ci(v.’;f.i,réi(vn))

ron—r
-n
n

P(Pey =F [#; Py =ni, Vi€ d]) = V F e FP™,

Note that this agrees with the unidimensional case, as seen in Formula (39) of [Pit98]. Since the right-
hand side depends on F, it is not uniform on the set of plane forests. To obtain a uniform forest, we
introduce a function as in [Pit98]. Define ¥ : Fi‘ﬁ{eléd — Fﬁlﬁme as follows:
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1. Order the trees of the forest, according to the natural order of the labels in the roots of type 1, then
order the type 2 roots, and so on.

2. For each vertex v; of type i, order its ¢ (v;) children of type 1 according to its labels, its ¢ (v;)
children of type 2 according to its labels, and so on.

3. Erase the labels.

Now, we find the number of forests in IE‘lrf’f,’eled that are sent to a given plane forest F'. For each i, there
are (n; — r;)! ways to label the type i vertices (recall that our rooted labeled forests have root set [r]). But
the permutation of the childrens of a fixed type of each vertex also lead to the same forest F'. That is, if
vertex v has ¢;(v) children type i, there are ¢;(v)! labelings of such children leading to F. This being true
for every type and every vertex, we have

w1 (F) = [Li(ni—ri)!

[Toer I Ci(v)!
This is exactly the numerator in the formula obtained above. Thus, we have the following interpreta-
tion: let ﬂ}lfﬁ’ekd have uniform distribution over the set of all d-type labeled forests, where the roots are
in [r], with roots-type r and individuals-type n, and let &, be P p relabeled by d uniform random
permutations, one for each type, then

Frlaveled d (P, [#:Pep=ni¥ i€ d).

We note that the previous formulas coincide with the results in [Pit98, Section 7] for the unitype case.
But our formulas relate directly enumerations of multitype labeled forests with the unitype enumerations.

Recall our labeling on page 105 for forests in ﬁfflf’eled. The above formulas also imply that the number of

multitype labeled forests in ﬁr’fﬁ’eled with root set [r] coincides with the number of unitype labeled forests
on [n] with root set [r], which by Cayley’s formula is (r/n)n"~". This comes from the following bijection.
Regard each multitype forest F' € ffrl’“lf’ekd as a unitype labeled forest on [n], together with the following
labeling: the roots retain their labels and, according with the order on F, the remaining n; — r; type 1

individuals now have the new labels {r+1,...,r+n; —r }, the remaining ny — r, type 2 individuals have
the new labels {r+n; —ri+1,...,r+ny —r; +n, —rp}, and so on.
Bernoulli Offspring

Let r = (r1,72) € N? with r > 0 and n = (ny,ny) € N2, For 0 < p < 1, let %, be a two-type GW
with r; roots type i, and Bernoulli offspring distribution of parameter p, for each vertex independently
of the others, that is, v;(k;,ky) = p¥1(1 — p)! =k pk2(1 — p)!=*2 with ky,ko € {0,1}. Since any vertex
v has zero or two children with probability p or 1 — p respectively, then v;(c1(v),ca(v)) = p1(")/2(1 —
p)I*CI(V)/ZpCZ(V)/ZO _p)lfcz(v)/Z. .

As before, consider any F € F2n*" having r; roots type i, k1 » type 2 individuals whose parent is of
type 1, and k5 1 type 1 individuals whose parent is of type 2. Note that k; » and k> | are even numbers, as

well as n; — r; fori = 1,2. Hence

P(Brp=F) = (p/(1—p)" 7021 = p)" (p/(1 = p))"2*(1 = p)"

x (p/(1—p))mrr=k2l2(1 — pym(p /(1 — p))er/2(1 - p)m
_ p(nfr)/2<1 _p)an(nfr)/Z.
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Recall that twice the sum of n independent Bernoulli random variables with parameter p, has distribu-
tion two times the Binomial distribution B, , of parameters n and p. If n is even, we denote the sum over
the even numbers up to n as {0,2,...,n} = 2[n/2]p. The left-hand side of Hypotheses H2 is

iP(Sy! =ni —r1 —i)P(Sp! =)
i€2[(ny—r1)/2)o

N2 20y yma—if2 n (m=ri=0)/201 _ 2 ym—(m—r1—i)/2
L )= )’ e

nl—rl—i

_ e | n
= 2plm =21 — pyr=im=n)/2, (-nz )( : )
) 2i€2[(n12r1)/2] i/2=1)\(m—r1—=i)/2

—_np(m—r1)/2¢1 _ \n—(nm1—r1)/2 n—1 n
2p (1-p) no Y ( " )((nl—rl—Z—i)/2>'

i€2[(l’l] —r 72)/2}0

Note that, since there are n, individuals type 2 and at most each can have 2 children, the number k; ;
of individuals type 2 having children type 1 is bounded by 2n;. Nevertheless, we have IP’(S,%&1 = i) =0

for i > 2ny, which agrees with the definition of (Z) = 0 whenever n < k for positive integers. Using
Vandermonde’s identity, and adding the term (n; — r1)/2 in both the numerator and denominator, the
above is equal to

(m—=r)/2¢1 _ ,\n—(m1—r1)/2 n—1
27 =) 0y T 2112)

"2 " (m=r))/2(] _ pyn—(m=r1)/2
n(nl rl)((n1—r1)/2>p (1-p)

The right-hand side of Hypotheses H2 is

e =2 n (m=r1)/2(1 _ pyn—(ni—r1)/2
2 )Py = =) =2 =) (") p) .

Therefore, Hypotheses H2 are satisfied and

Pr (01 =n1,00=m3) = ’ (( " ) (( " )/2>p("r)/2(1 —p)2n-(n=n/2,

n\(ni—r1)/2) \(na—ry
Denoting by #; %y , the number of individuals type i, we have

1
P(‘%IUP =F |#1=@r,p = nl,#zﬁr,p = I’lz) =

— _ v F e BUn
n ((nl—rl)/Z) ((nz—rz)/Z)
being uniform on F?fﬁ“ry

General case

For d € N, Theorem 4.2 implies

. n—r n—(n—r r n
P (b =i € ) = p 21— py B ("),
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This implies
1 .
P(By,=F |#Brp=n,Vicld) = ————— VFcFH"
n I1 ((ni—ri)/2>

being uniform on the set of binary d-type plane forests with root-type r and individuals-type n. Compare
this formula with the number of binary trees, which is related to the Catalan numbers, see Theorem 2.1 in
[Drm09].

4.6 Algorithms

In this section we review the algorithms for the simulation of the unitype random forests presented before.
Then, those algorithms are generalized to the multidimensional case.

First, we present how to obtain a degree sequence approaching any given distribution. After that,
hubs are added to the algorithm to ensure individuals with a lot of children. Being able to obtain degree
sequences, we repeat the algorithm to simulate a uniform tree with such given degree sequence. Using this
we describe the simulation of CWG(n) trees given in [Dev12]. The construction for forests was given in
Lemma 4.5, but we explicitly write the algorithm. As a side note, a new algorithm is proposed to simulate
a tree which has offspring distribution almost as a CGW(n). This algorithm works incredibly fast. This is
done by fixing n; € N and positive €, and constructing a CGW(n) tree, where [n —n;|/n; < €.

After that, we present the counterparts in the multidimensional case. First, the construction of uni-
formly sampled multitype forests with a given degree sequence, which is Theorem 4.1. Finally, we present
an algorithm to obtain MGW forests conditioned by its number of individuals for each type, which is a
generalization of Devroye’s algorithm.

4.6.1 Simulation of a degree sequence whose normalization approaches a given
distribution

Fix any critical distribution v = (v;,i > 0). The objective is to find a degree sequence S, = (N7,i > 0)
with s, = |Sp| such that V i > 0

n

4 v 4.7)
Sn

It turns out that for a CGW(n) tree T" having offspring distribution v and n vertices, the convergence of
the normalized empirical degree sequence has been proved in Lemma 11 of [BM14b]. In such lemma
the authors assume that the offspring distribution has finite variance. The latter means that if we want to
construct degree sequences, we can construct them roughly setting N' = | Vs, |.

Let T be a GW with offspring distribution v = (v;;i > 0), that is in the domain of attraction of an
o-stable law, for short DA(a), with parameter o € (1,2). This means that v([0,)) = j~*L(j) where
L:Ry — Ry is a slowly varying function, that is limy_,. L(tx)/L(x) = 1 for every t > 0. See [BGT89,
Chapter 8.3] for more details. Denote by P, the probability distribution of 7, and by (/;;i > 0) the
empirical degree sequence of 7, that is

7|
A=Y I(cj=1i), (4.8)
j=1
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with c; the number of children of individual j. Define the normalized empirical degree sequence V =
(Vi;i > 0), where V; = /1;/|T|. The law of the CGW(n) is denoted by P%(-) = P (:| |T| = n), and we only
consider n for which this has sense.

We first generalize the result of [BM14b] in the next Lemma, by dropping the finite variance condition.
The proof is given in the Appendix, page 155.

Lemma 4.8. If v is critic and aperiodic, then under [P,

. (d
v(—Qv,

Using this result, we can obtain uniform trees with a given degree sequence, behaving as trees having
a Pareto distribution, which is the content of Algorithm 1.

Algorithm 1 Generate a degree sequence from a given distribution

Input: A distribution v and a natural c;,.
Output: A degree sequence, which normalized, approaches v.
Let M =inf{i: |c,v;| = 1}.
fori=1toM do
N; = LC,ZV,’J
end for
Sets, =1 +ZZIVI IN;
Set Ng = s, — ZIIWNZ
Define the degree sequence Sy, = (No, ..., Ny ).

NN R

Lemma 4.9. Let S, be defined as in Algorithm 1, and consider any sequence c;, T oo. Assume the distri-
bution v satisfies the Hypotheses of Lemma 4.5. Then the convergence in (4.7) holds true.

Proof. We emphasize the dependence of the degree sequence in n writing N}, and also M". Since, for any
i > 1 we have 0 <N} /cn < iv; for every n, then, by the Weierstrass test

[o]

M
Z Cnvz . Z Cn lJ—>ZlV,,
1

Cn Cn 1 Cn

cn Cn

which equals 1, since V is critic. This easily implies N' /s, — V; for every i > 1, and also

Nt s, Mc,v
_0:__ZLZ J—>1—Zv,_v0 O

Sn Cn 1 n

Next, we add hubs to the degree sequence, that is, individuals with many children. Those individuals
will have Iy;_;, | = | Bib,] children, for M fixed positive reals f; > --- > By > 0 and where by, is the
scaling for the BFW (see Hypothesis 2 in Theorem 3.1). If necessary, we choose ¢, big enough such that
| Bix1bs, | < | Bibs, | whenever Biy1 < Bi. This condition ensures there are no unnecessary repetitions in
the child sequence. We also impose | B;;0s, | > M, since M is the maximum number of children obtained
in Algorithm 1. This is given in Algorithm 2.
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Algorithm 2 Generate a degree sequence from a given distribution and having hubs

Input: A distribution v, a natural c,, and M positive reals §; > --- > By.
Output: A degree sequence, which normalized, approaches v, and has individuals with | B;by, | chil-
dren, for i € [M].
Obtain a degree sequence S, = (Np, ..., Ny) and s, from Algorithm 1.
Define the degree sequence S, = (No, Ny, .. NIM), as
ifie{1,...,M} then
Ni =N;
elseif i c {I|,,...,I;;} then
Ni = #{k . Ik = I,'}
else if i = 0 then
No =Ny +Z?i1([i — 1>NL
else
N; =0
: end if
. Set s, = ZNz

R I A A ey

—
N = O

The fact that this algorithm gives us a degree sequence, follows from

M

M
ZNi =Ny +ZNi+ZN1 =
1 1

i o
I —1 N] Z sn+ZIiN1[7
1 i=1

ME-

—

and ) )
) M Mo Mo
1+ Y iN; =1+ Y iNi+ Y LN, = 50+ Y IiNG,.
1 1 1
Note that the ratio of the number of individuals from the two algorithms is given by

g ES

M M
0 1
In Lemma 4.9 we proved the first term goes to one, thus, it suffices to assume the second term goes to

zero to ensure such new degree sequence also approaches to the given distribution v.

=|z

sn

Lemma 4.10. Let S, be defined as in Algorithm 2, and consider any sequence c, 1 . Assume the
distribution v satisfies the Hypotheses of Lemma 4.5. If

M" Nlnn

)y

then, for every i > 0 the convergence

holds true.
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4.6.2 Constrained simulation of random trees in the unidimensional case

The paper [Dev12] gives an algorithm to simulate unitype GW trees with offspring distribution v condi-
tioned to have size n. The idea is: simulate a multinomial vector (Np, ..., Nk) with parameters (n, Vo, v1,...)
such that

n=Y Ni=1+Y N, (4.9)

that is, simulate the degree sequence of a CGW(n). Then, obtain a uniform tree with degree sequence
(No, .. .,Nk). The resulting tree will have law P},.

F1rst we give an algorithm to simulate uniform trees with a given degree sequence S = (N;;i > 0)
satisfying (4.9). Algorithm 3 is obtained from [BM14b] and was proved in Lemma 4.5.

Algorithm 3 Generate uniformly sampled trees with a given degree sequence

Input: A degree sequence S = (N;;i > 0) with Y N; =1+ Y.iN; =s.
Output: A uniformly sampled tree with the given degree sequence.
1: Define the vector ¢ = (cy,¢3,...,c5), with Ny zeros, N| ones, etc.
2: Set w = (m, ..., ) a uniform random permutation of [s].
3: For j € [s] define the walk

J
Z co(m)—1),
1
satisfying W?(0) = 0 and W?(s) = —1.

4: Leti* =min{j € [s] : W?(j) = minj<;<; W?(i)} be the first time the partial sums reaches its minimum.
5: For j € [s] define the walk V (W?) of length s as

V() = ¥ feo (i) — 1),
1

with i* 4 j mod s.
6: Generate the tree with breadth-first walk V (W?).

Using Algorithm 3, we give and prove Algorithm 4, which was proposed in [Dev12].

Algorithm 4 Generate a GW tree conditioned to have size n

Input: A distribution v and a natural n.
Output: A tree with law PY.
Generate a multinomial vector S = (Ny, Ny, ...) with parameters (n, vy, vi,...).
Let K be the last non-zero component of S, that is N; = 0 for j > K and Nx > 0.
Define E(S) = 1 + Y iN;.
if Z(S) = n then
go to step 9
else
repeat from step 1
end if
Apply Algorithm | to the degree sequence (Np, ..., Nk).

D e A A A oy
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The following lemma proves Algorithm 4 gives us an CWG(n) tree.

Lemma 4.11. Let S;) be the ith vector obtained by step 1 of Algorithm 4, and let K = inf{i : E(S;)) = n}.
If T (k) is the tree obtained in step 9, then Tk has the same law as a CGW(n) tree.

Proof. Let S be a vector with the same distribution as S(l). For any vector s = (no, ...,n;) with Y. n; =n,
by definition we have
n .
P(S=ys)= Vi
( s) (n(),...,nk>H !

Denote by W? the bridge with increments ¢ o 7;; — 1, where 7 is a uniform permutation of the child
sequence ¢ = (c;), the latter obtained from S(k)- Denote by W its Vervaat transform, which codes the tree

T(k)- Then, for any bridge w? of size n, having Vervaat transform w and degree sequence s = (n, ... ,n;)
we have n
P(W=w)= nIP’(Wb = wb> = [ )P(S(K) =),
ng,...,Ng

since there are n bridges mapped to w by the Vervaat transform, and there are ( o " nk) different labelings
of such bridges. For the last term, we sum over all possible values of K and use independence between
simulations

Note that

s=(nog,...): s=(ng,...):
Y ni=1+Y in;j=n Y ni=14Y inj=n

where the sum is over all degree sequences of plane trees having size n. We relate this with v*", the n-th
convolution of the law v with itself. Using the formula for the convolution

n
vin-1)= Y ]V
(i1 smin): k=1
Zik:n—l

Fix any degree sequence (n;,i > 0) with }_n; = n, and note that the number of vectors (iy,...,i,) with

Y iz = n—1 such that
n
n
[Tvi=T1v"
k=1 k>0

is equal to the number of different bridges w” of size n, having degree sequence (n;,i > 0). This number

is (n();lll-“), therefore

Vvii(n—1) = Y (no,.r.l.,nk)nv’m'

s=(ng,...):
Y ni=14Y inj=n
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The latter, together with the Otter-Dwass formula [Ott49, Dwa69] imply

P(E(S) =n) = v¥"(n—1) = nP(|t| = n).

n 1
P T)= P(S=5,E(S) =
(g =T) N (S=5,Z(S) =n) G

nQ,...,"ng

_ v
P(|z| = n)

=P(t=Tl[t|=n),

proving the assertion. L

Note that one easy way to generate the multinomial vector (Np, Ny, ...) is using the binomials

No NBIN(n,Vo)
N] NBIN(H—N(),W/(I —V()))
N2 NB]N(n—No—Nl,Vz/(l —V()—Vl))

Using this conditional construction, the vector (Np, Ny, ...) has the desired multinomial distribution.

We can modify Algorithm 4 to make it faster. 12345

Using this two results, we can relax step 4 of Algorithm 4. Fix the number of initial individuals n; € N.
We find n close enough to ny, and generate an approximated CGW(n) tree. Let € > 0 be the error term
allowed in the simulations. Algorithm 5 generates an almost CGW tree.

Algorithm 5 Generate an approximated GW tree conditioned to have size n

Input: A distribution v, a natural number n; and an error term €.
Output: A tree with law P?, where |n —ny|/n; < €.
Generate a multinomial vector (N, Ny, ...) with parameters (n, vo, v, .. .).
Let K be the last non-zero component of (Ny, Ny, ...), thatis N; = 0 for j > K.
Define n = 1+ Y iN;.
if [n —n1|/n1 < € then
go to step 9
else
repeat from step 1.
end if
Redefine Nj =n—Y XN
Apply Algorithm 3 to the degree sequence (N)),Ny,...,Nk).

D A A S oy

~
e

Remark 4.5. Note that the number of individuals n in the tree is random. But the only difference between
the two sequences obtained in Algorithm 5 is that we add some few leaves to obtain a desired degree
sequence. By this we mean that we generate an approximated CGW tree.
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Note that Algorithm 5 gives us a degree sequence of size n, since
K K K
No+Y Ni=n—Y N;+Y Nj=n and 1+)Y iN;=n.
1 1 1

From our Lemma 4.8 (and Lemma 11 in [BM14b]), we know that the empirical degree sequence
(Ni;i > 0) of trees with law P!, rescaled by n;, converges to v. Let € > 0 and consider a vector M"! =
(Ny',N{',...,) with multinomial distribution having parameters n; and Vo, V,.... By the Glivenko-
Cantelli theorem (see Lemma 5.5 in the Appendix), we have the uniform convergence

ny
l _ vl
ni

<&

for every nj big enough. It is not difficult to prove that for every n > M for some M € N, and i > 1

]Ng—(Ng)’|:\n—n1\<8 and vV, — €& < N} <]Ll."< N} §Vi+81‘
n ni l+¢e ~n(l1+¢€) n n(l—g) 1—¢
From the last inequalities we get
V; NI N V;
— <liminf - < limsup — < ——.
I+¢€ n n 1—¢

4.6.3 Constrained simulation of random forests in the unidimensional case

Now we give a way to simulate uniformly sampled forests with a given degree distribution, this is Algo-
rithm 6, and was proved in Lemma 4.5.

Algorithm 6 Generate uniformly sampled forests with a given degree sequence
Input: A degree sequence S = (N;;i > 0) with Y N; = m+ Y iN; =ss.
Output: A uniformly sampled forest with m trees having the given degree sequence.
1: Define the vector ¢ = (cy,c¢2,...,c5), with Ny zeros, N ones, etc.
2: Set w = (my, ..., ) a uniform random permutation of [s].
3: For j € [s] define the walk

wP(j) =Zj:(co7ri— 1),

satisfying W?(0) = 0 and W2(s) = —m.

Leti* =min{j € [s] : W?(j) = minj<;<,W”(i)} be the first time the partial sums reaches its minimum.
Define an independent uniform variable U on [m] — 1, and 7y = min{j : W?(j) = Wb(i*) + U}.
Define the process V(W?,U) of length s whose jth term is ¢o 7, j — 1 with 7y + j mod s.
Generate the forest with breadth-first walk V (W?,U).

A
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Algorithm 7 Generate uniformly sampled multitype forests with a given degree sequence

Input: A degree sequence S; j = (N; j(k);k € [m; j]) satisfying n; = Y, N; j(k) for every j, and n; =
ri+ Y YikN; j(k), for every j.
Output: A uniformly sampled multitype tree with the given degree sequence.

1: Generate the vectors ¢; ; = (¢; j(1),¢; j(2),...,cij(n)), with N; ;(0) zeros, N; j(1) ones, etc., ordered
in non-decreasing order ¢; j(k) < ¢; j(k+1).

2: Generate m; j = (m; j(1),...,m j(n;)), a uniform random permutation of [n;], everything independent.

3. Define W? = (Vij;i,j € [d]), where

k
)= Lleigoml) = 1i=J)), k€[]

satisfying Wb .(0) = 0 and Wi (n;) = —k;.
4: Generate an 1ndependent uniform random variable U on [det (k; j)], where k; ; := Y kN; ;(k) — nil;i;.
5: Construct the multidimensional Vervaat transform V(W?,U) of W?.
6: Generate the multitype forest with breadth-first walk V (W?, U).

4.6.4 Constrained simulation of random forests in the multidimensional case

Now we propose Algorithm 7, using the multidimensional Vervaat transform as defined in page 103. This
algorithm is precisely Theorem 4.1.

4.6.5 Simulation of MCGW(n,...,n,) forests with given type sizes

For fixed n = (ny,...,n;), we consider the simulation of multitype GW forests conditioned to have n;
individuals of type i (MCGW(ny,...,ny) forests for short). Using Devroye’s idea of Algorithm 4 we
propose Algorithm 8. We denote by Py (-|#;.%# =n;,V j) the law of a MCGW(ny,...,nq), and by v; ; the
jth component of the distribution v;.

The following proposition, stated on the introduction as Proposition 4.4, proves that from Algorithm
8 we construct a MCGW(ny,...,n,).

Proposition 4.5. Let W be the breadth-first walk of a MCGW(ny, ... ,ng) forest satisfying the Hypotheses
of Theorem 4.2, having offspring distribution v, and root-type r with 1 < r; < n; for every i. Generate
independent multinomial vectors S; j = (N; j(0),N; j(1),...) with parameters (n;,v; j(0),v; j(1),...), and
stop the first time K = inf{k : (S, j,i € [d]) = n;j for every j}. Denote by S the multitype degree
sequence obtained, and let V(W?,U) be the breadth-first walk generated by Algorithm 7 using the degree
sequence S( K)- Then,

1
n det (k;, )
r H”t

P(V(W!,U)=w) = P (F =F#7 =n;.V j),

for every multitype forest F with root-type r and individuals-type n, coded by w and with k; j =Y kn; j(k) —
nili:j.
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Algorithm 8 Generate a MGW forest .# conditioned to have n; individuals of type i

Input: A distribution v, and natural numbers n; > r; > 1, for i € [d].
Output: A multitype forest with law P},.
1: Generate independent multinomial vectors S;; = (N;;(0),N;;(1),...) with parameters
(I’ll’, Vw'(()), V,'J(l), .. )
Let K; ; be the last non-zero component of S; ;, thatis N; j(K; ;) > 0 and N; j(j) =0 for j > K; ;.
Define & :=E(S; j,i € [d]) = rj+ ¥L; L1 kN; j(k) for every j.
if £; = n; for every j then
go to step 9
else
repeat from step 1.
end if
Apply Algorithm 7 to the degree sequence ((N;;(0),...,N; ;(Ki;)):i,j € [d]), obtaining a multitype
forest .7, with breadth-first walk distributed as V(W?,U).
10: Define kiJ = ZkNiJ(k) — nili:j.
11: Generate an independent uniform variable V on [0, 1].

s det(—k; ;)
12: ifV < (d-}-l)d—ll_l then
13:  Accept F = %
14: else
15:  repeat from step 1.

16: end if

D e A A S

Proof. We follow the same lines as in Lemma 4.1 1. Fix any d-type forest F', having r; roots and n; vertices
of type i, and degree sequence s = (n; j,i, j € [d]). Using the same notation as in Theorem 4.1, let w” be
a multidimensional bridge in Bg,, having multidimensional Vervaat transform w = V(wb,u) for some
u € [det(k; ;)], where k; j := Y kn; j(k) — n;1,—;. Using that W? has exchangeable increments, that U is
independent and uniform, and that there are []#; pairs (6qn(w),u) that can be mapped to w (as seen on
page 109), then

IP’(V(W[’,U) :w> = Hn,- P(Wb =wb,U = u>
1

_ P(S(x) =)
H/ (n,J)
_ 1 P(S=s)
Gl ) Ty () P(E(S10 € ) =nj, ¥ )

where S has the same distribution as S(1). We compute explicitly the last fraction of the above equation.
For the term P(S = s) we use the definition of the multinomial distribution

HH (nu) H n”(l)(l)'
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For the denominator we have

P(E(Si i€ [d])=n;, Vj) = Y P(S =s)
S:(I’liﬁj)l
YiYikn j(k)=n;—r; ¥
Yinj(k)=n;V i

- ¥ oon(r)meto
s=(ni j): i j N/ =0
YiYikni j(k)=nj—r; ¥ j
Yenij(k)=n;V i

On the other hand, note that for fixed j, using the formula for the convolution,

d ) d  ng
P(Zsﬁ}f:”j_rj>: Y HH Vi, (k)

k=1 T LK igg=nj—r k==

n; i.j(l
- oaO(M)mete.
ZiZkkni,](k) =nj—rj, 1
Yynij(k)=n;V i

where in the last equality, we used the fact that [; (n':’ ) is the number of different bridges having the same

degree sequence (n1 ;(0),n1 j(1),...),..., (ndJ(O),ng?j(l), ...). Note that the above sum only depends on
the sequences (n; j,i € [d]). Thus, multiplying for all j we have

P(E(Sij,i € [d]) =nj, ¥ HP(ZS";{f:nj—rj)

Therefore, using Theorem 4.2

I T s Vi)

d l(kl ) 7

T TP (XeShy == 1))
1 Pr(W=w)

T 57, (0, = 17,9 )

IP’(V(W”,U) :w) -

with n =Y n; and r = Y r;. We remark that Py (W =w|0; =n;,V j) =P (ﬁ =F#; 7 =n;V j) is the
law of the MGW forest conditioned by its sizes.

From Algorithm 8, the first 9 steps are used to obtain a forest .%, with law V(W? U). The remaining
steps are a usual Accept-Reject method to obtain a sample from the law of the conditioned MGW forest.
For each multitype forest with root-type r and individuals type n coded by w, define

_ ndet(kij(w)) _Pr(W=w|0j=n; V)
“or M P(VWRLU)=w)




CHAPTER 4. MULTITYPE FORESTS WITH GDS AND CGW BY TYPES 132

Recall Definition 4.6 and Lemma 4.7. For i # j, since k; ; < n; because the maximum number of type j
descendants that any type i can have is n;, then

d d
det(—kij) < Y []nj=@+ D" []n)
(i17~'~7id)j:1 ]:l

where the last inequality is true by the following bijection. We define a function between the set of
elementary forests on d types and labeled trees on [d + 1] vertices having root with label d + 1. Regard an
elementary forest F' on d types as a unitype tree on d + 1 vertices by adding a root with label d + 1 having
children the roots of F, and assigning label i to the type i vertex (cf. the paragraph before Lemma 4.5 in
[CL16], the remark after Proposition 7 in [BM14a]). This implies that the number of elementary forests
on d types is (d + 1)¢~! by Cayley’s formula.

The previous paragraph gives us the bound ¢,, < %(d + 1)‘1_1 =: c¢. Thus the Accept-Reject method
(see [Law13, Section 8.2.4]) applies whenever the uniform V satisfies

Pr(W=w|0j=n;Yj) ¢,  det(—kij)

BVWU)=w) ¢ @D

This concludes the proof. O]



Chapter 5

DINI DERIVATIVES FOR
EXCHANGEABLE INCREMENT
PROCESSES AND APPLICATIONS

Let X be an exchangeable increment (EI) process whose sample paths are of infinite variation. We prove
that, for any fixed ¢ almost surely,
limsup (X;1p —X;) /h=0c0 and liminf(X;;; —X;)/h = —oo.
h—0+ h—0+

This extends a celebrated result of Rogozin for Lévy processes obtained in [Rog68], and completes the
known picture for finite-variation EI processes. Applications are numerous. For example, we deduce
that both half-lines (—eo,0) and (0,0) are visited immediately for infinite variation EI processes (called
upward and downward regularity). We also generalize the zero-one law of Millar for Lévy processes
by showing continuity of X when it reaches its minimum in the infinite variation EI case (cf. [Mil77]);
an analogous result for all EI processes links right and left continuity at the minimum with upward and
downward regularity. We also consider results of Durrett, Iglehart and Miller on the weak convergence of
conditioned Brownian bridges to the normalized Brownian excursion considered in [DIM77] and broad-
ened to a subclass of Lévy processes and EI processes in [UB14, CUB15]. We prove it here for all infinite
variation EI processes. We furthermore obtain a description of the convex minorant known for Lévy pro-
cesses found in [PUB12] and extend it to non-piecewise linear EI processes. Our main tool to study the
Dini derivatives is a change of measure for EI processes which extends the Esscher transform for Lévy
processes.

5.1 Statement of the results

Undoubtedly, Lévy Processes are one of the most studied classes of stochastic processes. A less known
class which contains them is that of Exchangeable Increment (EI) processes considered in general by
Kallenberg in [Kal73].

Definition 5.1. A continuous time cadlag R-valued stochastic process X = (X;,t € [0, 1]) has exchange-
able increments if for every n > 1, the random variables

X1/ Xo/n =Xt jns s Xt = X(n—1)/n

133
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are exchangeable.

Clearly, all Lévy Processes are EI since iid random variables are exchangeable. Therefore, one can
inherit results for Lévy processes from their counterparts for EI processes, as we illustrate in this chapter.
However, conditioning a Lévy process X by its final value (to obtain the so called Lévy bridges as in
[CUB11] and [UB14]) or considering (X; — X, < 1) also yield non-Lévy processes, so that our results
can be applied more broadly.

Also, the analysis of EI processes is sometimes aided by simple combinatorial considerations. Indeed,
for random walks, the combinatorial considerations of [Spi56] lead to a more thorough understanding of
the Fluctuation Theory (study of extremes) of random walks and Lévy processes, and in particular of the
celebrated arcsine law for symmetric random walks and Lévy processes; it also reobtains the following
formula of [Kac54]

E(o?l?énxk/") = ]; %E (Xk/n> . G.D
More recently, [AP11] introduced a bijection on permutations which ultimately lead to a description of the

convex minorant of a (discrete time) EI process and reinterprets the fluctuation theory of random walks.
The Kac-Spitzer identity just displayed is interpreted as the equality in law

K

max Xk/n 4 Z [XSi/n _XSifl/”

] +
0<k<n =1

(5.2)
where 0 = §p < S1 < -+ < Sk, = n is the partition obtained from a uniform stick breaking process on
{1,...n} independent of X. The link with the typical fluctuation theory (of random walks and Lévy pro-
cesses) comes from considering a random » independent of X and geometrically distributed. The partition
is then seen to arise from a Poisson point process and the right hand side becomes a compound Poisson
distribution in the random walk or Lévy process case; cf. Theorem 4 in [AP11]. The description of the
convex minorant for discrete time EI processes is used here to prove an analogous theorem for contin-
uous time EI processes. The multidimensional case is much less studied, but the combinatorial lemma
of [BNB63], from which one obtains the expected characteristics of the convex hull of (2D) random
walks (like perimeter length or area) has been extended in various directions (and dimensions!) including
[REW17, KVZ17a, KVZ17b, VZ18]. Still in the realm of fluctuation theory, [Ber93] constructs (one-
dimensional) random walks conditioned to stay positive through a bijection on permutations; this result
is used here to study continuity of an EI process when it reaches its minimum. Away from random walks,
(discrete time) EI processes of a particular type are associated to trees (with a given degree distribution)
in [BM14b] and combinatorial considerations give information on this probabilistic model.

Kallenberg obtained in [Kal73] the following representation of EI processes X: there exist random
variables a, B = (f;,i € N), and ¢ > 0 which are independent of an iid sequence of uniform random
variables (U;,i > 1), and of a Brownian bridge b, such that

X[ = ot + Gb[ + Zﬁl [lUiS[ —t] .
i>1
When «, 8 and ¢ are deterministic, the EI process X is termed extremal. All EI processes are therefore
mixtures of extremal EI processes and we say that X has canonical parameters (@, o, f3).

Remark 5.1. Our results are stated for extremal processes. They can be generalized by conditioning on
the parameters, on the set where these satisfy the given hypotheses.
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The sample paths of an extremal EI process X are of infinite variation if and only if
Infinite variation either 6 > 0 or ) |f3;| = .
Our first result is the following:
Theorem 5.1. Let X be an extremal EI process of infinite variation. Then, for any fixed t almost surely,

Xpin—X, Xiin—X,
limsup 2 — o and liminf 22T = oo (5.3)
h—0 h h—0 h

both from the left and from the right.

Reversibility for EI processes (the fact that (X — X1t < 1) has the same law as X) implies that it
is enough to handle the above theorem for the right-hand derivatives. By exchangeability, it is enough to
consider t = 0. We define

— X X
D(X) = limsup =2 and D(X) = liminf =2
h—0+ h—0+

In contrast, for finite variation EI processes X, which satisfy 6 =0 and }' | Bi| < oo, we can write them
as X; = &t + Y ; Bily,<; where & = oo — Y ; B;. Finite variation EI processes therefore are characterized by
the parameters (&, 3). It is well known that D(X) = D(X) = & almost surely (cf. [Kal05, Cor. 3.30]) in
this case.

Theorem 5.1 was proved for Lévy processes in [Rog68] by using an integro-differential equation
initially found by Cramér and later recognized and analyzed as a resolvent equation by Watanabe in
[Wat71]. Additional proofs, based on the fluctuation theory for Lévy processes, may be found in [Sat99,
Ch. 9847] and [Vig02]. Bertoin proved the limsup statement in the spectrally positive EI case (when
Bi > 0 for all i) in [Ber02], based on the results of Fristedt from [Fri72]. Kallenberg takes results further
by considering upper envelopes of EI processes in [KalO5] by clever couplings with Lévy processes.
These results are nevertheless insufficient to obtain Theorem 5.1. A particular case of the above result
is found in [CUB15, Prop. 3.5] under an additional hypothesis on 3. Additionally, the same proposition
proves Theorem 5.1 whenever ¢ # 0 using the law of the iterated logarithm for Brownian motion. Hence,
we could assume that o = 0 in our proofs, but the method is robust enough to handle it. Actually, in
the Lévy process setting, our method can also handle general Lévy processes and gives and independent
proof of Rogozin’s result. This is done in Section 5.2, while Theorem 5.1 is proved in Section 5.3.

Our next application is to show that the zero-one laws for Lévy processes of Millar are actually valid
(and therefore a consequence) of the following result (cf. items a and b of [Mil77, Thm. 3.1]) which links
behavior when reaching the minimum with behavior at time zero.

Definition 5.2. An EI process X is said to be upward regular if inf{z € [0,1] : X; > 0} = 0 almost surely.
The process X is downward regular if —X upward regular.

We consider Knight’s result [Kni96] in the extreme setting, about the necessary and sufficient condi-
tions for X to admit a unique minimum:

UM either 6 #0or Y1529 =0 or ¥;1g 49 <o and }; B; # a.



CHAPTER 5. DINI DERIVATIVES FOR EI PROCESSES AND APPLICATIONS 136

Theorem 5.2. Let X be an extremal EI process satisfying UM. Let X | = infyc(o 1) X, and let p be the
unique element of {t € [0,1]: X, AX,— =X,}. Then X, > X, if and only if X is irregular upward and
Xp— > X, if and only if X is irregular downward. In particular, X is continuous at p if and only if X is
both upward and downward regular and this holds on the set where X has paths of infinite variation.

Millar actually proves the above result in the Lévy process setting at more general random times and
refers to this as the pure behavior of Lévy processes, while noting that it is rather exceptional in the class
of Markov processes. Millar also remarks that it is this zero-one law which implies that the conditional
law of X, . given X.»p depends only on X; and X,,. The extension to general random times follows quite
easily with Millar’s arguments from the stated result above. When X is a Lévy process of finite-variation,
necessary and sufficient conditions for regularity have been found by Bertoin in [Ber97] in terms of the
Lévy measure. We believe that a similar characterization should be available for EI processes in terms of
B. This is left as an open problem.

Regularity of half-lines for a Lévy process has many other applications: it helps in obtaining perfect-
ness of the zero set and in constructing a continuous (Markovian) local time (Theorem 6.6 of [Kypl4]);
it implies uniqueness for solutions of time-change equations used to construct multitype branching pro-
cesses (Lemma 6 in [CPGUB17]); regularity of (—eo,0) has been used when pricing perpetual American
put options, as a condition for smooth pasting (see the discussion on Section 1.4.4 in [KL05]).

Our second application concerns the weak limit of an EI process X ending at zero, conditioned on
remaining above —&, as € — 0. The limiting process is called the Vervaat transform of X, and is defined
as

V(X) :X~+p mod 1

Theorem 5.3. Let X be an EI process with o« = 0 which is both upward and downward regular. Consider
€ > 0 and let X¢ have the law of X conditionally on X; > —&. Then X*¢ 4 V(X)ase—0.

Note that the above theorem always applies to infinite variation EI processes thanks to Theorem 5.1.
The above theorem was proved when X is a Brownian bridge from 0 to O of length 1 by Durrett, Iglehart
and Miller in [DIM77]. The form given above is taken from [CUB15] and is more general, but is actually
a simple consequence of the results in that paper. What was lacking in the latter reference is the zero-one
law at the minimum of our Theorem 5.2 and, in particular, the fact that all infinite variation EI processes
reach their minimum continuously.

Our next application is to extend the description of the convex minorant of a Lévy process of [PUB12]
to the EI setting. In the latter reference, it is noted that this description gives another interpretation of a
fundamental fact of the fluctuation theory for Lévy processes, namely, the Pecherskii-Rogozin identity of
[PR69]. We will consider EI processes which do not have piecewise linear trajectories. By considering
the extremal case, this happens if and only if

NPL o >0or},; 1520 =rc°.

We will call these processes of the NPL type. The setting of infinite variation EI processes of Theorem
5.1 simplifies the proof.

Definition 5.3. The convex minorant of a cadlag function f : [0,1] — R is the greatest convex function c
that is bounded above by f. The excursion set is the open set

O=A{te[0,1]: f(t) >c(t)}.
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Its maximal components, intervals of the form (g,d), are termed excursion intervals and they have an
associated length d — g, increment f(d) — f(g) , slope (f(d) — f(g))/(d — g) and excursion e(t) =
f(g+1)—c(g+1) defined fort € [0,d — g|.

Recall that an upper bounded family of convex functions has a convex supremum, which explains why
the convex minorant exists. Let C be the convex minorant of an EI process X of the NPL type. As stated
in the next result, its excursion set

O=A{te|0,1]:X; >C}

is open and of Lebesgue measure 1. We will consider the following precise ordering of the excursion
intervals. Let (U;,i > 1) be an iid sequence of uniform random variables on [0, 1] and let (g1,d}), (g2,d>),
... be the sequence of distinct excursion intervals which are successively discovered by the sequence (U;).
With them, we can define the sequence of lengths, slopes and excursions (ei). For another independent
sequence (V;,i > 1) of iid uniform random variables on [0, 1]. We will also consider the partition induced
by a stick-breaking scheme based on (V;): define

So=0, Si1=8-+L and Lii = (1 _Si)ViJrl-

Then (L;) is the uniform stick-breaking process and S is the partition of [0, 1] induced by its cumulative
sums. Note that this is a very sparse partition of [0, 1] which we can use to analyze X by considering:
Xs, — Xs._, and the sequence of Knight bridges where K' is the Knight transform of X — Xs, | on [0,L;].
The Knight transform of an EI process Y starting at zero on an interval [0, ] and satisfying UM is obtained
by first defining the Knight bridge K; = Y; — sY, /1, letting p be the location of its (unique) minimum to
finally define

S — K(p+s)mod ‘ —Kp /\Kp_ for s € [O,Z‘].

Theorem 5.4. Assume that the EI process X satisfies NPL. Then, its excursion set O is open and of
Lebesgue measure 1. Furthermore, the following equality in law holds:
(di_giaxdi_Xgiael)iZI = (Li7XS,~_XS Kl)

i—1?

i>1"

Recent papers have used the above description of the convex minorant (in the Lévy process case) to
develop an exact simulation method for the maximum of a stable process (found in [GMU18b]) and an
approximate simulation method (albeit very efficient, cf. [GMU18a]) for the maximum of Lévy processes
whose one-dimensional distributions can be sampled exactly. This is particularly relevant to Monte Carlo
methods for ruin probabilities with finite and deterministic horizon. In [CM15], the classical Cramer-
Lundberg ruin process is generalized to an exchangeable increment process on [0,) to relax the inde-
pendence between claim sizes; these are mixtures of Lévy processes. In contrast to the classical setting,
when working under the classical net profit condition, the ruin probability might not converge to zero as
the initial capital goes to infinity and a new net profit condition is needed. In the finite-horizon case, we
would be dealing with an EI process of the type considered here; Theorem 5.4 would give us access to the
ruin probabilities.

We end this section with a few comments on the organization of the chapter. Our main result is
Theorem 5.1; all others have a simple proof from Theorem 5.1 and more specialized results from the
literature. A brief outline of the proof of Theorem 5.1, which explains the organization of the chapter, is
as follows.

Step 1: Assume &, 6 = 0 and 8; > 0 for every j (if B; <0, apply this step to —X).
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(X) = eo. This follows from results of [Fri72].

oD

e D(X) = —eo. We use an exponential change of measure (which reduces to the well known Esscher
transform if X is a Lévy process), with parameters 0 € Rand T € (0, 1), to deduce that D(X) =
a®/T 4+ D(X?), where X? is another EI process, a® is a random variable (not independent
of X9, although for Lévy processes, a? is deterministic). A lower bound on the probability
that an EI process with positive jumps is non-positive (found in [Sat99] for Lévy processes)
implies that D(X%) < 0. It remains to notice that the infinite variation hypothesis gives us
a® — —co when 8 — —oo, thereby proving Theorem 5.1 in this case.

Step 2: Assume 6 #0or Y ‘ﬁ]‘ = oo; also set @ = 0.

e D(X) = —eo. We note that the aforementioned lower bound is valid when o # 0 and that it works
along deterministic subsequences, so that liminf,_,.. X; /1, <0 whenevert, | 0 and X has only
positive jumps and a Brownian component. We then write X = X? + X", where X? and X"
are independent, X" only has negative jumps and X” only has positive jumps and contains the
Brownian component (if any). If X” or X" has finite variation, we use [Kal05, Cor. 3.30] and
Step 1. Hence, assume both have infinite variation. We then get a random subsequence 7j | 0
such that Xﬁ /Tj, — —oo and, using independence, we get limianﬁ /T; < 0. Hence, we obtain
D(X) = .

e D(X) = eo. Apply the previous case to —X.

The chapter is organized as follows: In Section 5.2 we present a simplified proof following the outline
above in the setting of Lévy processes. This is because the exponential change of measure and lower
bounds on probabilities discussed above are already known. In Section 5.3, we consider Theorem 5.1 in
the case of EI processes. Here, we state and prove the exponential change of measure and lower bounds
for probabilities. Finally, Section 5.4 is devoted to the applications of our results, and contains the proofs
of Theorems 5.2, 5.3 and 5.4.

5.2 The Lévy process case

We now illustrate the proof of Theorem 5.1 in the case of Lévy processes. This proof is the only one
published that does not use fluctuation theory for Lévy processes and can be considered to be simpler. It
is based on basic facts on Lévy processes and on the Esscher transform. The reader might consult [Ber96]
and [Sat99] for these basic facts, some of which we now recall. In particular, Lévy processes satisfy the
Blumenthal 0-1 law and therefore the random variables D(X) and D(X) are actually constant.

Recall that X can be written as the independent sum of two Lévy processes X! and X2, where X! has
bounded jumps and X2 is compound Poisson. Since lim, ,oX? /¢ exists and is finite, we see that it suffices
to prove Theorem 5.1 when X has bounded jumps.

Assume then, that the jumps of X are bounded by 1; we can then determine X by its Laplace transform

E(e’le> =) where W(A)=al +1262/2+/[ ][elx — 1 —Ax] 7(dx)
—1,1

by the Lévy-Khintchine formula. Let X be a Lévy process whose paths have infinite variation; equiva-
lently, we assume that

G2>0 or / x| 7(dx) = oo.
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The Lévy measure 7, which is concentrated on [—1, 1], satisfies

/xzn(dx) < oo,

In other words, the characteristic triplet of X is (&, 0, 7).

The following result is a trivial extension of the well-known Esscher change of measure for Lévy
processes, as found in [Kyp14]. It will imply that the superior and inferior limits in Theorem 5.1 are not
finite. Let %, = (X : s <1).

Proposition 5.1 (Esscher transform). Fix 8 € R. Define the measure Q by its restriction to .%; as

QL% _ e@X;—t‘I‘(G) P| _

ft °
Then, under Q, the stochastic process X is a Lévy process whose Laplace exponent is:
POA)=W(A+6)—-P().

In particular, the characteristic triplet of X under Q is (otg, 0, Tg) where:

059:OC+962+[ ][eex—l]xn(dx) and th(dx):1[_171](x)e9x7r(dx).
~1,1

Note that atg — —o0 as @ — —oo when [ |x| 7(dx) = o or 6% > 0.
We now specialize to the spectrally positive case and then use a (simple) argument to deduce the
general case.

5.2.1 The spectrally positive case

We now focus on the spectrally positive case, which corresponds to the Lévy measure 7 concentrated on
[0,1]. When X is spectrally positive, a general result of Fristedt implies that limsup,_, |X;| /t = co; cf. the
proof of part A of Theorem 1 in [Fri72]. Since X; /7 is a reverse martingale with no negative jumps (when
t decreases) which does not converge (because of the preceding phrase), Proposition 7.19 in [Kal02] tells
us that D(X) = oo,

To prove that D(X) = —oo, we use the following result of Sato for spectrally positive Lévy processes.

Lemma 5.1. If X is a spectrally positive Lévy process with parameters (&, 0, ) with jumps bounded by
1 and aa =E(X;) < 0then P(X; <0) > 1/16 for allt > 0. Also, for any deterministic sequence t,, — 0,

liminf22 < 0.
n—eo  f,

The first statement is Proposition 46.8 in [Sat99]; the proof is simple and based on inequalities of the
Paley-Zygmund type (based on exponentials of X)) and on properties of the Laplace exponent. However,
it should be noted that the theorem cannot hold for all & (consider o¢ — o, so that P(X; < 0) — 0), and
that the proof is valid when @ < 0. The second statement is found in the penultimate paragraph of the
proof of Theorem 47.1 in [Sat99], and basically follows from the Borel-Cantelli lemma and the first part
of Lemma 5.1; however, in the proof, one uses that o < 0, so that it remains valid. We reprove the lemma
in the EI setting using Lemma 5.3 below.
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Proof of Theorem 1 for totally asymmetric Lévy processes. As before, we restrict ourselves to the spec-
trally positive case with jumps bounded by 1.

Note in particular, that Lemma 5.1 implies that D(X) < 0 when a = 0. On the other hand, by absolute
continuity, we see that D(X) takes the same constant value both under P and under Q. Hence, we can
write

D(X) = ag +D(X)

where X is a spectrally positive Lévy process of characteristics (0,0,7g). By the preceding lemma,
D(X) < 0. As we remarked, 0tg — —o0 as @ — —oo, s0 that D(X) = —oo. We deduce that for all & € R,
D(X + ald) = —oo. []

5.2.2 The general case

Let X be a Lévy process of infinite variation and bounded jumps. It suffices to prove D(X) = —oo for any
such process and then apply this to —X to conclude that also D(X) = . Using the Lévy-Itd6 decomposi-
tion, we write X = X"® + XP% as the sum of two independent Lévy processes, where X"°¢ is spectrally
negative and XP° is spectrally positive; this can be achieved with E(X*") =0 so that Lemma 5.1 applies.
In particular, from Theorem 5.1 for totally asymmetric Lévy processes (proved in Subsection 5.2.1), we
have D(X"®¢) = —oo. Hence, there exists a random sequence V,, | 0 such that X;fg < —nV,. Since X" is
independent of XP°* and the latter is spectrally positive, Lemma 5.1 implies that liminf,HmX‘r,’nOS [V <0.
We then conclude that

pos
X X e ¢
hmlnf—[ghmmf Va < liminf Yn o p— o,
=0 f n—eo  Vy n—oo n

5.3 Dini derivatives of EI processes in the totally asymmetric case

In this section, we prove Theorem 5.1; note that it suffices to prove it for extremal EI process and obtain
the general case by mixing. For concreteness, we assume that X is extremal and only has positive jumps,
so that B; > 0. We first show that Dini derivatives are constant.

Proposition 5.2. Let X be an extremal EI process with parameters (¢, 0, 3). Then
D(X)=c, and D(X)=c,
for some constants cy,cy € [—o0,00|.

Proof. Fix any k € N, and define X,(_k) =at+0ob+ Y7, B [1Uj§r —t]. Hence, for any ¢ < min{U; :
i € [k]} we have

(k) &k
X; _ X, _ '
rt Zl Bi.

which implies
- Xt - Xt(ik)

k
lim= =1i -Y'B: 5.4
im e =l LA (54

for any k. Let
G= () obs:s<e).
e€(0,1)
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The (local) absolute continuity of the Brownian bridge with respect to Brownian motion, and the Blu-
menthal zero-one law for the latter imply that ¢ is trivial. Let % = 6(Uy, Ui, 1,...) and note that ¢ is
independent of (any sigma-algebra but in particular) .%;. As noted in the proof of [Ber96, Prop. 1§2.4],
the argument for Kolmogorov’s zero-one law tells us that ;¥ V .%; is trivial. Since the right-hand side
of (5.4) is ¥ V #-measurable, we deduce that the left-hand side is (), ¥ V .%#;-measurable and therefore
trivial. A similar argument works for the lower Dini derivative. [

We will proceed as in the case of Lévy processes: we first give a change of measure for EI processes,
analogous to the Esscher transformation, which has the effect of transforming the drift and the jumps.
As in the Lévy case, D(X) = oo follows from simple results on the literature. We then use martingale
arguments to prove that D(X) < 0. Finally, our change of measure will imply that D(X) = —co.

Proposition 5.3 (Change of measure). Let X = (X;,t € [0,1]) be an extremal EI process with character-
istics (a, 0, B), defined on the probability space (Q,. % ,IP). Then

[e )

E<eex,> p001+620%(1-1)/ H[ 9[3, 1 efBi(1-0)] < oo

forallt €]0,1] and 6 € R.
FixT €(0,1), 6 € Rand let # = o(X; : s <t). Define Q on Fr by

E(e%%71,)

QA) = E(eeXT) :

Under Q, the stochastic process (X;,t < T) is an EI process whose (random) characteristics (a®,c, )
have the following law. Let (Bj) be independent Bernoulli random variables with parameter p; given by

Te@bj

Teeb/+(l—T)' (55)

Pj=

Then
a® =aT+600+Y B;i[B;—T] and B;=p;B;,
J
where Y ; B; [B i— T} converges almost surely and in L.

If a =0 and either 6 > 0 or ¥;15,.o = oo then E(e’le) — o0 as A — oo for everyt € (0,1).

Remark 5.2. When X is a finite variation EI process, driven by the two parameters (@, 3) (rather than
(a,0,B), ) as explained in Section 5.1, then X under Q is also of finite variation and is driven by the
two parameters (QT, [39). Hence, B(X 9) =D (X 9) = @&, which does not depend on 0, the interpretation
is that, in this case, the change of measure is not adding a drift. If we choose not to reparametrize with
(e, 9), the finite variation case is characterized by the fact that &® is bounded in 0. On the other hand,
if X is of infinite variation, we shall see that a® stochastically increases from —oo to oo,

Proof. Let us begin with the proof that the moment generating function of X is finite. Use the canonical
representation X; = ot + ob; +); B; [IU <t — t} . Define

0(t,0,8) = eI [1 — 1]+ £OB0-1)¢.
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Note that,
E(ge{ﬁﬂa,a*’}) =0 (t, 97Bj> :

For fixed ¢t and 0, we have
1
9(1,6,8) =1+ (6% —6%*) B>+0 (B°)

as B — 0. Therefore, [17_; ¢ (1,6,B;) exists, since (B;) is square summable. By Fatou’s lemma, we see
that

0X; a0t+0%262t(1—1) Bily;<—t a0t+6%c%(1—1) =
5(e") e i () < o0 <

jsn

But then, Holder’s inequality implies the log-concavity of 6 — E(e , which is then enough to obtain
uniform integrability of the sequence X" =X —Y .., B; [IU i<t — t} . This implies the stated infinite product
formula for the moment generating function of X;.

Consider now a sequence V = (V;) of independent uniform (0, 1) random variables, independent also
of b and the (U;) and define B; = 1y;<p,. Note that obviously Y, [SJZBf < oo, Regarding af, we use
the Kolmogorov three series theorem. Indeed, since the sequence (f3;) is bounded, so is the sequence
(Bj [Bj—T]). On the other hand, we have

n ! e%Pi —
E(;ﬁf[Bf_T]>:;T(I_T Te9ﬁ1+( (Zﬁ)

Finally, we see that

QX,)

ar(i B; [Bj_T]) = zn:ﬁjzpj(l —pj) < iﬁjz
j=1 j=1 J=1

Consider also the process

X? = /T +00byr+ Y BiB; [y, jr —1/T|
7

defined on [0,7]. Note that X is an EI process on [0, 7] with random characteristics (a?, 5%, B9); we
finish the proof by comparing, through moment generating functions, the finite-dimensional distributions
of the increments of X under Q and of X¢ under P.

First of all, by independence of U and b; since the law of b under ¢%%7 . P equals that of b+ c61d (as
can be proved through the Gaussian character of b), it suffices to prove the theorem when ¢ = 0. Since o
is deterministic, it also suffices to consider ¢ = 0.

Let0=7p<t <:---<t,=T and A;---, 4, € R. Using similar arguments as for justifying the
exchange of expectation and infinite products in the computation of the generating function, we first see

that
n
E H il =Xy ] 0Xr
i=1
[ e s o)
J

i=1
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Therefore, the Laplace transform of (X;,,...,X;,) is finite under Q and

EQ (qeli[xfi_xfi—l]) o BXT (H —Xi;_ 9XT>
ﬁ (ﬁ liﬁj[luje[zil‘ti](titi—l)]eeﬁj[luje[O,T]T}> '

BXT
jzl

By considering the interval of the partition [#;_1,;] on which U falls, and recalling the definition of p; in

(5.5), we get

EQ (ﬁ eli [Xfi —Xii_y ] )

i=1
n
He_eﬁjT ﬁ]Z, 12'(1‘1 ti— 1 Z _tl 1

- ]E( GXT

N A (ot ti—ti_ B.
— He_ﬁjzl':]z’l(tl ti—1) [(1 _p]) + Z lTllpjelzﬁJ] .
j i=1

Recall that o and o are zero in the definition of &® and X?. On the other hand, using the definition
of X9, we can use the distributional assumptions on B and U (first independence, then conditioning on B,

and finally considering the interval [t;_1,#;) on which U ; falls) to obtain
ﬁ B [B;~T]"

.l _hitliog
o J[ TUE(ti_1.1) T ]
il |

- He_Z?:lliﬁj(fi—tifl)E( [(1 . pj) +pjeZ?:1 iBilru;eq, 1:)])

Lo ti—tie
(l—pj)+ije’“ﬁf’T’]
i=1

_ H e~ Lim1 AiBj(ti—ti-1)

The preceding equation shows that the increments of the left-hand side have the same law as the corre-

sponding increments of j[lng. — -] under Q, for every j. Thus

HE <ﬁ lﬁj B T] ~liz1 —0—/1iBij [ITUjE(til,l,‘)_ri;é_l}) — EQ <IEIe)L[[XtiXtil]) < oo,
i=1

1
Similarly as in the proof of Proposition 5.3, using Fatou’s lemma and Holder’s inequality we deduce

E(ﬁglg[X,?—X,?]]) :HE<fI /'Lﬁj[B T] [ITU et Ti?l]) )
j !

i=1 =

Hence the finite-dimensional distributions of X under Q, and X 9 under PP are the same
The last part of the statement follows from the fact that if & is any random variable on R with finite

generating function g, then g(eo) = e whenever P(§ > 0) > 0. The hypotheses on X are chosen so that
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P(X; >0) >0 for all t € (0,1). Indeed, when o =0, (X;/(1 —1),t < 1) is a martingale; the assumption
P(X; > 0) = 0 implies E (X, ) = 0 which then gives P(X; = 0) = 1 and our hypotheses imply that X; has
no atoms for 7 € (0, 1) as shown in the proof of Lemma 1.2 in [Kni96]. [

We now consider the behavior of the drift a® as a function of 6.

Proposition 5.4. The mapping 0 — o is stochastically non-decreasing. Also, a® € L;, 6 — E(OCG) is
continuous and strictly increasing and, if X is of infinite variation, E(a 9) — Fooas O — oo,

Proof. We have already proved that oc? is a convergent series (plus the couple of constants & and 66);
it is absolutely divergent in the infinite variation case and otherwise absolutely convergent. Using our

explicit construction of the random variables B; as lv <p; and the definition of p; in (5.5), we note that
the B;[B; — T|] are increasing in 6, which implies the same for o?.
Recall that of is (modulo a constant) a series of independent random variables taking two values,

whose means and variances are summable. Hence a® € L; and

e9Bi 1
ZBJTeeﬁf—i—(l—T)

E(a )—a—i—ecr-l—T

The above summands are O(OBJZ), uniformly for 6 on compact sets. This implies the continuity of

0 — E(ae). But the mapping
eOBi — 1

TP+ (1-T)

= B;

is strictly increasing, and monotone convergence implies the same for 6 — E(OCG). Finally, note that the
preceding function of 6 goes to +f3; as  — Feo. When X is of infinite variation, Fatou’s lemma can be
applied to the series for E((xe), as the summands in its definition are either all positive or all negative,
and conclude that E(a®) — oo as 6 — oo, O

We now give a version of Lemma 5.1 for EI processes, as well as a simple lemma which uses it.

Lemma 5.2. Let X be an extremal EI process with parameters (0,0, ) such that B; < 0 for all i. Then
P(X; >0) > 1/16 for everyt < 1/2.

Proof. Assume we have proved that
4
E(e%) <E(eM) (5.6)
for A > 0 and ¢t < 1/2. Then, using the Cauchy-Schwarz inequality we would obtain for A > 0

M) —E(eMi1y - 2
P(X, > 0) > <E< )E(i(“t) lx,_o))
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By Proposition 5.3 we can chose A; such that £ <e)“fX'> = 2, which implies

1
P(X;>0) > —.
Now, let us prove (5.6). First note that (5.6) is an equality for a Brownian bridge. Hence, by the in-
dependence of the latter with the (purely discontinuous) jump part of X, it is enough to assume ¢ = 0.

Defining
0;(A) := B (P10 ) iy (),

it is enough to prove for every j € N that
0<4¢9;(1)—¢;(21) A >0. 5.7

Since the right-hand side is zero when A = 0, proving it has a non-negative derivative implies Equation
(5.7). Taking the derivative with respect to A, we need to prove that

o <y Bi1= 0B 4 Bi(—r) (1 =) AP0

vi(A)
B =000 4 By (1 — )P0
w;j(24)
which is equivalent to
02 eMBi — B _ |

te*Bip 11—t re?Bip1 ¢
and further equivalent, since the denominators are positive by convexity of the exponential function, to

1=+ —=2)P + (140 —1e3*Pi > 0

As before, the left-hand side at A = 0 is zero, hence, it suffices to prove its derivative is non-negative.
We apply an analogous reasoning by evaluation at A = 0, differentiation and division by 3 jewf (which is
negative) three times! The sequence of derivatives, taking out the factor 8 jewf are

t—2+42(1+1)e*Pi —3124Pi
2(141) —6te*Pi and
—6telbi

The penultimate function is non-negative at A = 0 when ¢ € [0,1/2]. The last row then shows that the
penultimate one is non-negative, which we can then bootstrap to show inequality (5.7). L

The choose of 4, such that f(4,) =2 in the preceding proof seems arbitrary; the reader can check it
gives the best bound obtainable by this method.

Lemma 5.3. Let X = (X;,t > 0) be a cadlag process such that, for some sequence t, |, 0, the random
variable liminf, X, /t, is constant. Assume that, for some €,c > 0, we have P(X; <0) > ¢ for every
t € [0,€]. Then, liminf, X; /t, <O.
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Remark 5.3. Note that the above can be applied when the augmented initial c-algebra of X, given
by Neg=00 (X; : s <€), is trivial (hence for Feller processes) or in the case of extremal EI processes by
mimicking the proof of Proposition 5.2; in this case, we can apply the result to any sequence t, |, 0.

Also, by mixing,we deduce from the above two lemmas that if X is an EI process with random char-
acteristics (a, 0, ), where oo < 0 and B; > 0 almost surely, then liminf, X; /t, < 0 almost surely for any
sequence t, | 0.

Proof. By contrapositive, assume that liminf, X; /¢, > 0. Then:
lim P(X;, <0) < lim P(X;, <0 for some n > N)
N—ro0 N—oco
= P(X;, <0 infinitely often)

X
= P(liminfi < 0) =0.0
n i
We are now ready to prove Theorem 5.1 in the case of totally asymmetric EI processes. The proof is
similar to the one for (spectrally positive) Lévy processes given in Section 5.2.

Proof of Theorem 5.1 when o, 6 = 0 and ; > 0. We first prove that D(X ) = . Define the measure f3(dx) =
Y. 6p,cqx- Using Fubini’s theorem

/Olﬁ(t,m)dt:/ol/lmﬁ(dx)dt:/Ow/omdtﬁ(dx):Zﬁj/\l:oo_

Hence, we obtain for any k£ > 1

1 k
/ ﬁ(kt7°°)dt:/ ﬁ(f,‘x’)dlxt/k:oo
0 0

It follows that, for infinitely many ¢ € (0,1) we have |AX;| > k¢, which in turn implies |X;| > kz/2 or
|X,—| > kt /2, for such ¢. Since k was arbitrary, we have lim, o |X;|/t = oo.

Note that (X;/t,1 € (0, 1]) is a backward martingale (here, it is important that we restricted ourselves to
the case @ = 0) without positive jumps. Note that it does not converge, thanks to the preceding paragraph.
The process N = (—X_;/t,t € [—1,0)) is therefore a martingale without positive jumps (divergent almost
surely). If we define 7. as the first time N reaches ¢ € R, then (¢ —N_;rr,,—1 <t < 0) is a non-negative
martingale. By the martingale convergence theorem N.5;. converges a.s. to a finite limit as ¢ 1 0. If 7,
were infinite, N itself would therefore converge; hence, 7, is almost surely finite. Since ¢ was arbitrary,
then E,TO N_; = oo, which implies lim, 10X /t = co. (The above argument was taken from [BerO1] and
[Fri72]). We have proved that D(X) = oo for any extremal EI process with parameters (@,0, 3) of infinite
variation when f; > O for all i. Taking mixtures, we can let @ and 8 be random, as long as }; f; = oo
almost surely. We use this remark in the following paragraph.

We now prove that D(X) = —oo. First we apply a change of measure (through Proposition 5.3) to
X; call the resulting measure Q? to stress the dependence on 6. Write a®Id /T 4 Y9 for the (random
parameter) EI process whose law is Q. Recall from Proposition 5.2 that D(X) is a constant. Since Q° is
absolutely continuous with respect to P then D(X) = a® /T + D(Y?). Even if Y? has random parameters,
its jumps are almost surely positive. The remark following Lemmas 5.2 and 5.3 implies that D (Ye) <0
almost surely. Taking expectations we see that

D(X) =E(D(X)) =E(a/T) +E(D(v?)) <E(a®/T) - —e
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as @ — —oo, since E(a? /T) — —eo by Proposition 5.4. O

Proof of Theorem 5.1. As before, assume that & = 0 and focus only on the statement D(X) = —eo, since
we can at the end apply it to —X. Write X = XP? + X", where X7?® and X"¢ are independent extremal
EI processes with parameters (0,5, 37°%) and (0,0, B"¢8), where BP°¢ are the positive terms of  and "8
the negative ones. We have proved Theorem 5.1 for X??® and for X"“ if they are of infinite variation. If
one of them is of finite variation, then the other one must be of infinite variation, and then Theorem 5.1
holds for X. Hence, we can assume that both X7% and X"¢® are of infinite variation.

But then, there exists a random sequence Ty | O such that X;:g /T, — —oo thanks to Theorem 5.1 for
spectrally negative EI processes (just proved). Since (7%) is independent of X7, we can apply Lemmas
5.2 and 5.3 to conclude that liminkaﬁos /T < 0. We conclude that D(X) < liminfy X7, /T = —oo. H

5.4 Further applications

We now move on to the applications of Theorem 5.1, which were stated as Theorems 5.2, 5.3 and 5.4.
We already mentioned that Theorem 5.3 follows from the same arguments as in [CUB15] once we have
Theorem 5.1. Again, it suffices to prove the theorems for extremal EI processes.

5.4.1 An extension of Millar’s zero-one law at the minimum

To prove Theorem 5.2, we will use a representation of the post-minimum process associated to an EI
process found in [Ber93], which is now recalled.

Let X be an extremal EI process with parameters (@, o, 3); according to [Kal05, Ch. 2], such a process
is a semimartingale. Let T = sup{r € [0,1] : X; = X; AX,_} be the time of the ultimate infimum. Define
the post-infimum process g as

Xew—X, t<1-71

g(t):{’r t>1-1,

(where T is a cemetery state) and the reversed pre-infimum process {K as

X(T_[)_ _Xl <71

K(QZ{T B r>T.

We introduce two processes X T and X+ as in [Ber93]. Since X is a semimartingale, it has a semimartingale
local time at zero, denote this by L; this local time is actually zero unless ¢ > 0 in which case

o? [t
Li=lim— | 1 ds.
t 5}1{)128/0 1X,| <e &S

Consider the time spent at (0,00) and (—oo,0] up to time 7 of X, that is

t t
A;f:/ 1y ~ods and A, :/ 1x,<ods,
0 0
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Figure 5.1: The post-infimum and yuxtaposition of the positive excursion processes are depicted in blue. The pre-infimum
and yuxtaposition of the negative excursion processes in green.

and consider also their right-continuous inverses o (¢) = inf{s : AF > t}. It can be seen by a picture, that
using the time change o on X consist on erasing the jumps of X that fall on (—eo,0] and closing up the
gaps (similarly for a™). The process of juxtaposition of the excursions in (0,0) is given by

X't = <X-+ Y [1XY§0XY++1XY>0X{]+L> (o (1)).

0<s<-

We remark that an excursion in (0,0) includes the possible initial positive jump across 0 and excludes
the possible ultimate negative jump across 0. The process of juxtaposition of the excursions in (—eo,0] is
given by

XH(r) = (X- — Y [Mx<oX,h +1x50X, ] —L> (a™ (1))

0<s<-

By establishing a bijection for discrete-time EI processes and passing to the limit, Bertoin obtains the
following result.

Theorem 5.5 (Theorem 3.1 in [Ber93]). Let X be an extremal EI process on [0,1] with parameters
(a,0,B). Then, the following equality in law holds

g é XT Xi

A graphical representation of such equality in law is given in Figure 5.1.

We first establish the following simple result for EI processes.

Lemma 5.4. When X satisfies UM, we have IP’(XUJ. or Xy;— = 0) =0 forevery j € N.
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Proof. From the proof of Lemma 1.2 in [Kni96] we see that UM implies that P(X; =x) = 0 for any
t€(0,1) and x € R. Fix any j € N and define X/ = X; — ;[1y,<; —t]. Since Xy, = B;(1-U) +ij, then

. 1 .
P(Xy, = 0) = ]P(ﬁj(l ~U) +X], = o) - / P(Bju —)+X/ = o) dr = 0.
0
The statement for the left limit follows by time-reversibility. O]

Proof of Theorem 5.2. Let X be an EI process satisfying UM. The previous lemma tells us that X does
not jump into or from 0.
Assume that X is irregular upward. Then, X remains negative up to the time

7, =inf{t > 0:X, > 0},

which is strictly positive. We actually have ‘L'J < 1 since otherwise X would have to jump at time 1, an
event with zero probability. The trajectory of X up to ‘L'0+ might comprise several excursions below zero
and we will be interested in the first one, which ends at the random time

T=min{r>0:X >0} <7 .
Recall the definition of 7 as the time of the last minimum. Let us prove that
0 < AX; almost surely. (5.8)

Note that J
AX; = AX o< AX] = AX,+,

where the equality in distribution holds by Theorem 5.5. Since we do not jump into or from 0, then
AXT(,* = 01if and only if XTJ =0and X is continuous at ‘L'(;r . Assume that AXTJ = 0 has positive probability.
Then the reversed pre-infimum process would hit zero twice (and the process X would hit its infimum
twice); this is impossible under UM. Indeed, note that X = X +on [0,T], and that from the construction of
the pre-minimum process in Theorem 5.5, T has the same distribution as S where

S:inf{t>0:£,:0}:1’—sup{s<’L’:Xt_:)_(l}.

When AXTSr =0, then T > 0 and X7 = 0. Hence, with positive probability, we would have that § < 7 and
Xs_— = X, so that the minimum of X is reached at least twice. The contradiction follows from negating
(5.8), which proves its validity.

Conversely, assume X jumps from its infimum with positive probability. Then equation (5.8) holds
true (though only with positive probability). Since X is continuous at zero, then T(;“ € (0,1), which implies
X is in (—o0,0] on (0,7;). This means X is irregular upward with positive probability; being irregular
upward is a tail event for the uniform random variables defining X, therefore, its probability is zero or
one.

Using similar arguments we can prove X is irregular downward if and only if X jumps into its infimum.

Finally, Theorem 5.1 shows that X is both regular upward and downward when it is of infinite varia-
tion, so that X reaches its minimum continuously. ]
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5.4.2 EI processes conditioned to remain positive

The aim of this subsection is to prove Theorem 5.3. As before, let X be an extremal EI process with
parameters (0,0, 3). Assume that X is both upward and downward regular. Since @ = 0, either X has
infinite activity (3; 15,0 = o) or a Gaussian component (¢ # 0). Otherwise, X would have piecewise
linear trajectories with the same slope ¥'; B;; but then, X would not be either upward or downward regular.
Hence, X satisfies UM; let T be the unique time X reaches its minimum. Theorem 5.2 tells us that X is
continuous at 7. Corollary 3.1 in [CUB15] says that under these hypotheses, the law of X conditioned to
remain above —é& converges weakly to the Vervaat transform of X, given by X, mod 1 — Xp. What was
needed in the above cited corollary were conditions that would allow one to apply it and we have identified
them in terms of regularity of both half-lines. In the particular case when X is of infinite variation,
Theorem 5.1 tells us that X is both upward and downward regular and that therefore, the conclusion of
Theorem 5.3 is satisfied.

The reader might wonder why we had to impose o = 0. The reference [CUB15] has a description of
what could be the limit when o > 0 and 8 = 0 (that is, for a Brownian bridge from 0 to «). The candidate
for a limit is described as a random shift, just as the Vervaat transformation for the case o = 0, but it
needs a bicontinuous family of (non-zero!) local times in its definition. Defining such a process for an
EI process is an open problem; semimartingale local times are only non-zero when ¢ > 0, so a different
approach is needed. Note that a limit theorem is not provided in [CUB15].

5.4.3 The convex minorant of EI processes

Let X be an extremal EI process with parameters (@, o, ). To prove Theorem 5.4, we will rely strongly
on [PUB12]. First, we establish some basic properties of the convex minorant in analogy with [PUB12,
Proposition 1]. They will be fundamental in applying a transformation in Skorohod space, which is
continuous on paths satisfying the conclusion.

Proposition 5.5. Assume that X satisfies NPL and let C be the convex minorant of X. Then
1. The open set 0 = {t € [0,1] : C; < X; ANX,_} has Lebesgue measure 1.
2. For every connected component (g,d) of O, AX;AXy > 0. If X has infinite variation, AXgAXy = 0.
3. If (g1,dy) and (g2,d>) are connected components of O, then

dy — g1 dr— g

The proof of the above proposition is almost the same as the corresponding one in [PUB12]. We just
need to apply different results. For example, the fact that when X has finite variation, D(X) = D(X) = &
(in the parametrization for this case), which is found in [Ber96, Prop. 4, p. 81] for Lévy processes, is now
found in [KalO5, Cor. 3.30, p. 161] for EI processes (we have already used this result). Doblin’s result
that non-piecewise linear Lévy processes have continuous distributions, has a counterpart for EI processes
in [Kni96], which also contains the fact that the minimum is reached in a unique place under NPL (which
implies UM). One also needs our extensions of Millar’s results stated in Theorem 5.2, as well as the fact
that

Xu,+1 — Xy,

t—0+ t

Y
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at any jump time U; of X. This follows from 5.1 applied to (X; — Bi[ly,<: —1]).
To prove Theorem 5.4, we will use the following path transformation that leaves the laws of EI pro-
cesses invariant.

Theorem 5.6. Let X be an extremal EI process of parameters (., 0, B) satisfying NPL. Define its convex
minorant C and the open set of excursion intervals O as before. Let U be a uniform random variable on
(0,1) independent of X and consider the connected component (d,g) of O that contains U. Define the
3214 transformation XY of X by means of

Xu+t —Xu, 0<t<d-U
XtU: Cd_Cg+Xg+t—(d+U)_XU d—UﬁtSd—g.

Cd_Cg+Xt—(d—g) d—g§t<d

X; d<t<1

Then, (U,X) % (d—g,XY).

Remark that U belongs almost surely to &, since the latter has Lebesgue measure 1 by Proposition
5.5.

The above path transformation can be understood as follows: the random variable U is used to select
a face of the convex minorant of X, with endpoints g and d. This divides the trajectory into 4 parts,
say 1,2,3 and 4 which are then rearranged as 3,2,1,4. Parts 1 and 4 have the same convex minorant as
X, with the selected face removed. Parts 3 and 2 are interpreted as an inverse Vervaat transformation;
the original trajectory 2 and 3 can be obtained as the Vervaat transform of the Knight bridge of XV on
[0,d — g]. One of the consequences is that d — g has the same law as U, which is a remarkable universality
result for exchangeable increment processes and is responsible for the stick-breaking process of Theorem
5.4. Indeed, we just need to iterate the path transformation on parts 1 and 4 of the trajectory of XY.
Therefore, Theorem 5.4 follows from Theorem 5.6, whose proof we now sketch, being very similar to the
proof for Lévy processes of [PUB12]. It is based on an analogous path transformation for discrete time EI
processes stated in [AP11, Theorem 8.1] or [APRUB1 1, Lemma 7]; the proof of the latter is by means of a
bijection between permutations. To pass to the limit, one uses the continuity of the path transformation, on
Skorohod space, whenever the trajectory satisfies the basic properties of Proposition 5.5, see Section 6.3
of [PUB12]. Continuity of the path transformation is mucho more simple when X is of infinite variation
since then X is continuous at g and d. See Section 6.2 of [PUB12].

We end the chapter with an explanation of the distributional description of the maximum (or minimum,
after multiplication by —1) of an EI process, which in discrete time is displayed in Equation (5.2), and
how it proves the celebrated formula due to M. Kac, which in discrete time is Equation (5.1). Indeed, note
that the infimum X of X on [0, 1] is the sum of the increments of the convex minorant that are negative.
Thanks to Theorem 5.4, this gives us the equality in law

X < Z [XSi _XSi—l} e

1

Next, conditioning on the stick-breaking process L, we see that

£ ~2( £y -35.]7) - ER0S-15))

i
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where f(r,s) = E([X; —X,]”) for r < s. However, exchangeability implies that f(r,s) = f(0,s —r), so
that

(X)) = Y E(s(L))

where g(I) = f(0,1). Finally, recall that the uniform stick-breaking process is invariant under size-biased
permutations. Indeed, it is itself a size-biased permutation of a non-decreasing sequence; cf. [Pit95,
Corollaries 7 and 8] or the following comment from [Pit06, p. 57]: [The uniform stick-breaking process]
has the same distribution as the size-biased permutation of the jumps of the Dirichlet process/...]. In
particular, if conditionally on L, the index [ has the law

P(I =i|L) = L;,
then L; 4 L;. Hence, we obtain that for any 4: [0,1] — R_,
1
E (Zh(L,)L,-) _ E(h(L;)) = E(h(L))) = /O h(s)ds.
i
Applying the above result to h(l) = g(1)/1 gives

s = [ B0




APPENDIX

This appendix contributes with results and proofs of Section 3.6 and Chapter 4, about the convergence of
CGW trees with Pareto offspring distribution, and cMGW forests.

Regularly Varying Functions.

We give a brief review of functions of regular and slowly variation.

Definition 5.4 (Slowly varying function). A positive measurable function L : R, — R, is said to be
slowly varying at oo if L(x) > O for x large enough, and for all A > 0

L(Ax)

— 1 — oo,
L(x) *

In this case, we write L € SV

Definition 5.5 (Regularly varying function). A measurable function f > 0 such that

f(Ax)
w0

is called regularly varying of index p. In this case, we write f € RV (p).

x—o00, VYA >0,

The Characterization Theorem (see Theorem 1.4.1 of [BGT89]), says that any measurable positive
function f is regularly varying iff f(x) = xPL(x), where L € SV.

A subset A C Z is said to be lattice if there exists a € Z and an integer b > 2 such that A C a+bZ. A
measure on Z is said to be lattice if its support is lattice.

Domains of attraction.

Assume X1,X5,... are i.i.d. variables with distribution F', and let G be a distribution not concentrated at
one point

Definition 5.6. The distribution F belongs to the domain of attraction of G if there exists constants a, > 0
and by, such that the distribution of (X, + -+ X,)/an — by, tends to G.,

For x > 0 define

v = [ PFay).

—X

An alternative form of the definition is given in Theorem 9.34 of [Bre92].
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Theorem 5.7. A distribution F belongs to the domain of attraction of the normal distribution iff U € SV.
It belongs to the domain of attraction of a stable law with exponent o € (0,1) (F € DA(«) for short) iff
there are constants M M~ >0, M™ +M~ > 0 such that as x — o

F(—x) M~
1-F(x) M’

and I
— t
MT>0 = limJ:t‘“
1—-F(x)

M >0 — limF(_tx) —t @
F(—x)

In our case, the conditions py > 0, and (py,x > 0) being critical and aperiodic imply that (py,x > 0)
is non-lattice. Let g denote the density of Xj, the a-stable process at time one. The following version of
the local limit theorem can be found in [Kor13].

Theorem 5.8 (Local Limit Theorem). Let W be a random walk on Z started at zero, with jump distribution
in the domain of attraction of an Q-stable law, with o € (1,2]. Suppose the law of W(1) is critical, non-
lattice, and W (1) takes values on {—1,0,1,2,...,}. Then,

limsup |a,P(W(n) =k) — g(k/a,)| =0,
" keZ

where a, = n'/*L(n) and L is a slowly varying function.
The following result is given in IX.8, page 312 of [Fel71].

Theorem 5.9. A distribution F with support on R belongs to some domain of attraction iff there exists
Ly € SV such that

U(x) := /0 Y F(dy) =x*"%Ly(x)  x— oo, (5.9
with 0 < a < 2.

In fact, from (8.5) page 313 of [Fel71], Equation (5.9) is equivalent to

x*(1—F(x)) . 2—a
p(x) o

3 (5.10)

in the sense that the two relations imply each other. The next is Theorem 1.5.11.11 of [BGT89].

Theorem 5.10 (Karamata’s Theorem, direct half). For some p € R, let f € RV(p) be bounded in each
compact subset of R.. Then, for any 6 < —(p +1)

x6+1f(x)

Ji 1o f(e)dt

Using the previous results, we prove the following lemma of Subsection 3.6.2.

——(c+p+1) x— oo
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Proof of Lemma 3.13. From Theorem 3.3 applied to the triangular array (&(j)/a,,j € [n]), with &(})
having law u, we have for some constant ¢ > 0

L L
e = HmnP(E(j) > apx) = limnpt((ay,o0)) = “lim "0 () — Xl LE;(”’:)),

hence the limit on the right-hand side is finite.
Consider the array (&(j)/an, j € [by]). This has terms in the sum that are uniformly infinitesimal,
because

— 0.

. = L(aye) . L(aye) ay
11’?1;161@)5?(5( J)/an > £> —hmu((ane o)) —ch’£nn1 arg () —ch’gn La(n) 1

Therefore, for any x > 0 we have

= (a—1)x'"%

L . L]—Ot
lm b, f((a,%.9)) = lim = (a,)! L () = '~ i 2L 70
n n ay n La(l’l>

On the other hand, from Theorem 5.9, we have ¢f = 2= (x), for some Ls € SV. This, together
with (5.10) implies the convergence

(an€)* i ((ane,)) _ (an€)?(ane)'"*L(aye)  L(aye) 3—a

= = — .
Var(é(l)lg(l)gang) (@2€)> Lo (aye) Lo(ane)  o—1
Therefore L) Liae)
£ £ _ 3—alolan€) Llan€ 3—o 1
orn/an = VarE (Dl y,e) =€ " Tr Taty = €.

as n — oo for some constant ¢, . The above quantity goes to zero as € |, 0. Since the variance is bounded

by the second moment, the second condition of the theorem holds. To prove the last condition, note that

Ly (hay)
Ly(n) ’

which is bounded by a constant. O]

E(E(1)/an (D) < hay) = Z5(hay)* " Ly(hay) =

Convergence of the normalized empirical degree sequence of CGW trees with offspring distribution
in DA

We prove Lemma 4.8, that is, the normalized empirical degree sequence of a CGW tree with offspring
distribution in DA(), for & € (1,2), converges to the offspring distribution.

Proof of Lemma 4.8. Let us prove that fIl; — u; in probability for all i. Let W be the DFW associated to
the tree T under Pﬁ (so, 1s an excursion of size n). Define the skip-free random walk S, with increments
AS; = X;, So = 0 and distribution

P(Xlzi):[.ti+1 i>—1.

Then W 4 (5 |T_; = n) under ]P’Z, where T_; is the first time the walk S hits —1.
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Let K = (K;;i > 0), where K; = #{k : X; = i — 1} is the number of increments having size i — 1. Using
the empirical degree distribution (4.8), for B C N* we compute

P4 ((A;i > 0) € B) =Py (#{k: AW, =i— 1} € B;,i > 0| |T| = n)
=P(K€B|T_| =n)
=P (K €B|S,=-1),

where in the last inequality we used the rotation principle (see Chapter 6 of [Pit06] for the Kemperman’s
formula, and also Proposition 2 of [BK00] and the commentaries before it).
Let .7, be the c-algebra generated by the first k increments of S. We need to prove that for all
Be .7 |n/2)
P(B|S, = —1) < cP(B) (5.11)

as inequality (24), in Lemma 11 of [BM14b]. The proof follows the same lines as the mentioned paper,
but for the local limit theorems, we use Theorem 1 and Lemma 1 of [Korl3].
As in Lemma 11 of [BM14b], for all B € 7|,

P(Sn-nj2) = =1 =)
P(S,=-1)

P(BIS, = —1) = Y P(B,S|n2) =)
k

We bound the numerator and denominator by a constant, and sum over all k. For the numerator, we use
Theorem 1 of [Kor13]. For the denominator we use Lemma 1 of the same paper. Thus Equation (5.11) is
true. This says that there exists ¢; > 0, such that for n big enough

SUP]P’( 2] = k) <ct/by_np)-

For the denominator we use Lemma 1 of [Kor13], so for all € € (0,1) there exists M € N and ¢; > 0

such that for all n > M we have
c(l—¢€ ~
Z(b—n) <P(S,=-1).

Then, for n big enough we can find ¢ > 0 such that

SUpeP (S oo} = =1 k) _
P(S,=-1) -

and (5.11) is true. The proof that fI; — y; in probability is the same as in Lemma 11 of [BM14b]. We
work with the random walk § and use equation (5.11) to translate the results for the bridge. For i > 0, let

D — #{k < |n/2] : X; = i— 1} be the number of increments of (Xi,..., X, /,|) which are equal to i — 1.
Notice that this random variables are .%|,, ;| measurable. Then

1 (]) 1 [n/2]
WZJKI. /2] Z Iy i —»PXi=i-1)=pu,

by the strong law of large numbers.
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If we define
KY =#{ke{|n/2]+1,...n} : R =i—1},
and the cyclic permutation o that exchanges the first [n/2 | elements of [n] with the last n — [n/2], then

n

1 (2) 1
2N e Ly, e T

Let € > 0, and let
(1) (2)

L n |nf2]7 n  n—|n/2|

Notice that Kl.(j " u;/2 for j = 1,2 in probability under P(-|S, = —1). Using triangle inequality, as
Ki/n=K"" 4+ K*") then
P(|Ki/n— w| > €|X, = —1)
< cIP’(]Ki(l’") — /2| > £/2> +c]P’(|Ki(2’") — /2> e/z)
— 0.
0

Let M" have a multidimensional distribution with parameters n and U, {11, . ... We know that rescaling
any component j by n converges a.s. to i, thanks to the strong law of large numbers. We now prove that
this convergence holds also uniformly in ;.

Lemma 5.5. Consider any positive € and a distribution (W;,i > 0). Then, there exists N € N such that
for any n > N and any j, the vector M" = (Nj,NY,...) with multinomial distribution having parameters
n and Ug, Uy, ... satisfies

Ny
Ly

n

<e.

Proof. Define p; = Zé U;. The multinomial distribution can be obtained from a sequence of i.i.d. uniform
variables (U;,i € [n]) as

n
N;? = #{i :U; € [pj,PjH)} = Zli:UiE[PjanH)'
1
Hence we have ;
Y N! _ Yilivi<p;,,

n n
The Glivenko-Cantelli theorem implies the convergence of the empirical distribution of the U;’s, hence

Yo (N7 —nu;) _

— )

sup

j n

for every n big enough. Using this inequality for j and for j — 1 we obtain

n
—€+pj—€—-pj1=< 7] SE+piteE—pj1,

for every n big enough and every ;. O]



GLOSSARY AND LIST OF SYMBOLS

N=1{1,2,...,}
Z.=1{0,12,..}
[n]o:=1{0,...,n}
[n]:={1,...,n}

{0,2,...,n} =2[n/2]o

{2,...,n} =2[n/2]

E(X;A) =E(X1,)

W={xcR?: x| <--- < x4}, the Weyl chamber

A(x) = [Ti<i< j<qa(xj — xi), the Vandermonde determinant for x = (xp,...,xg) € W
X*, the time-reversed process of X on [n], thatis X" = X,, — X,,_; for 0 <i <n
max{Y;,i € .#} = (max{Y;',i € .#}, max{Y?,i € .#}) given any index set .¥ C Z,

Y, =max{Y;,0<j<n}
Y, :min{Yj7O <Jj< n}
Y, =max{Y;,1 <j<n}

gn:min{Yj,l <j<n}

Y,V ()’10’2) = (Ynl \/ylaynz \/yZ)

Strict ascending ladder times: for a discrete-time process X those are the times of new maximums
op =0, and o; = inf{n > 0;_; : X, > X, , }. The strict descending ladder times of a process, are the
times of new minimums.

Jiy1 = min {n >Ji: 7]:1,1 <YK k= 1,2} for i > 0 and Jp = 0O, are the times in common among the
strict ascending ladder times of Y! and Y2.

(Bn,n > 0) is the ordered union of the strict descending ladder times of Y'! and Y2, with By = 1, that
is, the ordered union of ( [5}‘, j € N), the strict descending ladder times of Y*

e; vector of zeros, except a one at position i.
SP£(t) = f(at)/b for f a function from R to R, and positive a, b.
|T| size of the tree T.
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BFO, BFW are the breadth-first order and breadth-first walk of a tree
DFO, DFW are the depth-first order and depth-first walk of a tree

T (u) is the subtree generated by u, a vertex in the tree T, that is, the subtree with root « and individuals
all the descendants of u

Ps is the law of a uniform tree with given degree sequence s

Zs,, Cs, and W are the profile, the cumulative profile and the BFW of a tree with law P, respectively.
The BFW of such tree satisfies W, (0) = 1

Z,, satisfies Z, (j+ 1) = W, o C, () for every j > 0, and is also called the Lamperti transform of Wj,
Cs, (k) = YE Z, (j) for k > 0, and is extended to R, by linear interpolation

an = sp/ by, is the spacial scaling of the profile

by, is the spacial scaling of the BFW

X" = Sf,’stn the rescaled BFW

C" is defined as follows: C"(0) = 0, and for i > 0 and ¢ € [t;,;11), with t; = i/ay,, write

C'(t) = /O X 0 C"([antt] Jan)du = CM (1) + (t — 1) X" 0 C"(1).

Z" = D, C" the right-hand derivative of C"

C is the cumulative Lamperti transform of X, that is, the unique solution to D C = X oC. This solution
is positive on R if not the zero function

Z=XoC

Ao+ =inf{t >0:CNt) >0}

Are =inf{t > 0:C'(t) > €}

1() = fyds/X,

1(b)—1(a) = [Pds/X, forany 0 <a < b < 1

inf{t >0:CMt) > -} =1")=A+1(")

Arg = A”(”Uf))veﬂ(ﬂ(k)) and .‘/\k,l_'gk = An(ll(k)),l—en(,2<k)) are defined in page 73, the deterministic sub-
sequences appearing here are given in Lemma 3.5

() = Ay,

2% = | Lag, | forany A >0

T tree defined in Proposition 3.9. For any tree T coded in DFO by w, u € {2,...,|T|} and h € N,
it is defined as the tree coded by the BFW 1, using the transformation ®;, ,(w) (which is defined before
Lemma 3.6)

|T' (v)|(h1,h,) the number of individuals in 7'(v) having height 4 € {hy,...,hy} in the tree T
|T(v)|(h1) the number of individuals in T'(v) up to height 4, in the tree T
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h(vi;1/2) = inf{h > h(ve) - [w(vi) [(R) = [T (vi)[ /2}
h(vi,1/4) = inf{h > h(vi;1/2) - [g (i) [(A(vi, 1/2) +1,h) = [ (vi) [ /4}

DA(«), a distribution belongs to the domain of attraction of a stable law of index a, see Definition
1.4

Q-process is the profile of the infinite size-biased tree. It is denoted by Z

Skip-free random chain is a path x : Z, — Z with increments on {—1,0,1,2,...}, it is also called
downward skip-free chain

Sq 1s given in Definition 4.2

]Fflg"e set of plane d-type forests having r = (ry,...,74) roots and n = (ny,...,ny) vertices of each
type
]Flrf‘ﬁ"led set of labeled d-type forests having r = (rq,...,ry) roots and n = (ny,...,ny) vertices of each

type. Our labeled multitype forests have labels on [n], that is, for F € IFlrf’geled , each individual v has a
unique label i € [n] and a type cr(v) € [d]; also, F has fixed root set [r], that is, the r| type 1 roots have
labels on {1,...,r}, the r; type 2 roots have labels on {r; +1,...,r; + 12}, and so on

]Flr’fﬁary set of plane binary d-type forests having r = (ry,...,ry) roots and n = (ny,...,ng) vertices of
each type. In this case vertices have either zero or two children, for each type.

B*™ set of bridges finishing at —m (skip-free paths) at time s

[E*™ set of excursions finishing at —m at time s

S = (N;,i > 0) degree sequence, that is a sequence of non-negative numbers such that Y’ N; = 1 + Y iN;

Bg set of bridges finishing at —m and with N; increments of size i — 1, for each

[Eg set of excursions finishing at —m and with »; increments of size i — 1, for each i

Fg set of plane forests with degree sequence S

Bs r set of d x d bridges, where wff i finishes at k; j = Y kN; j(k) —n;1;—j, and with N; ;(k) increments
of size k— 1, for each i, j € [d] and k

s set of multitype plane forests with degree sequence S, root-type r and individuals-type n
F subtree of type i of the multitype forest F
0, (y) is the n-cyclical permutation of the vector y with length n at the point g

0¢.n(x) is the n-cyclical permutation of x, that is, each component x\ is cyclically permuted using
94:'7"1'
V (w", 1) Multidimensional Vervaat Transform (see Definition 4.5)

Bg r set of paths wf{ j» the latter having increments c; j o 0;, j(1) =1, with [ € [n;], c the child sequence
of S, and for every permutation o; ; of [n;]

s r set of multitype plane forests with degree sequence S, root-type r and individuals-type n
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An,r)={K = (kij) kij>0fori# j,0< Zk,‘j <nj—rj—kj;= rj—i-Zkij,Vj € [d]},
i#J i#]j

and the notation } g (,, ) means the summation over all k;; with i, j € [d] and i # j, such that K = (k;;) €
A(n,r). For fixed j € [d] define

Aj(n,r) = {K’ = (kij,...,kq;)  kij > O forl # j,0 < Y kij<nj—rj},
I#]

and the notation Y xjea;(nr

(k]j,...,kdj) EAj(n,r)

— ; . ll J— 1 l7l
n; = min{n :x; = ming<g<p, X, }

) means the summation over all k;; with [ € [d] and [ # j, such that K/ =

ki — . ii i
i = —MINo<p<n, Xn = —Xp;

Admissible breadth-first pair, a pair of cadlag functions (f,g) such that f has no negative jumps, g is
non-decreasing and f(0) +g(0) >0

IVPs(f,g): Consider an admissible breadth-first pair (f,g) and ¢ > 0. For the partition #; = ic with
i >0, let ¢° the function defined by ¢®(0) = 0 and

cO(t) =)+ (1 =) [foc () +gt)]" 6 <t<ty.

Equivalently, the function ¢ is the unique solution of

@)= [roc(ls/o)o) +8(ls/o)0)]) ds

IVP(f,g): Consider (f,g) an admissible breadth-first pair. The initial value problem, denoted by
IVP(f,g) is defined as
Dic=foc+g and ¢(0)=0.

If g =0, we simply write IVP(f), and if 6 = 0 in the previous definition, we write IVPy(f,g) =IVP(f,g)

Dini derivative: for any function f : Ry — R we define the upper and lower right-hand Dini derivatives
of fattr € Rby

limsup (f(r+h)— f(¢)) /h and l}ilminf(f(t—l-h) — f(t)) /h,
h—0+ —0+

respectively. If & — 0— then the above are the left-hand Dini derivatives.

A function f is said to be of bounded variation on an interval [a,b] C R if its total variation is finite,
that is

npfl

sup Y |f(xi1) — fxi)] <o,

Pe®

where the supremum is taken over all the partitions {xo, ..., X, } of [a,b] satisfying x; < x; 11 for 0 <i <
np—1
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A function f is said to be of infinite variation if its total variation is infinite

Extremal exchangeable increments process: an exchangeable increment process with deterministic
characteristics (o, 0, 3)

p =inf{r: X; ANX,— = X, } for an EI process on [0, 1]
V(X) =X_p mod 1 the Vervaat transform of an EI process X with o = 0
& post-infimum process

g reversed pre-infimum process

X7 process of juxtaposition of the excursions of X in (0, o)

X* process of juxtaposition of the excursions of X in (—o0,0]
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